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1. Introduction

In the long tradition of analyzing the performance of asset managers, a central focus has been
determining whether asset managers have sufficient skill to deliver reliably positive risk-adjusted
returns or if the positive alphas observed result from luck alone. Empirical evidence from
developed fund markets, like the US, mainly supports the latter argument (e.g., Fama and French,
2010). In this paper, we analyze whether less developed markets display similar characteristics in
their alpha distribution.

We investigate this issue in the Chinese fund market and expect to find a different distribution of
alphas than that observed in developed markets. The institutional setting in the Chinese market is
different from developed markets because institutional investors, on aggregate, hold a lower share of
Chinese stocks than retail investors (see, for example, Kutan et al., 2018). In addition, Titman et al.
(2021) report that almost 90% of the daily trading volume of China’s stock market comes from retail
investors. This makes the Chinese stock market less efficient and provides stock selection
opportunities for investors with better investment skills (see Deng and Xu, 2014).

We argue that local fund managers in China should generate a higher alpha than their foreign
competitors when investing in Chinese equities. Underlying this argument is the notion that Chinese
asset managers have better access to information than foreign investors, given that there are more
formal and informal barriers to information in the Chinese stock market compared to the US (see, e.g.,
Seddighi and Nian, 2004, Fifield and Jetty, 2008). A simple example of this is evident in the recent
study by Corbet et al. (2020). The authors posit that domestic investors in China recognized the severity
of the Covid-19 pandemic at a much earlier stage due to their local proximity to the initial outbreak.
This timely realization on the part of local participants allowed them to react to the inevitable market
correction well ahead of foreign investors, ultimately leading to better overall performance.

There are additional reasons why geographic proximity to an investee company may be beneficial.
In general, local investors and analysts should have a local information advantage (Malloy, 2005).
Foreign managers are disadvantaged since they are less familiar with laws, regulations and cultural
issues than locals (e.g., Chan et al., 2005). Geographical distance can act as a barrier to cultural
exchange (e.g., Portes and Rey, 2005). Ownership at a distance also leads to higher costs for analyzing
and monitoring an investee company (e.g., Ayers et al., 2011). Local investors’ closer geographic
proximity should, therefore, enable them to perform better. Chung et al. (2021) provides empirical
support for this hypothesis. They demonstrate that ownership by Chinese institutional investors
predicts a higher stock return than US ownership. Also, some Chinese companies have issued different
classes of shares (i.e., A-shares and H-shares) and there have been regulatory restrictions for foreigner
to invest in A-shares. Although some of these restrictions have been removed in the past (e.g., Li et
al., 2015) Chinese and foreign managers might still have a different universe of investable securities.
The correlation between geographical proximity and performance related to institutional ownership is
a widespread phenomenon. Ferreira et al. (2017) find similar results for a sample of 32 countries, and
Wagner and Margaritis (2017) provide evidence for emerging market fund managers.

While these impacts of geographical proximity, information asymmetries, familiarity with laws
and regulations and lower monitoring costs should apply to the entire mutual fund market, we suspect
that they may be more pronounced in specific market segments, such as those with particular size- or
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value-based investment styles. The rationale here is that obtaining valuable information on small- or
mid-cap Chinese stocks could be more challenging than for large-cap companies. Additionally, foreign
investors might have concerns about investor protection issues and governance problems in Chinese
small- or mid-cap companies. Leuz et al. (2008) document that governance issues are one reason why
non-domestic investors invest less effectively abroad than in their home markets. Furthermore, the
identification of value stocks requires in-depth knowledge of the Chinese accounting system because
valuation ratios are often derived by relating the market price to accounting data, such as the book
value of equity (Fama and French, 1993).

In contrast, picking winners in the large-cap and growth domains is more difficult because there
is more information competition for large-cap stocks (i.e., greater analyst coverage), and identifying
winners across growth stocks is challenging since empirical research shows that growth is difficult to
forecast in general (e.g., Cochrane, 2011). The distribution of risk-adjusted alphas in different
investment styles has yet to be thoroughly investigated. Agyei-Ampomah et al. (2015) make one of
the few contributions to this research area, providing support for paying particular attention to stock
size and value. Their results indicate that between 1990 and 2011, there was more skill exhibited by
US funds focused on small and mid-cap companies than among funds focused on large caps and more
skill in value-oriented than growth funds. For emerging markets, Wagner and Magaritis (2017)
document that managers of growth funds seem to add value.

The main contribution of this paper is our analysis of the distribution of risk-adjusted alphas in
the Chinese market, with particular attention to domestic or local fund managers in two market
segments: small- and mid-cap versus large-cap and value versus growth stocks. We analyze these
questions using the bootstrap methodology introduced by Kosowski et al. (2006) and further
developed by Fama and French (2010) and others. Our main result supports the hypothesis that, in
China, the group comprising local fund managers contains a larger proportion of fund managers
providing risk-adjusted returns than the group comprising foreign managers. The distribution of
alphas (net of fees) for foreign fund managers, however, seems not dissimilar from the luck
distribution. With respect to fund managers in the small- and mid-cap and value domains, we find
that the difference in alphas between local and foreign managers is substantial.

Our findings thus contribute to the literature in three main ways. First, our results suggest that the
distribution of alphas among fund managers in developing mutual fund markets with potential
information asymmetries appears to differ from that of developed markets like the US. Studies on the
US mutual fund market mainly indicate that alphas are distributed with a mean of zero (below zero)
before (after) costs and the distribution is indistinguishable from one generated by luck alone.
Consequently, the presence of skill in a developed mutual fund market lacks robust data support.
However, the results for the Chinese mutual fund market imply that fund managers can achieve a
positive alpha after costs. Second, the domicile of the manager’s company is simply a priori
information that helps differentiate managers with higher alphas from those with lower alphas. We
find that local fund managers achieve a substantially higher alpha than foreign ones. A retail investor
seeking to buy a mutual fund in the Chinese market can benefit from this information. Third, our results
suggest that managers of small and mid-cap, as well as value funds, particularly those who are local,
constitute a larger proportion of positive alphas than managers of other funds.
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The remainder of this paper is organized as follows. In Section 2, we review the literature. In
Section 3, we briefly introduce the methodology. In Section 4, we describe the dataset and present our
main results. Section 5 contains a discussion of our findings. In Section 6, we conclude.

2. Literature review and hypothesis development

The analysis of whether asset managers possess stock selection skills can be traced back to Jensen
(1968), who proposed a regression approach relating a fund’s excess returns to those of the market.
Additional factors were subsequently included in the regression, such as size, value and momentum,
as in Carhart (1997). However, observing significant alphas in these regressions does not prove the
existence of stock selection skills. The significant alphas of some fund managers could be purely due
to luck. Therefore, to draw (statistical) inferences about whether the proportion of significant alphas
within a group of fund managers is greater than what would be expected by pure luck, the distribution
of alphas and their corresponding t-statistics must be analyzed.!

This idea is formalized by Kosowski et al. (2006), who compare two distributions of the funds’
alpha t-statistics. The actual distribution of these t-statistics in the US mutual fund market is
compared with the “luck” distribution obtained by a bootstrap methodology. Two major
improvements of the bootstrap approach are introduced by Fama and French (2010). The authors
enhance the bootstrap methodology by randomly sampling the entire cross-section, allowing them
to consider the cross-correlation of fund returns, while Kosowski et al. (2006) bootstrapped the data
fund by fund.2 Fama and French (2010) expand the luck versus skill® analysis with their injected
alpha method, described in greater detail below. Their main conclusion is that, in the US equity fund
market, the actual distribution of alphas is not significantly different from one based on luck. Other
developed markets like Germany (e.g., Cuthbertson and Nitzsche, 2013), Japan (e.g., Pilbeam and
Preston, 2019) or the UK (e.g., Blake et al., 2017) provide further support for this conclusion.

However, the evidence from emerging markets is mixed. Suh and Hong (2011) analyze the
Korean mutual fund market and find that about 60% of all active managers demonstrated actual skill.
Parshakov (2014) applies a bootstrap methodology to the Russian mutual fund market, finding little
evidence of skill. In the Chinese market, which is the focus here, the evidence is also mixed. While the
newly developed methodology of Cornell et al. (2020) suggests that Chinese fund managers have

L1t’s important to note that Berk and van Binsbergen (2015) argue that alpha, as a measure of skill, might not be suitable.
Instead, they suggest using alpha multiplied by the assets managed by fund managers.

2 Recently, Harvey and Liu (2020) proposed a double-bootstrap method that allows us to address the trade-off between
Type | and Type Il statistical errors of the alpha estimate simultaneously, whereas the method of Fama and French (2010)
primarily controls Type | error. In other words, Harvey and Liu’s method enables the reduction of one error type while
increasing the alternative error type. We follow Fama and French since their approach should result in fewer Type | errors.
3 Fama and French (2010) classify a distribution of risk-adjusted alphas with a positive mean as indicative of skill. In the
introduction, we argued that positive alphas can arise from asymmetric information or differing access to securities between
Chinese and foreign managers. In such scenarios, a positive alpha doesn’t necessarily reflect skill. Consistent with Fama
and French (2010), we also employ the term “skill” when a distribution of alphas exhibits a positive mean. We thank an
anonymous referee for clarifying this point.
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investment skills, standard regression approaches Carhart (1997) provide mixed evidence for the skill
hypothesis. For example, the results of Kiymaz (2015) and Rao et al. (2018) support the notion that
Chinese fund managers are skillful, while the analysis of Gao et al. (2020) finds no evidence of
investment skills.

The evidence from the bootstrap methodology is also mixed. Yang and Lui (2017) use Fama and
French’s (2010) bootstrap methodology to analyze 773 Chinese mutual funds for the period 2002 to
2013. They find that only a few funds can outperform their value-weighted market portfolio and
subsequently conclude that this number is too small to support the presence of skill. Gao et al. (2021)
support this position on skill among investment managers. In contrast, Koutmos et al. (2020) analyze
data for the period 2007 to 2015, finding that around 7% of all funds exhibited skill while only 0.2%
were unskilled. Given that relatively unskilled retail investors dominate the trading of Chinese stocks
in the local stock market (see Titman et al., 2021), this provides opportunities for investors with better
investment skills (see Deng and Xu, 2014). Therefore, we re-examine the positive alpha hypothesis as
hypothesis 1: Fund managers in the Chinese mutual fund market display a significant level of positive
risk-adjusted alphas.

Most of the fund-return studies analyze investment skills in the total cross-section of all fund
managers. However, they usually do not ask whether different groups of fund managers exhibit
different levels of alphas, which may explain the mixed evidence on risk-adjusted performance
measures discussed above. We have argued in the introduction that several factors potentially favor
local over foreign managers (e.g., information advantages, familiarity with law and regulation,
geographical proximity to investee firms, different access to stocks and effective monitoring of local
companies). However, there are also potential arguments why foreign fund managers may have
superior investment skills. If a foreign institution has, for example, better information processing
abilities due to better general investment experience or better-educated employees (Grinblatt and
Keloharju, 2000), it might be expected to outperform domestic investors. However, we suspect that
these factors are of minor relevance and not easily applicable in the Chinese market, given the
importance of political influence with the government and social networks within the country (e.g.,
Liang et al., 2021). This leads to hypothesis 2: Local fund managers exhibit a higher level of alpha
than foreign managers.

Information asymmetry makes it challenging for foreign fund managers to validate the limited
available data in general, but it is likely that this asymmetry will have a more significant effect in some
market segments. For small- and mid-cap stocks, information is harder to obtain than for large-cap
companies since competition for information in the large-cap segment is higher (e.g., there is more
analyst coverage). Therefore, we conjecture that there is a distinct difference in the distribution of
alphas in the small- and mid-cap domain between domestic and foreign asset managers. We analyze
the disparities observed in this domain and the large-cap segment by testing hypothesis 3: The
proportion of local small and mid-cap fund managers exhibiting a positive alpha is greater than that of
foreign managers.

In general, emerging markets are relatively new to foreign investors and harder to access (e.g.,
Fifield and Jetty, 2008). This is particularly true for the Chinese market since foreign investors are less
familiar with laws and regulations, such as those pertaining to the accounting system (e.g., Chan et al.,
2005). Investment strategies that require such specific knowledge might be differently affected by a
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fund manager’s potential skill. We suspect that value strategies are particularly impacted by these
potential skills since valuation ratios usually relate the market value of a company to a fundamental
value derived from accounting variables. We assess the value versus growth investment style by testing
hypothesis 4: Local value managers exhibit a larger share of positive alphas than foreign managers.

3. Materials and methods
3.1. Bootstrap methodology

To distinguish luck from skill in the cross-section of fund managers, we use the bootstrap
methodology introduced by Fama and French (2010). This approach compares the actual distribution
of skill (measured by alpha) with a corresponding luck distribution. We estimate a fund’s alpha and its
associated t-value using the five-factor model in Fama and French (2015):

R; — Ry = a; + By(Ryue — Ry) + B2SMB + BsHML + B,RMW + BsCMA + g 1)

where,* R; is the monthly return of fund i; Ry is the risk-free rate; a is the alpha of fund i; R, is the
monthly return of the market portfolio; SMB is the monthly return of the size-factor portfolio; HML is
the monthly return of the value-factor portfolio; RMW is the monthly return of the quality factor
portfolio; CMA is the monthly return of the investment factor portfolio; and «; is the residual term.
The luck distribution is generated by assuming that each mutual fund’s performance can be
attributed to luck alone. That is, the true alpha is set at zero by subtracting the funds’ individual alphas
from their respective monthly returns. The luck distribution can then be calculated in terms of net and
gross returns. Setting the true alpha at zero for net returns implies that, on average, all managers are
capable of covering their entire costs (i.e., management fees). For gross returns, setting the true alpha
at zero indicates that managers, on average, only possess enough skill to cover costs not included in
the management fees (Fama and French, 2010). In our empirical analysis, we focus on net returns.
After subtracting the alpha from the respective monthly fund returns, the final part of the bootstrap
approach comprises four steps:
1. A new return series is constructed by randomly drawing a month from the total sample of
241 months (between July 2001 and July 2021). In line with Fama and French (2010), the returns
of all funds (and factor portfolios) in the randomly drawn month are selected as the first returns
of the respective simulated return series, allowing consideration of the cross-correlation structure
of funds.
2. The process of selecting a random month is repeated 241 times until, for each fund and factor
portfolio, a new return series is constructed over the same time horizon as the actual return series.
3. All new fund series are regressed against the factor portfolio returns to obtain the first
simulated alpha and t(a) distribution.
4. Steps 1-3 are repeated 10,000 times.
All simulated distributions are finally combined into the simulated luck distribution. The main
advantage of the bootstrap method lies in the properties of the resulting distribution. Given that the

4 For readability, we omit time index t.
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actual fund returns are the basis for every simulation run, the outcome of the bootstrap method has the
same properties as the actual distribution. Therefore, it is a better approximation of the distribution of
t(a) in a world of pure luck than a normal distribution. However, the methodology does come with its
disadvantages, as there is a lower bound on the number of observations a fund can have to be included
in the cross-section and determining skill from luck is more qualitative than quantitative.

Finally, we compare the actual and the average simulated luck distribution. The procedure
described in this paragraph is applied to the entire cross-section and to the different sub-cross-sections
(local vs. foreign, small- and mid-cap vs. large-cap, value vs. growth) to analyze hypotheses 1 to 4.

3.2. Injected alpha methodology

If there are no or just minor differences between the actual distribution and the simulated one, the
true alpha in the fund market is likely zero, meaning that performance is dictated by luck. If, however,
there are observable differences between the two distributions, the actual distribution of true alpha in
the market must be determined. The injected alpha methodology, introduced by Fama and French,
aims to find the mean zero normal distribution that captures the extreme ends of the actual distribution.
The methodology follows the same steps as the bootstrap method described earlier, with one additional
step. A normally distributed alpha with a zero mean and a set standard deviation is randomly drawn
and “injected” back into the fund returns. The standard deviation of this alpha then changes in 0.25%
increments, starting from 0.25%, to find the sigma value that captures the ends of the tails of the actual
distribution. Thus, note that despite the ambiguous name of the methodology, the generated luck
distribution still retains the property of an alpha of zero. The result of the methodology is the values
of the standard deviation that would explain the observed fund alphas.

In addition to the normally distributed injected alpha, a scalar is added to the equation to account
for the different levels of diversification among funds following the practice first introduced by Fama
and French (2010). The rationale for adding the scalar is that more diversified funds usually find it
harder to outperform the market than less diversified ones. Note that this procedure comes with its
drawbacks, since it imposes the actual alpha distribution to have a mean of zero and to be normally
distributed, which is not supported by empirical data.

4. Data and empirical results
4.1. Data

The sample period spans from July 2001 to July 2021 due to data availability for mutual funds.
The estimation of parameters in Equation (1) requires data on the stock market index and factor
portfolios. The market portfolio consists of two stock indexes. For the period July 2001 to November
2008, the total return of the MSCI China Index is used to depict the Chinese market. For the period
after November 2008, the broader MSCI China All Shares Index is used. In contrast to the MSCI
China, this incorporates all China-A shares, B-shares, H-shares, Redchips, P-chips and foreign
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listings (e.g., ADRs) and better represents the entire Chinese market.®> The MSCI benchmarks were
chosen over a value-weighted market portfolio as they are the indices most used in practice and
allow for a better comparison with the results of active managers. In line with Yang and Lui (2017),
the yield of China’s 1-year fixed deposit rate was used as the risk-free rate from July 2002 until the
end of the period. The risk-free rate of emerging markets from the Kenneth French Data library was
used for the period before that.

Factor portfolios SMB, HML, RMW and CMA are not available for the Chinese stock market on
the Kenneth French homepage. Therefore, we construct those factors following the (2x3) method in
Fama and French (2015) using Bloomberg’s database for return construction. The factor portfolios
SMB, HML, RMW and CMA are calculated based on Bloomberg financial data for all companies
listed in Shanghai, Shenzhen and Hong Kong during the given period. Table 1 presents the monthly
average, standard deviation and associated t-values for the sample.

Table 1. Descriptive statistics of factor portfolios and averages of all equity funds in the
Chinese stock market.

Factor returns Average of all funds

Rkt R¢ SMB HML RMW CMA  Net Gross
Average return 0.78 0.21 0.50 0.15 -0.01 -0.10 0.86 0.96
Standard deviation 7.30 0.06 4.22 4.93 2.85 2.12 6.27 6.26
t-statistic 1.65 57.69 1.84 0.47 -0.05 -0.75 213 2.38

Note(s): Monthly average of the market portfolio R, the risk-free rate R and the factor portfolios SMB,
HML, RMW and CMA and average monthly (net and gross) return of all mutual funds (N=1,221).

The sample of equity funds includes all Chinese mutual funds which are classified by
Bloomberg as actively managed. The sample includes both existing and closed funds; survivorship
bias should thus be mitigated. We require funds to have at least 36 months of performance history
to obtain a meaningful alpha from the time-series regression in Equation (1) of Fama and French’s
(2015) five-factor model. This requirement may introduce some survivorship bias in the data set.
This bias is difficult to eliminate as reducing the number of months of history required leads to alpha
estimates with lower precision and, accordingly, a low t(a) and knock-on effects on the bootstrap
methodology. Average monthly returns (gross and net, in US-$), standard deviations and t-statistics
are displayed in the second-to-last column in Table 1.

In sum, the sample of Chinese mutual funds comprises 1,221 equity funds. Our sample includes
only equity mutual funds with a geographical focus on China (as specified by Bloomberg). Out of the
1,221 funds in the entire cross-section, 528 are managed by Chinese managers, 693 by managers from
the rest of the world, 365 by managers focusing on small and mid-cap companies and 551 with
managers focusing on large-cap companies (see Table 2. The distinction between Chinese and foreign

5 It should be noted that access of domestic and foreign investors to Chinese A-shares and H-shares was restricted before
2007 (see, for example, Li et al., 2015). This regulatory restriction led to price differentials between A-shares and H-shares
(e.g., Lietal., 2006). Since we have no access to the holdings of mutual funds, we cannot address this issue in our analysis.
Therefore, no analysis was carried out on the individual holding level.
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managers is made based on Bloomberg’s criterion “manager domicile”. The Chinese group includes
both Chinese and Hong Kong managers. We note that on average, there is no material difference in
the management fees between Chinese and foreign managers, which is consistent with previous
research (see, for example, Wagner and Margaritis, 2017). The average management fee of a Chinese
fund is 1.186% p.a., while the average fee charged by foreign managers is 1.172%. Therefore,
differences in net alpha between the two groups will translate to the gross alpha level.

Table 2. Number of equity funds in total sample and sub-samples.

All Growth Value Large Cap Small/Mid Cap
Chinese 528 67 34 177 226
Foreign 693 351 25 374 137
All 1,221 418 59 551 363

4.2. Descriptive statistics
We start our empirical analyses by looking at the aggregate mutual fund market. Therefore, we
form an equally weighted mutual fund portfolio of all 1,221 funds in our sample and present in Table

3 regression results of Fama and French factor portfolios using all months in the sample period.

Table 3. Regression outcomes for an equal-weight portfolio of Chinese equity funds.

12a Rkt — Re SMB HML RMW CMA R?
Gross Net
Coef 5.74 2.05 0.81 0.89
t(Coef) 3.21 1.29 44.40
Coef 4.23 0.72 0.83 0.17 -0.01 0.91
t(Coef) 2.51 0.48 47.73 5.51 -0.48
Coef 5.39 1.13 0.80 0.12 0.00 -0.09 -0.19 0.91
t(Coef) 3.30 0.75 42.21 2.82 0.01 -1.29 -2.99

Note(s): Annualized a of the equal-weight portfolios for gross and net returns showing the regression
coefficients for the different factors R,k — Ry, SMB, HML, RMW and CMA.. The last column contains the
adjusted R2.

In all regressions, the annualized gross alpha of the portfolio is above 4% and statistically
significant with a t-value above 2. This suggests that, before management fees, Chinese equity funds
seem to deliver a positive risk-adjusted return. However, the annualized alpha of the net return paints
a different picture. Although the portfolio does outperform the market portfolio by quite a margin,
none of the net alphas are statistically significant. Overall, the analysis of the average mutual fund
portfolio suggests that the performance delivered by mutual fund managers in the Chinese market is
not as bad as in countries like the US, for which most studies point to negative alphas (e.g., Carhart,
1997) and is consistent with recent research such as Wagner and Margaritis (2017).
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4.3. Hypotheses testing

We discuss hypathesis 1 (fund managers in the Chinese mutual fund market display a significant
level of positive risk-gdjusted alphas) in detail with additional sensitivity analysis. We provide a
graphical analysis comparing the actual alpha distribution with the corresponding simulated (luck)
distribution. We then presant a more formal analysis through test statistics, following the methodology
of Fama and French (2010)\ We implement the corresponding injected alpha method to estimate the
quantitative skill level. The xemaining hypotheses are then considered in a more concise form by
comparing the actual skill and\simulated luck distribution, focusing on graphical analysis and main
test statistics. Details on the test Statistics are summarized in an Internet Appendix.

4.3.1.  Skill versus luck in the cross-section of all Chinese mutual funds (hypothesis 1)

We first analyze hypothesis 1 that\fund managers in the Chinese mutual fund market display a
significant level of positive alphas. Figuge 1 below graphically depicts the results of the bootstrap
simulation using a kernel density functign. The solid black line represents the simulated luck
distribution, and the dashed line shows the actyal distribution of the t-value of alpha (t(a)), the intercept
estimate of Equation (1). A large proportion of fund managers exhibit uniform outperformance, with
a majority of the t(a) values being greater than xero. Compared with the luck simulation, some fund
managers indeed perform substantially better than\luck would suggest.

Kernel density function of simulated and actual A «)

0.4

Simulated

0.35

0.3

0.25

,—————

0.2

0.15

Density of probability

0.1

0.05

t(alpha)

Figure 1. Kernel density function of simulated and actual t(«) for the entire Ssample cross-
section of mutual funds (net returns).
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On the left side of the distribution, however, the dashed line is marginally to the left of the solid
line, implying that a minority of managers perform worse than luck would suggest. The figure also
exhibits two humps, one slightly below 0% and the other at about 2%, indicating that skill is not
normally distributed. These results are consistent with the regression results for an equally weighted
portfolio of all Chinese stock funds, set out in Table 3. In the next section, we show that separating the
sample into local and foreign fund managers helps explain this pattern.

Figure 2 shows the cumulative distribution function of the simulated and actual t(a) values.
Similar to Figure 1, the simulated values are represented by a solid line, and the dashed line represents
the actual values in the sample. The more to the right the dashed line, the clearer the evidence that
outperformance may be attributed to skill rather than luck. Figure 2 shows that from the 20th percentile
onward, fund managers perform slightly better than luck would suggest.

At the median, where the simulated distribution crosses the vertical axis by design, the actual
distribution is already at a t(a) value of 0.40 (while the luck distribution has a value of zero). The
dashed line crossing the vertical axis at the 40th percentile also indicates that there are more fund
managers outperforming than underperforming the benchmark. The gap between results based on luck
and those of actual managers continues to widen until the 70th percentile, remaining sizeable thereafter.

Cumulative distribution function of simulated and actual A @)
1 -

0.9 -

Simulated

—————— Actual 0.8

0.7
0.6
0.5

Cumulative probability

t(alpha)

Figure 2. Cumulative distribution function of actual and simulated t(a) for the entire
cross-section of mutual funds (net returns).

In Table 4, we present the results of the formal test for the proportion of funds performing better
than expected by pure chance. The rightmost column displays the percentage of simulated values (luck
distribution) that are lower than the actual value (actual distribution of fund managers). The t(a) values
at the 1st, 5th and 10th percentiles of the actual distribution are lower than their respective average
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simulated values. For instance, at the 5th percentile, only 23.2% of the simulated values are below the
actual value. This implies that in 76.8% of all cases, relying solely on pure bad luck would lead to
better results than those achieved by actual managers.

To determine which levels of performance are likely due to luck alone and which can be attributed
to skill, we follow the approach of Fama and French (2010). Rather than conducting t-tests or z-tests
on the data, which would impose certain distribution characteristics on the luck distribution, we
examine how many simulated values are below or above the actual value for a given percentile.
Following Fama and French, we ascertain that if the actual value is smaller than 20% of the simulated
values, the performance is likely due to negative skill. Similarly, when the percentage of actual values
surpassing simulated values is greater than 80%, the performance is most likely attributed to skill. In
the subsequent discussion, we refer to this decision rule as the “20%-rule”. More stringent versions of
this rule could dictate that managers are considered skilled only if they surpass 90% or 95% of the
simulated values, but these fall beyond the scope of our analysis.

The outcomes in Table 4 indicate that this threshold is exceeded, starting from the 40th
percentile of the actual distribution. At this juncture, as per the “20%-rule”, the observed distribution
of outperformance can be attributed to skill rather than luck. As we move further to the right of the
distribution (toward higher percentiles), the proportion of simulated values below their
corresponding actual values continues to rise. This trend suggests that it is becoming increasingly
likely that the outperformance was generated by skill. However, at the 70th percentile, the maximum
proportion of 98.2% is attained, beyond which there is a slight declining trend until the 99th
percentile of the distribution.

Table 4. Percentiles of t(a) estimates for simulated and actual actively managed mutual
fund returns, July 2001-July 2021 (net returns).

Percentiles of t(a) estimates for the entire cross-section (net returns)

Percentiles Actual Simulated % (Simulated < Actual)
1 —2.85 -2.63 28.3%
5 —2.04 -1.79 23.0%
10 —1.44 —-1.37 38.3%
20 —0.86 —0.88 52.2%
30 —0.45 —-0.53 62.0%
40 —0.02 —-0.26 80.2%
50 0.40 0.00 91.8%
60 0.82 0.29 97.7%
70 1.19 0.57 98.2%
80 1.60 0.91 98.2%
90 2.09 1.36 97.7%
95 2.51 1.74 97.4%
97 2.80 2.05 97.8%
99 3.24 2.48 96.0%

Note(s): The leftmost column of the table shows the respective percentile. The column next to it, “Actual”,
shows the percentiles of t(a) estimates of the actual cross-section. The “Simulated” column shows the average
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of all 10,000 percentiles of t(a) estimates of the different iterations of the bootstrap simulation. The rightmost
column depicts the percentages of simulated values that are below the actual value.

In summary, a significant portion of mutual funds’ performance in the cross-section
(approximately 60%) display a positive alpha, while the remaining 40% aligns with a luck distribution.
This implies that a majority of funds perform better than what luck alone would indicate. As a result,
hypothesis 1 finds support from the data. To provide a context within a developed market, we
undertake a similar analysis for the US market. The corresponding outcomes are detailed in Internet
Appendix Table A.1, revealing that the 80% threshold is not surpassed for any percentile below the
97th. This observation closely mirrors that of Fama and French (2010), confirming the perspective that
a substantial portion of US mutual fund returns are influenced by luck rather than skill.

Regarding hypothesis 1, we also conducted sensitivity analysis. Initially, we applied a distinct set
of factor portfolios by directly using emerging market factors from French’s homepage (note that this
collection of factor portfolios encompasses more countries than the Chinese stock market). The
outcome still supports the conclusion that a majority of Chinese mutual funds seems to deliver positive
risk-adjusted alphas (refer to Table A.2 in the Internet Appendix). Second, we confined the sample
period to the duration utilized by Yang and Lui (2017). During this timeframe, Yang and Lui didn’t
find substantial evidence for skill within the cross-section of Chinese mutual fund managers. We have
gathered the statistics for the corresponding sample period, which underpins the notion that a positive
alpha is primarily observed in more recent years (see Appendix Table A.3). Third, we present the
outcomes of gross returns (obtained by reintroducing 1/12 of the funds’ annual expenses to the monthly
returns) in Table A.4. The threshold of 80% is initially surpassed at the 20th percentile, suggesting that
between the 20th and 40th percentile, some level of skill is evident before accounting for management
fees. However, this level of skill falls short of covering those fees.

Subsequently, we employ the injected alpha method. Following the approach of Fama and French
(2010), we increment the standard deviation (o) in steps of 0.25%, ranging from 0.25% to 2%. To
determine the appropriate standard deviation that encompasses the left and right tails of the distribution,
we again invoke Fama and French’s “20% rule”. This entails selecting the ¢ value at which the
percentage of simulated values below the actual value becomes less than 80% for the right tail and
exceeds 20% for the left tail ®

We concentrate on the 99th percentile (last row of Table 5). At the value of 1.5%, the injected
distribution aligns with the actual distribution for the first time, in line with the 20% rule. This outcome
reinforces the substantial outperformance of the active managers compared to the passive benchmark
as observed in the bootstrap analysis.

In summary, the analysis of hypothesis 1 suggests that the alpha and corresponding t-values in
the cross-section of Chinese fund managers are not consistent with pure luck. Rather, about 60% of all
fund managers appear to possess skills that translate, according to the injected alpha method, into an
alpha from Equation (1) of approximately 1.5% per annum. The level of alphas evident in the Chinese

% In line with Fama and French (2010), it is anticipated that there is a 20% probability of setting the lower bound to be low
and conversely a 20% probability of setting the upper bound to be high. This corresponds to a 0.5% bound around the
value that encompasses either tail. To conserve space, we refrain from presenting this procedural boundary.
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fund market is notably larger than that observed in more developed markets, such as the US (Fama
and French, 2010; Cuthbertson and Nitzsche, 2013).

Table 5. Percentiles of t(a) estimates for simulated and actual actively managed mutual
fund returns with injected alpha (net returns).

Percentage of simulated values below the actual value

Percentile  Actual c=0 0.25 0.5 0.75 1 1.25 15 1.75 2
t(a)

1 -2.85 28.3% 31.2% 33.4% 40.0% 47.6% 56.6% 72.7% 83.2% 91.9%
5 -2.04 23.0% 26.7% 25.4% 30.2% 34.8% 40.1% 504% 58.7% 68.8%
10 —1.44 38.3% 415% 42.7% 46.1% 51.1% 541% 61.7% 68.1% 73.9%
20 -0.86 52.2% 54.8% 56.8% 55.8% 60.7% 62.2% 67.2% 70.8% 74.8%
30 -0.45 62.0% 63.3% 66.2% 66.0% 68.3% 68.9% 72.2% 73.5% 76.1%
40 -0.02 80.2% 80.3% 83.1% 82.3% 845% 839% 85.2% 84.1% 84.6%
50 0.40 91.8% 91.9% 93.0% 92.7% 93.6% 93.0% 93.9% 92.6% 92.0%
60 0.82 97.7% 97.7% 97.7% 98.0% 97.7% 97.3% 98.7% 96.5% 96.9%
70 1.19 98.2% 98.3% 98.0% 98.3% 98.1% 97.9% 98.7% 96.8% 96.8%
80 1.60 98.2% 98.2% 985% 99.1% 98.4% 98.2% 98.4% 96.6% 96.1%
90 2.09 97.7% 96.6% 97.1% 97.6% 96.6% 95.8% 945% 93.2% 89.2%
95 2.51 97.4% 96.1% 96.1% 95.7% 94.9% 94.3% 92.1% 86.8% 81.9%
97 2.80 97.8% 96.2% 959% 95.3% 94.4% 92.1% 89.3% 82.6% 74.9%
99 3.24 96.0% 94.2% 93.7% 92.9% 89.9% 83.2% 75.3% 59.3% 44.2%

Note(s): The leftmost column shows the respective percentile, and the next column, “Actual”, shows the
percentiles of t(a) estimates of the actual cross-section. The columns to the right depict the average of all 10,000
percentiles of t(a) estimates of the different iterations of the bootstrap simulation to which an injected alpha
with the respective sigma has been added.

4.3.2. Local versus foreign fund managers (hypothesis 2)

In the last section, we demonstrated that the actual distribution of skill exhibits two humps (refer
to Figure 1). As we formulated our hypotheses, we postulated that this pattern could potentially be
clarified by information asymmetry between local and foreign fund managers. We proceed to
investigate hypothesis 2: Local fund managers exhibit a higher level of alpha compared to foreign
managers. Our emphasis is on graphical analysis, while comprehensive statistical test details are
available in the Internet Appendix. In Section 5, we encapsulate the injected alpha method employed
to test this hypothesis as well as the subsequent ones.

To begin, we bifurcated the mutual funds cross-section into subsets managed by local and foreign
managers, respectively. Subsequently, we engaged in a comparison between the kernel density
functions of the simulated and actual distributions, as depicted in Figure 3. In Panel A, the graphical
representation showcases the simulated and actual distributions for local managers. Analogous to the
complete sample, a majority of these managers surpass expectations derived from luck. Notably, the
prowess of local managers appears particularly striking, with the dashed line situated significantly to
the right of the simulated line across much of the graph. On the left side of the distribution, we once

Quantitative Finance and Economics Volume 7, Issue 4, 595-621.



609

again observe a minority of fund managerswhose performance falls below the level one might expect
from mere bad luck; however, this proportion\is smaller compared to the entire sample.

Panel A: LocaNfund managers
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Figure 3. Kernel density function of simulated and actual t(e) for local versus foreign
cross-section of mutual funds (net returns).

Panel B portrays the actual and simulated distributions for foreign managers, revealing a distinct
perspective on skill. The two distributions display a closer alignment, suggesting that foreign fund
managers possess comparatively less skill than their local counterparts. Although it is evident that a
segment of foreign managers surpasses luck-derived expectations, the proportion exhibiting positive
alphas is notably smaller than among local managers. Concurrently, the segment of foreign managers

Quantitative Finance and Economics Volume 7, Issue 4, 595-621.



610

underperforming what luck would predict is more pronounced than that of local managers. In summary,
the two peaks observed in the overall sample’s actual distribution (refer to Figure 1) have nearly
vanished in the individual subsamples; the overlapping peaks of the local and foreign distributions
coincide with and elucidate the pair of peaks detected in the complete sample.’

By applying the “20% rule, the local fund manager group surpasses this threshold at the 20th
percentile, while foreign fund managers only achieve it at the 80th percentile (for further details, see
Internet Appendix A.5). In simpler terms, 80% of local managers display performance that cannot be
attributed solely to luck (indicating skill), whereas only 20% of foreign managers deliver alphas
surpassing luck-derived expectations. This numerical comparison furnishes robust evidence
supporting the hypothesis that local managers perform better than their foreign counterparts, in line
with the conclusions drawn by Wagner and Margaritis (2017).

To gain further insights into the asymmetry explanation, we examine the findings of Mondria et
al. (2021). They propose that “information asymmetries between locals and non-locals are more
pronounced when it comes to good news, with information regarding bad news being relatively
symmetric” (p. 1). Therefore, we segment our sample into four distinct five-year subperiods (refer to
Table 6), wherein the first and third subperiods correspond to unfavorable news phases, exhibiting a
negative Sharpe ratio and an average return close to zero (using the Chinese Total Market Index from
Datastream). Conversely, the second and fourth subperiods represent favorable information
environments, with average returns of approximately 10% p.a. Consequently, the Sharpe ratio during
these latter periods significantly surpasses that of the two former ones. If Mondria et al.’s (2021)
assertion holds true, information asymmetries should intensify during subperiods characterized by
higher Sharpe ratios (namely, the second and fourth subperiods). As a consequence, disparities in
performance measures between foreign and Chinese fund managers should be more pronounced during
prosperous market phases.

Table 6. Percentiles of t(a) estimates for simulated and actual actively managed small-
cap mutual fund returns from July 2001 to July 2021 (net returns).

Five years subperiods Average return Standard deviation Sharpe ratio
200107-200606 —2.73% 21.19% —21.11%
200607201106 10.84% 41.17% 20.92%
201107-201606 1.84% 26.59% -1.89%
201607-202107 9.79% 17.08% 50.86%

The outcomes of the simulated alpha distribution, as presented in Figure 4, closely align with the
information asymmetry theory put forth by Mondria et al. (2021). During the first and third periods
featuring negative Sharpe ratios, the distribution of alphas appears similar between foreign and
Chinese fund managers. In contrast, the second and fourth subperiods, marked by higher average
returns and elevated Sharpe ratios, unveil a more pronounced prevalence of positive alphas among
Chinese fund managers compared to their foreign counterparts. Hence, the subperiod analysis lends

" We also analyzed whether a momentum factor potentially explains the results. Therefore, we repeated the analysis using
the six-factor model of Fama and French (2018) and found similar results, see Figure A.1 in the Internet Appendix.
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additional support to the notion that disparities in alphas stem from information asymmetries.
Furthermore, even the final subperiod—where both local and foreign fund managers display a certain
degree of skill—maintains consistency with the information asymmetry argument. This outcome can
be rationalized by the dominance of retail investors, who possess lower skill levels, in the trading
activity of the Chinese stock market (as evidenced by Chen and Wu, 2022). Consequently, the result
of this subperiod implies that both groups of mutual fund managers are able to capitalize on the
activities of less skilled retail investors.
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4.3.3. Small- and mid-cap versus large-cap fund managers (hypothesis 3)

Indeed, we have put forth the argument that the influence of information asymmetry between
cal and foreign managers should be more pronounced in the small- and mid-cap stocks market
segment compared to the impact on large-cap stocks. Consequently, this section delves into the
nt of the associated hypothesis, namely hypothesis 3: A larger proportion of local small- and
d managers exhibit positive alphas in comparison to their foreign counterparts managing
similar funds:

Certainly, Figure 5 provides a graphical representation of the distribution functions for all four
potential combinatiors. The upper two graphs are dedicated to the performance of local and foreign
managers handling smaN: and mid-cap funds, while the lower two graphs pertain to the same groups
managing large-cap funds. X couple of key findings emerge from these graphs.

Local
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and mid- o35
cap 0.3
0.25

0.2

0.15

Foreign

0.1
0.05

Large- 0.4
cap 0.35
0.3

0.25
0.2
0.15
0.1
0.05

Figure 5. Kernel density function of simulated and actual t(«) for local versus foreign
cross-section of mutual funds (net returns). Note(s): On the y-axis of each graph, the
density of probability is plotted, while t(a) values are plotted on the x-axis.

First, for both local and foreign managers, those overseeing small- and mid-cap funds demonstrate
better results compared to their counterparts managing large-cap funds. Second, among managers
handling small-, mid- and large-cap funds, the local managers tend to outperform their foreign
counterparts. These findings strongly align with our information asymmetry proposition, specifically
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highlighting that the most pronounced demonstration of skill lies within the subset of local managers
focusing on small- and mid-cap funds. From a visual perspective, there is no instance within this group
where a manager performs worse than what pure chance would predict. Conversely, a significant
majority of these managers exhibit superior performance beyond what random sampling would
anticipate. While a similar pattern is observed among foreign small- and mid-cap managers, their
outperformance is relatively less marked. Notably, there exists a small portion of foreign managers
who perform worse than what chance would suggest.

Among local managers of large-cap funds, performance appears to be explicable solely by chance,
even though there is a minor segment of managers whose performance lies below expectations (left tail)
and another minority whose performance surpasses expectations (right tail). Conversely, the subset with
the poorest performance consists of foreign managers overseeing large-cap funds. Visually, it appears
that none of the managers in this category outperform what chance would predict. On the flip side, a
substantial portion within this group actually underperforms compared to a luck-based expectation.

The outcomes, as described visually above, are corroborated by the numerical findings when
applied to small-, mid- and large-cap managers (further details are summarized in Table A.6 in the
Internet Appendix). For local fund managers, every individual within the subset of small- and mid-cap
managers outperforms what chance would predict. This holds true even at the 1st percentile of the actual
distribution, where performance is better than 89.5% of all simulated outcomes. In contrast, for local
large-cap managers, the 20%-rule is applicable within the 60th and 97th percentile, encompassing only
37% of all local managers. In other words, roughly a third of local large-cap managers fare better than
what luck would anticipate, while the entirety of local small- and mid-cap managers demonstrate skill.

Slightly less pronounced but still notable is the case for foreign managers. Within this category,
80% of small- and mid-cap managers outperform what random sampling would predict. However,
none of the foreign large-cap managers appear to exhibit skill. In summary, both the graphical and
numerical findings align with the notion that small- and mid-cap managers display a greater degree of
skill compared to their large-cap counterparts. Furthermore, local small- and mid-cap managers
demonstrate significantly higher alphas than their foreign counterparts, while the difference among
large-cap managers is less distinct.

4.3.4.  Value versus growth fund managers (hypothesis 4)

Last, we test hypothesis 4: Local value managers show a larger share of positive alphas than
foreign managers. We suspect that information asymmetries are larger in the value domain than for
growth stocks since the valuation of a company requires in-depth knowledge of the Chinese accounting
system. However, forecasting the growth of company cash-flows is more difficult (e.g., Cochrane,
2011). Therefore, we expect that information asymmetries may have a more substantial effect for value
stocks than for growth stocks and that this effect will be greater for local than foreign fund managers.

Figure 6 reflects all possible combinations of actual and simulated alpha distributions with respect
to value or growth stocks and local or foreign fund managers. The subsample exhibiting the most
compelling case for positive alphas is that of local value-fund managers. No manager in this subsample
seems to perform worse than bad luck would suggest, while the majority performs better. In contrast,
foreign value managers perform roughly in line with what random sampling would suggest. However,
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there is a small minority that performs worse than luck would suggest. These observations provide
some support for hypothesis 4. Additionally, alpha differences between local and foreign managers
are larger in the value domain than in growth stocks. However, managers focusing on growth
companies generate performance largely consistent with luck.
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Figure 6. Kernel density function of simulated and actual t(a) for local and foreign
mutual fund cross-sections (net returns). Note(s): The density of probability is plotted on
the y-axis of each graph; t(a)values are plotted on the x-axis.

The numerical results presented in Table A.7 of the Internet Appendix support the graphical
observations. Among local value managers, a sizeable majority — 95% (from the 5th to the 99th
percentile) — outperform the randomly sampled distribution in accordance with the 20% rule; there
are no managers who fare worse than bad luck would suggest. In contrast, there is no outperformance
by foreign value managers that cannot be explained by luck. On the left side of the tail, the 1st, 5th and
10th percentiles all fare worse than bad luck would suggest. These statistics provide strong additional
support for hypothesis 4. In sum, the entire group of value managers seems to deliver a higher level of
alphas than growth managers, and local managers are particularly skillful compared with their foreign
counterparts in the value domain.
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5. Discussion

The results examined above are further supported by the data in Table 7, where the injected
alpha captures the right tail of the actual distribution according to the 20% rule (Fama and French,
2010). Our analysis shows that the level of risk-adjusted alpha observed among all fund managers
in the cross-section is inherent only for certain groups of managers and investment styles. First,
the group of local managers delivers more alpha than their foreign counterparts. Second, among
small- and mid-cap and value managers, the difference in alpha is even more pronounced than
among managers of growth and large-cap funds. These results quantify the potential level of alpha
evident in the comparison of the actual and simulated luck distribution in the preceding section.
The injected alpha method suggests that local fund managers are able to deliver an annualized
alpha of about 2% across all investment styles, while the alpha of foreign managers is only about
0.25% per annum.

In the small- and medium-cap and value domain, the performance is substantially higher for
local Chinese fund managers. Foreign fund managers seem to deliver a positive alpha only for those
following a small- and medium-cap investment style. If we compare the results with the style
analysis of Wagner and Margaritis (2017) for emerging markets in general, we find similarities but
also differences. In emerging markets, Wagner and Margaritis also found a higher return for local
fund managers compared to foreign ones. The reported return difference of 1.8% p.a. after fees is
close to that reported in Table 7. However, the positive alphas in the small- and medium-cap domain
and value domain are not observed for the emerging market sample used by Wagner and Margaritis.
Thus, the Chinese fund market may be different from the average emerging market country, which
is obvious since emerging countries are generally diverse. Also, their analysis covers an earlier
sample period (1996-2010) and uses the Carhart (1997) regression methodology; therefore, results
are not directly comparable.

Table 7. Injected alpha mutual fund returns, July 2001-July 2021 (net returns).

Fund All Local Foreign
All 1.50% 2.00% 0.25%
Small- and medium-cap 2.75% 4.00% 2.00%
Large-cap 0.00% 0.00% 0.00%
Value 1.75% 2.50% 0.00%
Growth 0.00% 0.50% 0.00%

Note(s): The table shows the respective alpha, at which the end of the right tail of the actual t(«) was captured
by the simulated distribution according to the 20% rule introduced by Fama and French (2010).

These observations have important implications. First, a significant majority of Chinese managers
exhibit performance better than luck would suggest over the sample period. These results stand in stark
contrast to those of similar studies focused on developed markets, suggesting that there are factors
influencing the market that allow some managers to generate positive alphas. When formulating
hypothesis 2, we considered the possibility of an alpha difference between local and foreign managers
resulting from an information asymmetry between them. The results of using the bootstrap and injected
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alpha methods to test hypothesis 2 align with the explanation of information asymmetry; local
managers delivered much better performance than their foreign counterparts. The subsample analysis
further suggests that the information advantage held by Chinese managers is particularly pronounced
in a positive market environment. This observation is consistent with the information asymmetry
hypothesis of Mondria et al. (2021).

To further analyze the asymmetry explanation, we formulated and tested hypotheses 3 and 4. If
the performance disparity between foreign and local managers resulted from information barriers, one
would anticipate local managers of small- and mid-cap as well as value funds to outperform their
foreign counterparts to a greater extent than in large-cap and growth stocks. The information
asymmetries in the former segments would have a more significant effect on the stock’s performance.
The rationale for this is rooted in the prerequisites for success in such investment strategies. The
disparity between local and foreign managers is evident among small- and mid-cap managers. Smaller
companies typically receive less coverage from analysts, making it challenging to find reliable
information about them. Information barriers are likely to impact local small- and mid-cap managers
to a lesser degree than their foreign counterparts, giving them an information advantage in accessing
companies and identifying inefficiencies more swiftly. As a result, they generate superior returns.

Similar arguments apply to value-fund managers. Accurate familiarity with local accounting
practices and dependable access to accounting data are necessary to identify undervalued companies.
These information asymmetries could contribute to local value managers possessing the information
needed to identify undervalued stocks, leading to higher returns compared to their foreign counterparts.
In the context of fund returns, this indicates that Chinese fund managers demonstrate a positive
performance surpassing what would be expected from pure luck.

On the other hand, the performance gap among large-cap and growth managers is expected to be
less pronounced, given that the information needed for identifying growth prospects and assessing
larger companies is more widely accessible to all participants in the market. As previously mentioned,
the outcomes derived from both the bootstrap and injected alpha analyses align with our anticipated
outcomes within the framework of information asymmetry.

Based on our analysis, we conclude that the substantial alphas observed in the entire cross-section
of mutual funds from July 2001 to July 2021 is primarily attributed to local managers who concentrate
on small- and mid-cap stocks and value strategies. This can be attributed to the better access to superior
information possessed by these local managers in comparison to their foreign counterparts.

6. Conclusions

Following Fama and French (2010), we employed a bootstrap method to analyze 1,221 Chinese
mutual funds active from July 2001 to July 2021. In contrast to previous studies focused on developed
markets, such as Europe or the US, this study indicates that the majority of active managers in China
earned alphas that were large enough to cover their costs. The injected alpha method revealed that the
true annualized alpha at the right tail of the distribution of net returns lies around 1.5%.

The second part of the analysis provided an explanation for the observed alpha. We contend
that there exists an information asymmetry between foreign and local managers, which accounts for
why specific groups of managers within the cross-section deliver a higher alpha than others. Building
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on this reasoning, we formulated three additional hypotheses. To begin, we subdivided the entire
cross-section into local and foreign managers for further examination. The outcomes corroborate the
hypothesis that local fund managers yield a higher alpha compared to their foreign counterparts. We
estimated the sigma of the injected alphas to be 2% per annum for Chinese fund managers and merely
0.5% for foreign managers.

Subsequently, we delved deeper into the cross-section by segmenting the local and foreign
manager groups into those concentrating on small- and mid-cap companies and those concentrating
on large-cap companies. Additionally, both local and foreign managers were categorized into value
and growth managers. The outperformance was primarily observed among managers adhering to a
small- and mid-cap value investment approach. Within each style, local asset managers generated a
higher alpha than their foreign counterparts (4% versus 2% for small- and mid-caps and 2.5% versus
0% for value stocks). Derived from these findings, we ascertain substantial evidence that access to
information constitutes a pivotal factor explaining a manager’s alpha.

The results of this study hold great practical significance for investment management not only
in China but also in other regions. Investors aiming to enhance their exposure to Chinese small- and
mid-cap or value strategies should opt for a local manager, as they are more likely to outperform
their counterparts. Conversely, foreign investment managers should focus on enhancing their access
to market information in order to enhance their performance.
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