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1. Introduction

Fractional calculus has gained increasing attention due to its potential applications in various fields
of science and engineering [19]. However, the study of fractional calculus has been predominantly
focused on deterministic equations, using either deterministic or probabilistic methods. This approach
limits the modeling of real-world phenomena where the propagation speed can be finite, as heat flow
can be disrupted by material response. In contrast, the classical heat equation assumes infinite speed
of heat flow. Recent studies have shown that materials with thermal memory can exhibit finite heat
flow speed [2]. This is due to the convolution term in the definition of fractional derivatives and
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integrals, which implies that the nearer past has a stronger influence on the present. Additionally, if
the internal energy of the material is affected by past random effects, it can be modeled as fractionally
integrated additive noise, represented as oI W(¢) using the classical Wiener process. Here, oI’u (or
RLD(;;/M) denotes the Riemann-Liouville fractional integral of order y of the function u defined by

ol u(r) = D, () = %y) f (1— o) u(or)dor.
0

In this paper, we consider the time fractional semilinear stochastic partial differential equation
driven by fractionally integrated additive noise,

{ eDE () + Aut) = fu(®) +o W(t), 0<1<T, .

u(0) = uy,

where 0 < <1,0<y <1, A =-Ais aself-adjoint, positive definite, not necessarily bounded operator
on the Hilbert space with domain D(A) = H*(D) N H}(D), where D c R?,d = 1,2,3 denotes a bounded
convex polygonal domain. Here, W(z) = % denotes the white noise, and the time fractional derivative
cDg u with order a € (0, 1) is defined as follows [12],

!
cDg,u(t) = ﬁf; (t—O')_“g—Z_dO',
where I'(-) denotes the Gamma function.

In recent years, the numerical solution of fractional partial differential equations has become a major
focus of research. This is because analytical expressions for such equations are generally difficult
to obtain, prompting researchers to explore numerical methods instead. The presence of singular
convolution kernels in fractional operators further complicates the solving process. To tackle this
challenge, a plethora of remarkable mathematical techniques and innovative approaches have emerged
in recent years. These techniques not only play a crucial role in theoretical investigations but also
demonstrate great potential in practical applications. For example, a novel technique employing double
reduction order and a newly constructed nonlinear compact difference operator has been developed
to simulate nonlocal problems on graded meshes [13]. In a separate study, researchers [15] have
devised a conservative, positivity-preserving, nonlinear finite volume scheme suitable for multi-term
nonlocal Nagumo-type equations using distorted meshes. Additionally, [16] proposed a positivity-
preserving finite volume scheme tailored for subdiffusion equations on nonconforming quadrilateral
distorted meshes with hanging nodes. Furthermore, [20] addresses the numerical solution of the three-
dimensional nonlocal evolution equation with a weakly singular kernel.

Many researchers are also dedicated to studying techniques for solving stochastic partial differential
equations. Interested readers are encouraged to explore [5, 6, 14, 17] for further works in this area. In
prior research, our focus revolved around weak convergence analysis of the .1 scheme for a stochastic
subdiffusion problem, as well as leveraging the spectral method for strong approximation of stochastic
semilinear subdiffusion and superdiffusion equations driven by fractionally integrated additive noise [8,
9]. In this article, we delve deeper into the analysis of non-smooth data in this model. Notably,
our model problem (1.1), in contrast to the formulation studied in [6, 14], exhibits greater generality
and necessitates the involvement of three distinct Mittag-Lefller solution operators (namely E(?), E(®),
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and E(t), as detailed in Section 2) due to the presence of time fractional derivative and fractionally
integrated additive noise.

Upon applying the Riemann-Liouville derivative operator RLDé;“ := (oly)” on both sides of (1.1), it
is then formally equivalent to a semilinear fractional Volterra type evolution equation

du(t) + re Dy Au(r)dt = gDy f(u(t))dt + RLD(I);“"dW(t), (1.2)
so the existence and uniqueness of a mild solution u can be proved according to the literature
methods [1] analogously, even only under some assumptions, via a standard Banach fixed point
argument.

The main contributions of the paper are the following:

(1) The paper introduces finite element analysis for semilinear stochastic subdiffusion problems
driven by fractionally integrated additive noise. It explores the smoothness of the solution and employs
complex integration techniques to approximate the error of the solution operator under non-smooth
data.

(i1) The paper establishes the continuity conditions of the mild solution, providing insights into the
behavior and regularity of the solution when dealing with non-smooth data. We accurately demonstrate
the impact of the fractional parameters @ and vy on the convergence rates through numerical examples,
offering valuable insights into the sensitivity and dependence of the solution on these parameters.

The remaining sections of this paper are structured as follows. In the upcoming section, we lay
out the framework for the stochastic partial differential equation (SPDE) and establish significant
smoothing properties using Mittag-Lefller functions. Subsequently, we derive essential error estimates
for deterministic subdiffusion under non-smooth data, followed by obtaining optimal convergence
estimates for the finite element method in the presence of non-smooth data.

2. Preliminaries

It is known that if A = —A with homogenous Dirichlet boundary conditions, one has Ag; = Aypy, k €

(o8]

N,where0<A; <A < <o <A <, gim Ax = o0, and the eigenvectors {¢y};7 , form an orthonormal

basis for H. Let H = L,(D) be a separable Hilbert space with inner product (-,-) and norm ||-||. Let
(Q, 7 ,P,{F}>0) be a filtered probability space, with Bochner spaces L,(2;H) = L,((Q2,.%,P); H).
Let E denote the expectation (with respect to ). We recall an abstract framework to describe the noise
W(t) in the model (1.1) more precisely. A Wiener process W(¢) with a covariance operator Q may be
characterized by the Fourier type series as follows:

WD = > o). 2.1)
k=1

where Q is a bounded, linear, self-adjoint, positive definite operator on H, with the pairs of eigenvalue
and eigenfunction {(u, )}y, - The {Bi()};2, is a sequence of independently and identically distributed
standard Brownian motions.

For any v € R, we introduce the space H*(D) = D(A?) with norm [v% = [|A2v]]* = 3 A}(v,¢;)%, where
=1

{¢k}i2, is the orthonormal basis in H.
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Let £ = L(H) denote the space of all bounded linear operators on H and let Lg =HS (Q%(H ),H) be
the space of Hilbert-Schmidt operators from Q%(H )to H,ie.,

L=(TeL: Y ot <),

k=1

2
L thus [Tz = IT Q2 llss < oo, for T € L3,

furnished with the norm ”T”j:‘) =2 ||TQ%<,ok
2 k=1
We also need to recall the Burkholder-Davis-Gundy inequality [11], for p > 2,

! 1
e S5 fo I4(@)IEydor)

for strongly measurable functions ¢ : [0,T] — Lg. It’s important to emphasize that when p = 2, it is
the Ito isometry.

By using time fractional Duhamel’s principle and Laplace transform, we can obtain the mild
solution of (1.1) as follows:

[ fo g (o) (2.2)

2
Ly(&:R)

u(t) = E(tug + f E(t- o) f(u(o))do + f E(t —o)dW(o), P-a.s., (2.3)
0 0
where
E(f) := E,,(~194), (2.4)
E(t) :=1"""E,o(~1"A), (2.5)
E(®) := 1" Ey gy (—1°A). (2.6)

The two parameter function of the Mittag-Leftler type plays a very important role in the fractional
calculus [5]. We recall the following important properties of the Mittag-Leffler function essential in
our analysis.

Lemma 2.1. Let 0 <@ <2 and § € R be arbitrary and =} < u < min(rr,an), then there exists a constant
C =C(a,B,u) such that

C+z)", B-a¢Z,
< < <
[Eas(@)] < { CA+lz)2 B-aecz, H= larg(@)] <, 2.7)
where the notation Z~ denotes the set of nonpositive integers, i.e., Z~ ={0, —1, —=2,...}.

Throughout we always make the following standing assumption on the fractional orders @ and vy,
which is sufficient to ensure the well-posedness of Eq (1.1) (see [2,5]).

Assumption 2.1. LetO<a<1,0<y<1witha+y> %

On the Assumption 2.1, for g € (0,«], the regularity of noise can be characterized as follows (see
Lemma A.1 of [5]):

Bk Bx 1
1A 0 = 1A Q> llus < C, (2.8)
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where (with £ > 0 small)

2, if $<y<l,
k={ 2-¢, if y=31, (2.9)

2—1_%—8, ifOS’y<%.

Now we state the smoothing property of the operators E(), E(t), and E().

Lemma 2.2. There exists C such that for t > 0, we have

IAE(0)]| < Cr*, s€0,1], (2.10)
IATE@)| < Ct, se€0,1], (2.11)
NA*E(r)|| < C17971 ) s €10,1], (2.12)
IA~E@) < C1*2, s> 0, (2.13)
IASE@)|| < CrA=91 ) s e0,1], (2.14)
IAZE(@®)|| < 1772, 5> 0. (2.15)

Proof. We just prove (2.13). The other conclusions can be obtained by using the similar method. By
Lemma 2.1, we have

. —sqa—2
-5 _ -5 a=2 A a-2
=B = A7t B AN < s o <

This completes the proof of the lemma. O
Remark 2.1. Overall, the corresponding conclusions are the smoothing properties of the heat
semigroup, when a — 1 and y — 0, see [17].

In the qualitative theory of nonlinear PDEs, the subsequent Gronwall type inequalities play a very
important role in error estimate.

Lemma 2.3. [3]LetT >0, NeN, k= %, and t, = nk for 0 <n < N. If {1,....,{n > 0 satisfy for some
My, My >0, and u, v > 0, the inequality
n-1
Gy < Mo(1+6"")+ Mik ) 13170, 1<n <N,
=1

then there exists a constant My, = M>(u,v,M,,T) such that ,, < MoM>(1 + t;““), 1<n<N.

To mimic Assumption 2.14 as stated in book [7], let Pr be the o-field of predictable stochastic
processes, and B(S) be the Borel o-field of S. Given the available options, we shall make some
reasonable assumptions about the nonlinear parts.

Assumption 2.2. The mapping f: [0,TI1xQxH — H™', (t,w,h) = f(t,w,h) is Pr x B(H)/BH")
measurable. When ¢ € (0, %), there exists a constant C that satisfies the following expression:

1/ (11, 0,h) = f(tz, 0, Wl < C(1+ IRl = 11)°, (2.16)

forallhe H 0<t; <t <T, weQ.
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3. Non-smooth data analysis for stochastic problem

In this section, we formulate the Galerkin finite element methods for spatial discretization in
combination with time discretization based on an exponential Euler type method for approximation
of (1.1). Let 7, be aregular shaped quasi-uniform triangulation of the domain D, and let S, C Hé (D) be
the space of continuous piecewise linear functions on the triangulation 7. We define the L,-projection
P,:H— S, by

(P ) = (), X €S s (3.1

and the Ritz projection Ry, : Hy — S, by

Cl(RhM,X) = a(uv\/)’ X € Sha

where a(u, y) = (Vu,Vy) is the associated bilinear form.

Note that by interpreting the righthand side of (3.1) as a duality pairing between H'(D) and H~'(D),
one may extend P to be a bounded operator from H™ (D) to S,. It is well-known that the operators P,
and R;, have the following approximation properties [18].

Lemma 3.1. The operators P;, and R), satisfy

[Py —ull+h|IV(Pu—u)l < Ch¥ul,, for uc H, g=1,2,
IRy —ull + ||V (Ryu—w)| < Chlul,, for u€H?, g=1,2.

The semi-discrete Galerkin FEM scheme for (1.1) is to find u;,(¢) € S}, such that

cD§ (1) + Apun(t) = Py f(un(0) + o] PaW (1), 0 <1 < T,
’ (3.2)
un(0) = Ppuo,
where the discrete Laplacian A, is defined by
Ah : Sh - S]’H (Ah'//, X) = a("/” X)7 VW, X € Sh‘
Naturally, we present the discrete analogues of operators E(?), Eu(t), and E,(t) as follows
En(1) := Eq1(=1°Ap), (3.3)
Ep(1) := 1" Eq o(~1°A)), 34
E(t) := " Eqquy(—1"Ap). (3.5)

Now, let 0 <ty <t; <--- <ty =T be a uniform partion of time interval [0,7T], with time step
At =ty —t,, m=0,1,--- ;M —1. Hence, the fully discrete approximation of (1.1) is given by
m—1 tj+l _ . I —
U, = Ey(t,)Ppuo + Z f E,t, — O')dO'(PhF(U;l)) + f E,(t, —o)P,dW(o), 3.6)
j:0 tj 0
with initial value U} = Pju.
Let us introduce and prove some Lemmas that will play an important role later on.
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Lemma 3.2. [10] Let 0 < w <u <2. For a €(0,1), there exists a constant C such that
ICE®) - Ef )PVl < CH'EZ Ml forve HY.

We now turn to the non-smooth data error estimates of the approximations to E(f)g, g € H in the
semi-discrete case.

Lemma3.3. Let0<s<1and 0 <r<2withr+s<?2. For g € H, there holds
IA2(E(t) — Ej()Py)gll < CR*™ 7177 g]|. (3.7)

Proof. In the case s = 0, by the inverse Laplace transform, for any given g € H, we have

— 1
E(Hg = —f e (¥ +A) " gdz, (3.8)
27 Jr,,
— 1
Er()Prg = — f ¢ (2 + Ay Prgdz (3.9)
27T1 Tos

where I, = {z € Ty : |3zl < I}, and Ty = {z€ C: z=re*’,r 2 6}U{z€ C: z=de",|¢| < 0}, § <O <,
I>6.
Let us first show (3.7). For any fixed g € H, we have, by (3.8) and (3.9),

|Eo-Eop)esc [ e

T,

(@ + A" =@+ A" Py g|1dal

By [4], p. 820, we get ||((Z" + A —(z* +Ah)‘1Ph)g|| < Ch?*||gll, Yz € T'y5. Hence, we have

IE@) - ExdPi)gll < Ch gl f + f )e®|dz]
{z€C:z=0¢¢,|p|<6) {z€C:z=re*i r>6)

=1+11.

For I, with z = 6¢”, we have 6 = +~!, where ' < Z for sufficiently small 7,

0

0
1< Chgl| f €05 dp < Ch?||gll6 f e dp < Ch*t™'||g].
] —

0

For 11, with z = re*™®, we have r > 6,6 = !,

11 < Ch2||g||f e dr < Chzllgllf e“"dr < Ch2||g||t_1f e dx < Ch*t™'|g],
B ! c

where ¢, C is some suitable positive constant.
Meanwhile, by (2.12) and the triangle inequality,

I(E(t)— Ex(t)Pp)gll < Ct* " gl
Similarly, for s = 1, there holds
IA2(E(t) — Ex()Py)gll < Chr ™ |1gll.

Now the desired assertion follows by interpolation, which completes the proof. O
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The next lemma gives an error estimate on E (7). More details can be found in Lemma 4.4 of [5].

Lemma3.4. Let0<s<1and0<r<2withr+s<?2. For g € H, there holds
A2 (E(t) - E(0)Py)gll < CH*~S"1 2 1 jg]]. (3.10)

Based on the previous discussion, we are ready to prove the error estimates for the fully discrete
approximation.

Theorem 3.1. For 0 <r <2 and ra+2y > 1, by the Assumptions 2.1 and 2.2, with v € [0,5), 8 € (0,«],
a+ye (%, 1)and a(2—«k+L—-v)+2y—1¢€(0,1), then there holds
—(2-na

t
sup_[lu(tn) = Uyl < C(A + B max{t, >, In—==1+ Ar™).
1m€l0,T1] h*r

Proof. Due to (1.1), it is formally then equivalent to a nonlinear fractional Volterra type evolution

equation. We can obtain sup ||u(?)|| Ly@um) < C. Subtracting (3.6) from (2.3) and by taking norms, one
1€[0.T]
obtains

IA

”u(tm) —yr

HE(tm)Mo — E(t,,) Prug

Ly(Q:H) Ly(Q:H)

Ly (Q:H)

+ f (E(tn—0) = Esltn - )P, F(u(0))dor
0

¥ fo " (Bt )~ Bt - Py )AW (o

Ly (:H)

m—1 i

nhy f " Bty - Py Pl - FUD)do]
—o V1

= I +JIz+I3+I4-

Ly (Q:H)

Here, we note that I;, I, and I; correspond to the spatial finite element discretization error, while I,
corresponds to the temporal error.
The estimate of /; is a consequence of Lemma 3.2. For w =0 and u =2 —r, we get

—(2-r)a

) <Ch*'ty,?

1 = ||Eouo - Exton P,
ZACEH

For I,, by using (3.7) and r > 0, we have
tW — _
I = H f (E(tm —-o)—-Eu(t,— U))PhF(u(U))da
0

< fo "Bt — o) — Bt — )| (1+ o

tm
e[
0

Tm ra
< f Ch* o> 'do=Ch*"1} .
0

Ly (Q:H)

E(tm —0)— E,(tm — O')HdO’ =C ftm E(O') —Fh(O')HdO'
0
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In the case r = 0, similarly, we split /, into two terms,

h27r IITI
L< f Hi(a)—Eh(a)Hdm f
0 W2

For Iy, noting ||[E(c)|| < Co®" and ||E,(0)]] < Co®~!, then

E(O’) —Eh(O')“dO' =1l + 1.

b < f " HE(O‘) —Eh(a)Hda < Ch e,
0

For I,,, by (3.7) with r = 0, we derive

-
122 <
hzfr
tm
where [, = In ;3.

Now, we estimate /5. Using (3.10), by 1t6’s formula, for trace class and ra +2y > 1, we obtain

s

E(o) —Eh(a)Hda < ﬁ Ch¥" o \do = CR"l),
h —r

N T )
_ fotm (E(tm — )= E(t, — o—)Ph)Hing' <C fotm

tm 2 Im
< Cf do < Cf
0 HS 0

tm ar 2 tm ra
<C f (B oE o1y HQ% do<C f (BT Y do
0 HS 0

< Ch4—2rtrrna+2)/— 1 )

2(C;H)

(E(cr) - Eh(O')) igda'

— — 2 2
For- o Jo!] o

(E(0) - Ex(o))Q?

For 14, by Lemma 2.2, the idea is similar to [9] with different coefficient condition (2 -k +8—-v)+2y —
1 >0, so we get I, < At*. Finally, combining the Gronwall’s inequality of Lemma 2.3, we complete
the proof of Theorem 3.1. O

Under the assumptions of smoothness of the solution operator and the nonlinear term, we can obtain
the following conclusions.

Theorem 3.2. Let p € [2,00) be given such that Assumptions 2.13-2.17 hold, then the unique mild
solution u to (2.3) is continuous with respect to the norm || ||, (.-

Proof. According to the definition of continuity, our goal is to show that

Iim ||u(t) —u(t gy =0
Jlim (1) = i) e
1<ty

with either ¢, or ¢, fixed.

Therefore, with the expression of a mild solution u, we divide ||u(t;) —u(#;)|| L, (1) into five parts,
and only need to show that each of the parts approaches zero when #, — t;. By utilizing the triangle
inequality, we obtain

Juen =, o < |ECOU0-E@yu

p(QHS Ly (S:HY)
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f E(t,~0) f(u(or))dor

" Ly(Q:H*)

fo (B - )~ B - o) futendo]|,

p(Q;Hx)

Lp(Q:H®)

f zg(tz—O')dW(O')

1

fo " (Etz— o)~ Et, - (f))dW(O')H

For the expression M, we apply (2.11) from Lemma 2.2. One yields

and the validity of
1

M,

IA

IA

2—11

HE(fl)Mo —E(fz)MoH

5] .
f A2 E(T)uydr

+ .
L;)(Q;H‘Y)
= M +M,+M;+My+ Ms.
= A2 (E(t) - E(t>))u H
Lt 143 (Bt - E@))ug L
%) B "
- Hf AT E(D)A R uydr
Ly(Q:H) | Ly(Q:H)

141

5] 15}
v . @y
lletoll,,, ;150 - lAZ E(7)lldT < Clluoll,, (. 75+) - T2 dr
P P
151 41

C””O”L,,(Q;H”V) : (t; - l‘lz )

av

lim M; = 0 here is obvious when v > 0.

For M,, we insert a node #; and split it into three parts.

M,

IA

IA

131

n

" f AR E(t - A (Flultr) — f(u(ts))dor

+H f AT E( - AT Fluty)dor

f E(t,~ o) f(u(o))dor

f E(t, - o) f(u(o))do

'L,,(Q;H-‘)

Ly(Q:H®)

f ATE( - A7 (Fu(@) ~ fu)do Lo

Ly(Q:H)

Ly(Q:H)

M21 + M22 + M23.

For M,,, we apply (2.12) from Lemma 2.2, and Assumption 2.2. We obtain

AIMS Mathematics

M>,

IA

IA

IA

f A% E(t, - ) AT (F(u(t2)) — Fu(o Dl dor

5]
Cf (tz _ O_)—%afﬂl'—l(lz _ 0.)5(1 + ”u(o’)”LP(Q;H))dO-
n

Clt—1) 71+ sup flu(@) ).

o€[0.T] Lp(@xH)

Volume 9, Issue 4, 9364-9379.
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Due to 6 € (0, 2) therefore =2 + & > 0, and thus when 1, — 7,, it is valid.
For M22,

My = | f AT E(t - 0)A? (f(u(1) — fu(t:)Ae | ou)

f A E(t - 0)AT (f(u(t)) - Fut))L umdor,

which is formally identical to M,,. When t, — 3 € [t1,1,] holds, the conclusion is valid.

For M,;, with the help of (2.12), one gets

M3

75 _ _1
||f A%E(tz—U)ATf(u(ta))do'lle(g;m

IS

f (=) 2 (14 sup (Y@, )

o€l0,T]

IA

E(tz - O')A f(u(t3))||L «@:mdo

IA

To ensure the continuity property holds, it is sufficient to only have the integration in the last inequality

be well-defined and satisfy the conditions of 1” —2=a>0.

For M3, we prove that the following property holds first. One obtains

IA*E(@)]? 14512 E g qt (AP = |77 Eg g1 (A1)

[

25 2(a-2 2 2
§ A7t @D E a1 (1) (v,0))
1

00 2s
2l1=s)a-2] Z )) 90_)2
t4/1) !

IA

and then we have

M,

[ f (E(ty~ )~ E(ty ~ 0) fu(@)dorlly 10
0

IA

j; ICE(ty = 07) = E(t1 = ) f ()|, sy do

11 %)
IV

o)drAT f (Ul @mydo

IA

< C(lz—l‘l) E ~(I+ sup |lu(o)ll, (QH’))

o€l0,T]

Since ”r =@ > 0 holds here, the conclusion is valid.

For M4, by applying (2.14) and the Ito formula, we can obtain

lz~
My = || f E(t, —o)dW(o)llL,um)
I

1
f |(l‘2—0') s —(t - [,(QH’))
o€l0,T]
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IA

2o~ 1
ClI( f IIAfE(tz—U)IIigda)ZIIL,,@;R)
n

IA

15 1
2-3 -1 5
Cll(f (1, =)’ T2V da) 2 ur)
1

s 1
Clty—t) 1724772,

IA

In order for the conclusion to hold, it is necessary for the conditions of (1 — %)a+y—% >0 to be
satisfied here.
For M5, according to the requirement, we first prove that the following property holds.

IAEDIP < 1A Eq iy 1 (AP = (% Eq iy (A,

(9]

D PCTDE, (1120 6)
j=1

a\2s
2l=s)a+y- 2]2 (’” ) )2’
(1+1r24 )

IA

then we have

M; = | f (E(ts - )~ E(ty - ))AW(@l o
0

IA

Cll(f A2 (E(t; — o) — E(t) - U))Iligdﬁ)% [TRE)
0

11 12 e
= Cll(f f IIAfE(T—U)Iligdv)%llL,,m;R)
0 I3

11 15 )
C||(f f [(T—O')(l_%)aw_z]zd‘rd(?')%||L,,(Q;R)
0 n

IA

3l
— — — 2y— 1
= CIl( f (=) V"5 —(t,—0) * P do) 2| aumy
0

< Clty—ty) 72,

The last term of the inequality only needs to satisfy the condition of (1 — %)a+y—% > 0. Thus, the
theorem is proved. O

4. Numerical implementation

We conducted several numerical experiments in this section to validate our previous theoretical
findings. To illustrate the theoretical results obtained in Theorem 3.1 for a € (0, 1), we provide two
numerical examples. Specifically, we set T = 0.1, D = (0,1), and F(u) = sin(u).

To explain the computer implementation of the full-discrete method (3.6), we make the assumption

that the covariance operator Q possesses the same eigenfunctions as A, such that Qv = )} (v, or) k.
k=1

Furthermore, we assume that W(¢) has the following Fourier series expansion: W(t) = Y7, ,u,l(/ Zgok,Bk(t).
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Thus, the semi-discrete solution UZ ., Satisfies

1+

m—1
UM op = Ead(~3ADPrttos+ ) f (t = )" Eqo(~(t — )" Ao - Py Fi(ut,))
j=0 Yl

. f
+ f (tm - 0-)(Z+y_1Ea,a+y(_(tm - O-)QAh)PhluZ d,Bk(O'),
0

where ug; = (ug, ¢r), Fr(-) = (F(-),¢r), and By(o) for k = 1,...,N are mutually independent standard
Brownian motions.

In our experiments, we investigated the dependence of the error estimates in Theorem 3.1 on the
time step size Ar. To approximate the exact solution, we used the fully discrete solution with a small
time step size of At = 27'° and a spatial step size of Ax = 27'°. The theoretical rate of convergence is
av for v € (0, 1), which approaches @ as v — 1.

To conduct the experiments, we fixed a small spatial step size Ax and considered a sequence of
moderate time step sizes At; =27, i =2,...,5. We performed M = 100 simulations for each time step
size At;. In each simulation wj, j=1,2,...,M, we generated N, independent Brownian motions (1),
k=1,2,...,N,. The initial data was set to uy = 1, and we defined the nonlinear operator F'(u) = sin(u).

In Figure 1, we investigated the effects of different parameters @ and y. We observed that the
numerical results are consistent with the theoretical results stated in Theorem 3.1. The numerical
values vary slightly due to the limited range of @ and y. As the mesh size is refined, the numerical
experiments support the theoretical findings in Theorem 3.1.

x10°

—*— 0=0.6,y=0.6

6F a=0.7,y=0.6 order=0.65

order=0.76

order=0.89

0 0.05 0.1 0.15 0.2 0.25
At

Figure 1. The L,(Q; H) errors and orders of convergence with a € (0, 1).

In the following analysis, we focus on the spatial convergence. To this end, we consider a fixed
number of space steps M = 200 and final time 7 = 1, and we obtain the reference solution at N = 480.
Next, we compute the numerical results for different combinations of fractional orders e and 7y, with
trace class noise (with m = 2). Table 1 illustrates the results, which show that an O(h?) convergence
order is observed for all combinations. We observed that the initial convergence rate changes slowly,
but as the mesh is refined, the results are in excellent agreement with the theoretical predictions from
Theorem 3.1.
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Table 1. The L*(Q; H)-error with trace class noise (m=2) at T = 1.

vy | d\M 10 20 40 80 160 order
0.2 | 0.3 | 7.6512e-03 2.0123e-03 5.1534e-04 1.2745e-04 2.9646e-05 | 2.00 (2.00)
0.7 | 4.8203e-03 1.3214e-03 3.4625e-04 8.7435e-05 2.0347e-05 | 1.97 (2.00)
0.6 | 0.3 |2.3923e-03 6.2545e-04 1.5964e-04 3.9323e-05 9.0951e-06 | 2.01 (2.00)
0.7 | 2.2653e-03 5.9214e-04 1.5031e-04 3.7334e-05 8.6453e-06 | 2.00 (2.00)
0.8 | 0.3 | 2.0211e-03 5.2732e-04 1.3312e-04 3.3132e-05 7.6553e-06 | 2.01 (2.00)
0.7 | 2.0132e-03 5.2513e-04 1.3321e-04 3.3051e-05 7.6249e-06 | 2.01 (2.00)

5. Conclusions

In this study, we proposed a numerical method for solving stochastic semilinear subdiffusion
equations driven by fractionally integrated additive noise. The temporal discretization relies on
Mittag-Leffler integrators, while the spatial discretization is based on the finite element method. The
effectiveness of the proposed method was demonstrated through illustrative examples that provided
support for the theoretical analysis. In the next phase, we aim to enhance efficiency by incorporating
the stochastic fractional system model. We also plan to preserve important physical properties and
structures, such as positivity preservation, maximum principle, long time behavior, and investigate
singular solutions. This includes studying the uniform L1 long time behavior of time discretization
for time-fractional partial differential equations with non-smooth data. Additionally, we will develop
a finite volume scheme for two-dimensional time-fractional stochastic Fokker-Planck equations on
distorted meshes, which preserves the maximum principle.
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