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Abstract: In this article, we investigate the robustness of memristive-based neural networks (MNNs)
with deviating arguments (DAs) and stochastic perturbations (SPs). Based on the set-valued mapping
method, differential inclusion theory and Gronwall inequalities, we derive the upper bounds for the
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demonstrate the effectiveness of the results.
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1. Introduction

The memristors were initially introduced by Chua in 1971 to describe the relationship between
charge and magnetic flux [1]. It was predicted to be the fourth fundamental circuit element, distinct
from resistors, capacitors and inductors. In 2008, the research team at HP laboratories successfully
created a practical memristor device with valuable applications [2]. Similar to conventional resistors,
the memristors can handle safe currents through the device. Furthermore, its value changes based on
the amount of charge passing through it, therefore the memristors have memory functionality [3—7]. As
aresult, an increasing number of researchers have been using memristors instead of traditional resistors
to serve as connection weights between neurons and for self-feedback connection weights, forming
a state-dependent nonlinear switching system known as a memristive neural networks (MNNs).
Compared to conventional artificial neural networks (NNs), MNNs possess stronger computational
capabilities and information capacity, thereby enhancing the applications of NNs in associative
memory, signal processing and image processing [8—13].

The dynamic behavior of MNNs is fundamental to their applications; therefore, it necessary to
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analyze their dynamic characteristics [10, 14]. Among the various dynamic behaviors of MNNs,
synchronization is an important and fundamental feature. The synchronization of MNNs has
garnered extensive attention from researchers due to its numerous potential applications in artificial
intelligence, information science, secure communications and various other fields [15-17]. In [5],
Du et al. derived finite-time (FNT) synchronization criteria for fractional-order MNNs with delays
using the fractional-order Gronwall inequality. The FNT/fixed time (FXT) stability of MNNs was
tudied in [18], by designing a synovial membrane controller, the MNNs reaches the sliding-mode
surface in FNT/FXT. In [10-18], synchronization criteria were obtained for MNNs with either delays
or random interference. The above discussions mostly focus on the synchronization of MNNs with
time delays, and few have considered the exponential synchronization (ESy) of MNNs with deviating
arguments (DAs).

The theory of DAs differential equations was proposed by Shah and Wiener in 1983 [19].
In [20], by transforming these equations into equivalent integral equations, new stability conditions
were obtained. These equations involve DAs, combining the properties of discrete and continuous
equations [21-23]. During the system’s operation, the relevant arguments characteristics can be altered,
allowing the system to become a combination of lag and advance equations [24, 25]. As a result,
systems with DAs have broader applications compared to systems with time delays. Reference [26]
investigates recurrent neural networks with DAs and establishes criteria for the global exponential
stability. In order to further explore the impact of DAs on the exponential stability (ESt) of the system:s,
the robustness analysis of a fuzzy cellular neural networks with DAs and stochastic disturbance
is discussed in [23]. The signals transmitted between MNNs are inevitably subject to stochastic
perturbations (SPs) caused by environmental uncertainties [27-31]. For systems with SPs, the feature
can significantly impact the dynamic behavior of the system, leading to either synchronization or
desynchronization under certain levels of SPs [32-34]. For example, for the following simple linear
systems dx(t) = ax(t)dt and dy(t) = ay(t)dt, the error system is de(t) = ae(t)dt. The system is
stable only when a < 0. However, the stability of the system is affected by SPs. Therefore, consider
the following system de(t) = ae(t)dt + be(t)dB(t). The system is almost surely ESt if and only if
the condition b* > 2a is satisfied [35]. Then, the error system is ESt, it implies that x(#) and y(z)
are exponential synchronization (ESy). Based on the above discussions, we reach the following
conclusion: SPs can disrupt the ESy of a system that was synchronized or facilitate the ESy of a
system that was initially unsynchronized. If a MNNs with SPs are ESy, can we obtain upper bounds
such that the MNNs remains ESy when the SPs are smaller than the bounds?

Based on the discussion above, MNNs can lose synchronization when subjected to disturbances
from external perturbations and DAs, provided that the intensity of perturbations and the width of
arguments exceed certain limits. In [27, 30-34, 36, 37], there are important results regarding the
synchronization of MNNs under external disturbances. In [21-23], scholars research on MNNs
with DAs. It is important to note that the aforementioned literature primarily focuses on the
synchronization of MNNs than its robustness. Therefore, an interesting question arises: Under the
control strategy, how much argument length and perturbation intensity can MNNs with ESy endure
without losing synchronization?

The major contributions of this paper include the following aspects:

e Compared to the references [5-7, 11, 16], we focus on the synchronization of MNNs with DAs.
The systems with DAs have broader applications compared to traditionally time-delayed systems.
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e The references [8—17] extensively investigated MNNs with time delays, providing various stability
and synchronization criteria. In references [28,29, 33, 34], the robustness of ESt in systems with both
time delays and SPs was further explored. In references [23,27], Fang et al. studied the robustness of
ESt in fuzzy cellular neural networks with DAs. In contrast to the aforementioned literatures, we focus
on the robustness of ESy in MNNs, utilizing the set-valued mapping method, differential inclusion
theory and Gronwall inequalities, we derive the upper bounds for the DAs and SPs.

e Compared to the references [22-25,32-34]. The MNNs with state switching that we consider and
results in a more complex system structure.

The paper is organized as follows. In Section II, we introduce the model, assumptions and some
preliminary lemmas. In Section III, we present the theorems and lemmas derived in this paper. In
Section VI, we provide several examples to validate the feasibility of our results. Finally, in Section V,
we have summarized the work carried out in this paper.

2. Preliminaries

2.1. Notation

In the paper, R" is Euclidean space, N represents integers, |[y(?)|| is the norm of vector y(¢),
where y(f) € R" and ||y(?)|| = Zzzl lx(?)], the norm [|A|| of the matrix A is given by ||A||, where
A = max<y<p Zgzl la,q|. For two real-valued sequences pi, mx, where k € N, it holds that p < i1,
Pr < M < pgyq for all k € N with i, — oo as k — oo.

Let (Q,F,{Fi}=,.P) is a complete probability space with a filtration {F}, (the filtration
contains all P-null sets and is right continuous). L;O ([-7,0]; R") is the family of all Fy-measurable
C([-7,0]; R"), the state variable & = {£(s); T < &(s) < O} satisfies sup_._ E(|[£(s)||P) < oo. E(-) is the
mathematical expectation in the probability space.

2.2. Preparation
Consider the MNNSs as the derive system with the SPs,

dw,(t) =[-d,w,(1) + Z Apg(Wy(D) fa(wy (D) + I,(D]dt + ow,(Hdw(t), (2.1)
g=1
where p = 1,2,---,n, wy(t) are the state variables, and fq(wq(t)) are the activation functions;

d, > 0 is a self-feedback connection weights and 1,(¢) is the external inputs, a,, (wq(t)) is the
memristive connection weights, o is the interference intensity. w;(f) represents Brownian motion on
the compete space.
For convenience, we use w,, w,, dp, (wq),up, w to replace w, (1), wy(1), a,, (wq(t)),up(t), w(1),
respectively. The initial conditions of (2.1) is
Wp(tO) = $p-

The corresponding response system,

dv,(t) =[-d,v,(1) + Z Apg(ve(D) fo(vy (D) + 1,(1) + u,(D)]dt + ov,(Ddw(D). (2.2)

g=1
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For convenience, we use v, vy, dpqg (vq) , U, to replace v, (1), v (1), apg (vq(t)) , up(1), respectively. Then,
the memristive parameter of (2.1) and (2.2) are expressed as

a-'(w ) _ ] 9 <Ty a~(v ) _ ) g
13 l
i\Wq >1, i\

Apg> Apg>

<T

—_ qs

> Ty,

Wq
Wq

Vg
Vq

where i, j € N, weights a,,, a,, and switching jumps T, > 0. The initial value of (2) are

vp(to) = ¢p.

The linear feedback controller u), is designed as follows

up(t) = _é‘:p(vp(t) - Wp(t))-

The error system between the drive system (2.1) and the response system (2.2) is defined as

€p=Vp—Wp, U, =p— ¢, pEN. (2.3)

Remark 1. We can observe that MNNs can be categorized as discontinuous switched systems, which
necessitates considering the solution to MNNs (1) using the Filippov’s sense. In the following, we will
introduce certain definitions pertaining to set-valued maps and the Filippov solution.

Definition 1. (Set-valued map [38]) Consider a set E € R". A set-valued map is defined as follows:
For each point x in the set E, there exists a nonempty set F(x) € R” such that x is mapped to F(x).
Definition 2. (Differential inclusion [38]) For a discontinuous differential system i(¢) = F(t,r,), t > 0,
the function r, is the solution of the differential equation in the Filippov sense, t € [0,#], #; > 0, if is
absolutely continuous and satisfies the following differential inclusion:

re G(t’ rl‘)7

where t € [0, +o0], r € R”, the initial condition »(0) = ry € C([—7,0],R"). The G(t, r,) is a set-valued
mapping, satisfies
Gt,r) = () [ ) SOLfBr, DN,
>0 6(N)=0
where co is the convex closure hull of a set, B(r,,I") = {x : |[x — /]| < I'}, ' > 0 and 6(N) is Lebesgue
measure of set N.
The set value mapps of memristive parameters is as follows:

%pg |Wq| <Ty Apgs |Vq| <T,,
K[apq (Wq)] =1 ° {apq,apq} ’ |W‘i| =T K[apq (VQ)] =\ {apq’apq} ’ |Vq| =T,
Apq> |W‘I| > T‘I’ Apgs Wyl > Tq,

where p,q € N. K[a,,(w,)] and K[a,,(v,)] are all closed, convex and compact about wy, v,.
According to Definitions 1 and 2, the Filippov solution of the systems (1) and (2) can be written as:

dw, (1) €l=dyw, + > Klapwolfy(wg) + I,)ds + owydw. (2.4)

g=1
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dvy() €l=dpvy + > Klap(v)lfy(v) + I, + u,ldt + ow,(dew. 2.5)

s
Similarly, there exist
Apg (Wq) €k [apq (Wc/)] » Opg (Vq) ek [apq (Vf/)] ’
such that i
dw, =[-d,w, + Z apg(Wo) fa(wy) + 1,lds + ow,dw,
=1

; (2.6)
dv, =[-d,v, + Z apgve) fu(vy) + 1, + u,ldt + ow,dw.
g=1
From (6), lete, = v, —w,,
de, = ~[(d, +£)ey + ) apgleg) fy(e,)dt + reydw, 2.7
g=1
where a,q(eg) fy(eq) = apa(We) fg(Wq) = lipg(ve) fo(vy)-
The following error system without random disturbance:
2 =—(dp +&p)zp + Z pq(2q) fo(2g)- (2.8)
g=1
The initial conditions is
Zp(to) = 1111277 p = 17”' ’n-
The (2.7) and (2.8) can be rewritten as
de(t) = [-(D + C)e(t) + AF(e())]dt + oe(t)dw(t) (2.9)

2(1) = —(D + O)z(t) + AF (z(1)),

where e(r) = (ei(n), - ,e, ) T, 2() = (@@, ,z0), C = diag{é,&, -+ ,&) D =
diagldy.dy, -+ do}. A = (8y), . Fle(®) = (filer). . fulea))-

The mian result of the paper are base on the following definitions, assumptions and lemmas.
Definition 3. (Exponential synchronization (ESy)) If the error system x(f) is exponential
stability (ESt). Then, the MNNs (2.1) and (2.2) are described as ESy, there exsit two nonnegative
constant « and 3,

Xl < ally'llexp(=(t - 1)),

where ¢! = (1, -+ ,¢,)" is any initial condition, # < 0.

Definition 4. (Mean square exponential synchronization (MSESy)) The state y(¢) of system (2.7) is
said to be MSESt. Then the MNNs (2.1) and (2.2) are described as MSESy, if for any 7, € R*, ¢! € R",
there exist 8 > 0 and ¢ > 0 such that

Elx(0)IP < 6lly'|I? exp{=20( — 10)).
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Assumption 1. The activation functions f(-) and g,(-) satisfy

1fawp) = fpll < filwp = vpll, llggwp) = fopll < ggllwy — vyl

where f, g7 > 0 are Lipschitz constants, w), v, € R".
Under Assumption 1, we have the following conclude: The MSESt of system (2.7) implies the
almost sure ESt of system (2.7), see [39].
Assumption 2. f, (—_i—Tq) =g (iTq) =0.
Lemma 1. [14] From Assumptions 1 and 2, then

Vg = Wq|

K ()l £ (v0) = K [aga ()] £ ()] <

for i, j € N.
That is, for any a,, (wq) ekK [apq (wq)] s pg (vq) ek [apq (vq)].

Vg — Wq|,

;(v) £, (va) = @y (ws) £, (W‘f)' < oy

apq -
Lemma 2. [40] (Granwall inequalities) Suppose J(¢), 6(¢) and u(¢) are continuous real-valued functions,
and 6(¢) is integrable over the interval I = [1y, t], if 9(¢) > 0 and u(¢) satisfies

. ,
where a,, = max {|apq| ,

u(r) < 0(r) + f F(s)u(s)ds,

fo
then,

u(t) < 6(r) + f O(s)(s) exp (f ﬂ(r)dr) ds,

fo

where t > ¢,.
In addition, if 6(¢) is non-decreasing, then

u(t) < 6(tr) exp ( f ﬂ(s)ds).

Assumption 3. There exists a nonnegative constant p that satisfies, py.1 — px < p, for all k € N.
Assumption 4. h,p + hyp(1 + hyp) explhyp} < 1,

where by = ||B[[[|G"[lp, ho = |ICI| + |IDI| + |A™[|[[F™]].
Assumption 5. p(31; + 9L + 12 + 3111) < 1,

where 1} = 9p°||B*IPIIG*I, L = 3pQIICIP + 2IIDIP + IA*IPIIF*IIP) + 6.

Under the influence of the linear controller, the error system (2.7) can achieve ESt, that is,
systems (2.1) and (2.2) can achieve ESy. The next question is how much the SPs and DAs intensities
can make the system can maintain ESy.
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3. Main results

3.1. Effects of SPs on MNNs synchronization

Theorem 1. Let Assumption 1 hold, MNNs (2.8) is ESt. Then MNNs (2.7) is ESt, that is, the master
system MNNSs (2.1) and the slave system MNNs (2.2) are ESy. if |o| < &, 7 is the unique nonnegative
solution of the transcendental equation below.

Q4TIA"IPIFI? + 20)6/9 exp{8T(AT(|DII?

3.1
+ICIP + 3IA"IPIFP) + o)} + 20 exp{ 49T} = 1, G-D

where T > In(20)/(49) > 0, A* = (a,,))nxn, F* = maxjen{f;}, T is the time interval.
Proof. z(t) and e(t) have the same initial value, y' = 2,

t

2(t) — e(t) = f [—D(z(s) — e(s)) + AF(z(s)) — AF(e(s)) — C(z(s) — e(s))]dt — f oe(s)dw(r).

fo fo

The ESt of the MNNs (2.8), when ¢ > ¢,

f Ellz(s)II” =f Oy 1l exp{=20( — 10)} < 6lly°|I*/29.

fo 1o

When ¢ < 1, + 2T, by utilizing the Cauchy-Schwarz inequalities and Lemma 1, we can conclude the
following:

Ellz(t) - eI <2E| f |[-D ((s) = e(s)) + AF(a(5) = AF(e(5)) = C(a(s) - e(s)] dsP
- 2E| f ore(t)da(s)|P
<2F f 1ds f [Il = D(a(s) - e(s) + AF (a(5)) = AF(e(s)) = Cals) — e

+ 207 f Elle(s) — z(s) + z(s)|[*ds

fo

f
S4TEf A(IDIPIIz(s) = eI + IATIPHE Pz + NAIPNE P lle()I

+ICIPlIz(s) — e(s)IIP)ds + 207 f Elle(s) = z(s) + z(s)I[*ds.

Then, t
Ellz(t) - e(@)I* < [1671‘(|ID||2 +IICIP + 2IA*IPIFIP) + 4(72] f Ellz(s) — e(s)’ds

fo

+ (16TGIA"IPIFIP) + 407) f Ellz(s)|’ds
f0 3.2)

t
< [16T(|IDII2 +IICIP + 20A"IPIF?) + 402] f Ellz(s) — e(s)IPds

fo

+ (STGIATIPIFIP) + 207) 611’1 /9,
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Whent) + T <t < 1, + 2T, by applying Lemma 2,
Ellz(t) — e@)I* < (STGIA"IPIF|P) + 207) 61l /8 exp {(16T(IDIP
+ [ICIP + 204" IPIFI) + 40Xt — 1))
< (24TIA"IPIF"|P + 20°) 6/8 exp {STAIDI + ICIP + 204" IPIF°I?) + 0}

x( sup Ellzol)

to<t<to+2T

(3.3)

Whenty+ T <t <ty + 2T,
Elle(dI? <2E||z(t) — eI” + 2Ellz(0)I
S((24T||A>'<||2||1[7*||2 +20)0/9 exp{8TAT(IDI + IICI* + 20A*IPIIF*II) + 02)})

X( sup EIIZ(t)Ilz)+29||902||26XP{—219(t—to)}

to<t<to+T

(3.4)
S((24TIIA*IIZIIF*II2 + 202)9/19 exp{8TAT(IDI + [ICI + 21l A" IPIF*IP) + o))

+296xp{—4ﬁT})x( sup ||e(t)||2).

to<t<to+T

From (11), when |o| < &7,
QATIA*IPIFII* + 202)0/9 exp{8T@AT(|D|* + [|CI* + 3|lA*|1Pk?) + 02)} + 20 exp{—49T} < 1.
Let
y=- 1n{(24T||A*||2||F*||2 +202)0/9 exp{8TAET(IDI* + |ICII* + 3||A*|1PK?) + o)} + 26 exp{—4ﬁT}}/T.

So,y >0,
sup  [le(ll < exp(—yT)( sup IIe(t)II). (3.5)

to+T<t<ty+2T to<t<to+T

Then, for any nonnegative integer M = 1,2,---, whent > ) + (M - 1)T,

e(t;tg,eq) =e(t;to+ M — DT, e(tg + M — 1)T)). 3.6)
From (3.5) and (3.6)
sup lle (; 70, €0) || = ( sup lle (#; 00 + M — DT, e (to + M — 1)T; 10, €0)) |l
to+MT<t<to+(m+1)T to+(M—-DT+T<t<to+M-1)T+2T

< exp(—yT) ( sup lle (£; 7o, €0) ||)

to+(M-1)T<r<tg+mT
SCXP(—YMT)( sup ||€(f;lo,€o)||)
to<t<to+T

= Nexp(—yMT),
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where
N= sup [le(t1,eo)ll

to<t<to+T

So for V¢ > 1ty + T, there have a nonnegative integer M such that ) + MT <t <ty + (M + 1)T,

lle (t; 19, e0) || < Nexp (—yt + yto + ¥yT) = (Nexp(yT)) exp (—y (t — tp)) .
The condition is also genuine when 7y < f < fy + T. So system (2.7) is ESt.

The following analysis considers the influence of the DAs on the ESy of the master-slave system.

3.2. Effects of DAs on MNNs synchronization
Consider the derive system with the DAs,

Wp(t) = = dpwp(D) + > apgwyO)fywa(®) + D bpwe(y(D)gg(wy(y(1) + 1, (0)

q=1 q=1 . )
w,(fo) =¢o,

where g,(w,(?)) 1s the activation functions with DAs, a,,(w,(?)) and b,,(w,(y(?))) are the memristive
connection weights without and with DAs respectively.
The corresponding response system:

Vp(t) = =dpvy(1) + Z Apg(Vg(D) fo(vg(D) + Z bpg(ve(Y(O))8q(ve(Y (1)) + 1(1) + (1)

=1 g=1 (3.8)
vy(to) = do.
The Filippov solution of the systems (3.7) and (3.8) are
oy € = dywy + " Klapg Wl fwg) + | Klbpg(wy(y)120wg(y) + w), (3.9)
q=1 g=1
vp € - dpvp + Z K[apq(vq)]f(vq) + Z K[bpq(vq(y))]g(vq(Y)) + Wp + Mp, (310)
q=1 g=1

in which w(y) = w(y(1)), v(y) = v(¥(1)).
The set-valued maps be defined as follows

s, s,

bypys W,| < T, bys 54| < T,
Klow (7)) = 0 b (5] = T K[ )] =1 0 b} [ =T,
bys .| > T, bgs |54 > T,

where Ww,, v, to replace w,(y),v,(y). Kla,,(W,)] and Kl[a,,(¥,)] are all closed, convex and compact
about w,, ¥,.
There exist

g (70) € K [ (90)]» B () € K [y ()]
g (v0) € K [ang (v)] B () € K [0 (7)].

AIMS Mathematics Volume 9, Issue 1, 918-941.
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Lete, =v,—w,,
ep==(dy+Eeg+ Y dpgle)fyleg) + D bpgles)ggle,(y),
g=1 gq=1

where gpq(eq)gq(ep) = qu(wq)gq(wp) - qu(vq)gq(vp)-
The following error system without DAs,

2y =~y +E)7p + D dpG)fiG) + D brala8a(y):
g=1 q=1
The (3.11) and (3.12) can be rewritten as
é(t) = —De(t) + AFe(t) + BG(e(y(1))) — Ce(?),

2(t) = —=Dz(t) + AFz(f) + BG(e(?)) — Cz(1),

where B = (qu)nxn’ Ge(0) = (gi(e1()), -, galen(®))).

(3.11)

(3.12)

(3.13)

(3.14)

Lemma 3. Consider the MNNs (3.11) with DAs and the Assumptions 3 and 4 hold, the following

inequality is established,
e(y(1) < pe(r).

Proof. For y(t) = m; and 1 € [px, prs1],
e(t) =e(ny) + f (=De(s) + AF(e(s)) + B(G(e(s))) — Ce(s))ds.
7k

Utilizing Lemmas 1 and 2,

lle@Il <lleGrll + | f (=De(s) + AF(e(s)) + BGe(ny) — Ce(s))ds]|
Mk

t
<+ IB'G lo)llemoll + | ICI + [IDIF + [IATIIE"IDlle(s)lid s
Mk

<[(A +IB*IG"lo)lleCmlll exptdICIll + DIl + NA™IIF~De},

where B = (b;q)m, G = maxqu{gj;}, then

lle@oll <lle®Il + pllBIIG el + f(IICII + DIl + IATE IDlleCs)lid s
Mk
<lle®Il + (hip + hap(1 + hip))lle(mi)ll expihzp},

where hy = [|BY([[|G™|l, hiz = lICIl + [ DI + [|A[[I1F7].

(1 — (up + hyo(1 + hip) exp{th»)ne(nk)n < lle)ll.

(3.15)
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Therefore, for Assumption 4,

-1
lleCmll S(l = (mp + hop(1 + hyp) eXP{th})) lle(®ll
=plle(@ll,

(3.16)

-1
where u = (1 — (hip + hop(1 + hyp) exp{th})) , for t € [p, pry1]. With regards to arbitrary values of ¢

and k, (3.16) holds for t € R*.

Remark 2. When considering MNNs (3.11) on the interval [py, pr41], Where k € N, if p, < t < 74,
MNNSs (3.11) behaves as an advanced system. Conversely, if 7, < t < pr1, MMN (3.11) behaves as a
retarded system.

Theorem 2. If Assumptions 1-4 hold, MNNs (3.11) is ESt. Then MMNs (3.12) is ESt, that is, the
derive system MNNs (3.7) and the response system MNNs (3.8) are ESy. If |o| < min{p, p}, where p is
a unique nonnegative solution of the transcend equation:

kya /B exp{2k, T} + a exp{—BT} = 1, (3.17)

where T > In(@)/B, ki = [ICI| + [[DIl + IAIIF*I + pllBANIG™ (I, k2 = (1 + wlI BXIIG™I.
The p is a unique positive solution of the transcend equation:

(hp + hop(1 + hyp) explhop)) = 1. (3.18)

Proof. Utilizing Lemmas 1 and 3, initial value ¢! = ¢, we can conclude the following

ll2(7) — e@)| <] f [—(C + D)(2(s) - e(5)) + AF (2(s)) = AF (e(s)) + BG(z(s)) - BG(()’(S)))] ds
Sf ((ICI+ 1PN+ NATNEIDNzCs) — e()llds + IBTIG Hllz()Il + BTG MlleCy(s)I) ds
< f ((ICI + NDI+ AT DIl(s) — e()ll

+IBTMG Mz(OI + I BNNG lle(s) = z(s) + z(s)lDd's

Sf(IICII+||D||+IIA*IIIF*II+#||B*IIIIG*II)IIZ(S)—e(S)IIdS
+f((1+,u)IIB*IIIIG*II)IIZ(S)IIdS

< f ki(2(s) — e(s))ds + kallvPlla/B,

(3.19)
where k; = ||C[ + [|DI| + [|A*[[|1F*|| + pllBIG™|l, k2 = (1 + wIBIIG*|l.
By Lemma 2, whenty+ T —p <t < 1y + 2T,

lle(t) — z(t)|l < kaar/ Bl || exp{2k; T}.
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So, when 1y + T — p <t <ty + 2T, from (3.19) and the global exponential stability of (3.12),

lle()l| =lle(r) - z(2) + z(D)|
<k, /Bl exp{ 2k, T} + ally?|| exp{—BT)

(3.20)
<(kaer/Bexp(2k T} + exp{—,BT})( sup ||e(t)||).
to—p<t<to+T
From (3.20), when |o| < p,
kya/Bexp{2k,T} + aexp{—-BT} < 1.
Let k; = —(In(k,a/B exp{2k, T} + a exp{—BT}))/T,k; > 0, whenty —p + T <t <ty + 2T,
sup |le(®)ll < exp(—=pT) sup |le()]]. (3.21)
to—p+T<t<ty+2T to—p<t<top+T
Consider the existence and uniqueness of the solution e(?) of (8), when ¢t > 1y — &+ (M — 1)T,
e(t, 1o, xo) =e(t, to — &+ (M — )T, e(to — & + (M — 1)T, 10, x0)). (3.22)

From (3.21) and (3.22),

Sup ”e(ta tO’ e())” = Sup ”e(t’ tO —-p + (M - 1)T7
to—p+mT<t<ty+(m+1)T to—p+M—-1)T+T<t<to+(M-1)T+2T
e(to —p + M = 1T 1o, ep))|| < exp(—pT) sup lle(z; 20, €o)l

to—p+M—-1)T<t<to+mT

<exp(—pmT) sup |le(t; 1o, eo)ll
to—p<t<top+T

= Kk exp —pmT,

where k; = sup, ., lle(t; to, €o)ll-
To go a step further, there is the only scalar m € N such thatty —p + (M — 1)T <t < ¢y + MT,

lle(z; 10, x0)Il < k2 exp(=pMT) < &, exp(pT) exp(—p(r — £o)). (3.23)
Clerly, (3.23) holds forty —p <t <ty + T.
3.3. Effects of DAs and SPs on MNNs synchronization

The following consider MNNs with SPs and DA,

dwp, (1) =[=dpw,(1) + Z apg(We()) fo(wg(D) + Z bpg(we(Y())gq(We(y(1))) + wp(D]dt + ow(Ddaw(t).

" - (3.24)
The corresponding response system,
dv(1) =[=d,v, (1) + Z apg(Vg(D)) f(ve(D) + Z bpg(vg(Y(0)))8q(ve(Y(1))) + w(0) + uy()1ds (3.25)
q=1 g=1 .

+ ovy(dw(t).
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Lete, =v,—w,,
de, =[~dpe, + Zn: apq(eq)folep) + Zn: bpy(eq1gale,0)) — Epeylds + e dw. (3.26)
g=1 q=1
The original system is
p =—dpz, + Zn: pg(2q) fo(zg) + ];pq(zq)gq(zq) —&pep. (3.27)
=1

Further,

de(t) = [-De(t) + AFe(t) + BG((y(1))) — Ce(t)]dt + Te(t)dw(r)
#(t) = —=De(t) + AFe(t) + BG((t)) — Ce(?).

Lemma 4. Let Assumptions 3 and 5 hold, then the following inequality
Elle(y)II* < Alle()I? (3.28)

holds for all t € R*, where A = 3(1 — @)™, @ = p(3l; + 9L, + [5 + 31, 1»).
Proof. For y(t) = n, t € [0k, pr+1], Y € R, dk € N, we have

t

Elle()|* <Elle() + f |-(C + Dye(s) + AF(e(s)) + BG())| ds + f ce(s)dw(s)|”

Tk Mk

<3

Elle(mu)I* + E|l f [—(C + D)e(s) + AF(e(s)) + BG((’]k))] ds|* + E]| f Ue(S)dw(S)llz]
Tk Mk

!
S3[E||e(77k)ll2 + 3pEf 23ICIP + IDIP)lle(s)I + A PN E P lle()I

Mk

!
+IIB*||2||G*||2||6(771<)II2+U2f EII@(S)IIZdS]

Tk

t
<3(1 + 3p°IB PG 1P Elle(o)ll” + 3GpIICIE + 21IDIP + |A"IPI1F*|) + Uz)f Elle(s)IPds.

Mk

Applying Lemma 2,

Elle(®)I> <3 + 90°IB'IPIG"IP) Elle(mu)I* exp{3p(3pIICIE + 21IDIP + IATIPIIFI?) + o))
=(3 + IDElle(ol* exp{3ph),

where [, = 9?|IBIPIIG*IP, L = 3p2IICIP + 2IIDIP + IA*IPIFIP) + o2,
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Similarly, for t € [pk, Pis1],

Elle(mll? s3[E||e<s)||2 +E|l | (=(C + D)e(s) + AFe(s) + BGe(s))ds|* + E|| f (fe(s)dw(s)llz]

etay Mk

S3[E||6(S)II2 + 3pEf CUICIE + IDIP)lle()I + 1A PN lleCs)II?

etay

t
+ 1B IPIG Pllem)l*)ds + sz Elle(S)IlzdS]

Mk

=3Elle(s)I* + 9p*IIBIPIG IPlle@mll> + 3(3p(IC|* + 2I1D7||*)

t
+ A" IPIFIP) + o) | Elle(s)lds
Mk

=3Elle(s)I’ + oGl + 9L + I + 3111) exp{3pL} el

By the Assumption 5,
Ellemol? <3(1 — @)™ Elle(s)II”

=AE[le(s)I,

where @w = p(3l; + 9, + l% +3LL), A = 3(1 — w)~!. Therefore, (3.29) holds for ¢ € [p, pis1]. By the
randomicities of 7 and &, (3.29) holds for all € R.

In the following, we investigate the effects of DAs and SPs on the robustness of ESy of
MNNs (3.26).
Theorem 3. If Assumptions 3—5 and Definition 4 hold, MNNs (3.27) is ESt. Then MMNs (3.26) is
ESt, that is, the derive system MNNs (3.24) and the response system MNNs (3.25) are ESy. If |o| < &,
lol < min{p, o} where p is a unique nonnegative solution of the transcend equation:

(3.29)

vabllyIP /B exp(2vi T} + 2611y°I1° exp{—2TB} = 1, (3.30)

where vy = (24T([CIP> + IDIP + 20A*PIF*IP + 22 BIPIGHP) +4072), va = (12TQ2 + 2)|IB*IPIG*IP +
20%). The p is a unique nonnegative solution of the transcend equation:

li + 9pli1; exp{3plr} = 1. (3.31)
The & is a unique nonnegative solution of the transcend equation:

GOTIA*IPIF|? + 1B IPIGI?) + 20*)8/9 expt12T(4T(|| D]

« x . " (3.32)
+ICIP + 3IA"IPIF? + 3B IPNGTIP) + o)) + 20 exp{—49T} = 1.
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Proof. When ty — p < t < ty + 2T, By applying Lemma 4, initial value ' = y/?,
E|lz(r) - e(n)|* <2E|| ftt[—(c + D)(z(s) — e(s)) + AF(z(5)) — AF(e(s)) + BG(z(s)) — BG((¥(s)))1ds|
0
+2E|| f t oe(s)dw(s)|
fo
<2E jj 1%ds ftt6[(||C||2 + IDIP) + A IPIF Pz + AT PN Plle()IP
0 0
+IBIPIGH PN + IBIPIG Plle(y(s)IP1ds + 207 ftt Elle(s)Ids
0

t
S4TEf 6L(ICIP + IIDIP + 20A*IPIFIP)lz(s) — eI + QIATIPIFIP
1o

+IBIPIG Iz + 221B°IPIG" P lle(s) = 2(s) + 2()I*1ds

+ 207 f Elle(s) — z(s) + z(s)|*ds

fo

t
<QAT(ICIP +IDIP + 20A*IPIF*IP + 227 B*IPIG™ ) + 402)f Ellz(s) — e(s)|
fo
t
+ (24TQ2 + 2B IPIG™|I” + 40) f Elle(s)I?
To

t
<AT(ICIP + IDIP + 21A%IPIFP + 227 B*PIGHP) + 402)f Ellz(s) — e(s)|
0]
+ (12TQ2 + 2B IPIGHI? + 206l /9

=v, f Ellz(s) — e(s)IPds + vl /9,

fo

where vy = (24T([CIP* + IDIP + 20A*IPIFP + 22 BIPIGHP) +402), va = (12TQ2 + 2)|IB*IPIG*IP +
207).
When ty —p <t < 1y + 2T, By applying Lemma 2,

Ellz(t) — e@®II* <v0lly?|I* /9 expu Ty x  sup  Ellz(0|P.

to—p<t<top+T

Then,

Elle(®I* <2Eliz(?) — e(t)I* + 2Ellz(DII?
< bl IP /9 exp2ui T} sup  Ellz()I* + 2611071 exp{—29(t — t0)}

to—p<t<to+T
<0217 /9 exp{2u, T} + 20exp{-2T9}) sup  Elle)|*.

to—p<t<to+T

When [p| < min{p, p}, o] < 7,
vl | /9 exp{2u1 T} + 26110°|I* exp{—2Tp) < 1.
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4. Simulations

We demonstrate the aforementioned theoretical results through three numerical simulations.
Example 1. Consider two dimensional MNNs with SPs.

2
dw, (1) =[~d,w,(®) + Z WD) L, (Wo()) + wo(B)dt + ow,(Ddw (D), i = 1,2, 4.1)
g=1
where

(wy) = 0.1, |wi <1, (wy) = 0.2, |wo| <1,
WD =N 01, jwyl> 1, WYY 02, > 1,
N K S T oy = { 02 AT,
WU =ZN 01, > 1, VYT 202, jwal > L,

wi = (wi,wo), di = dy = 1,q = 1,2, f,(w,) = tanh(w,), wi = wp, = 0, ¢; = (0.3,0.35)",¢, =
(0.2,0.25)T.
The response system is

2
dv,(t) =[—d,v,(t) + Z Apg(Vg(D) (V1) + W, (1) + u,(D)ldt + ow,()dw(1), i = 1,2, 4.2)
g=1
where ¢ = (=0.1,-0.15)7, ¢, = (=0.2,-0.25)".
Let6=1.1,9=0.2,T <In()/9 =0.01, [|A*|| = 0.1, ||F*|| = L||C|| = 0.7,||D|| = 1.
Solving the following transcedental equation,

2.2(24 x 0.01 x 0.01 + 20) exp{0.08(0.04(1 + 0.49 + 0.03) + o)} + 2.2 exp{—4.4 x 0.2} = 1.

We can obtain & = 0.1364, let o = 0.04, o = 0.06, o = 0.1, The state trajectories of MMNs (4.1)
and MNNs (4.2) are shown in Figures 1-3, respectively. It can be seen from the figures that when time
tends to infinity, the states of a and b tend to 0 This can show that when the perturbations intensity o is
less than &, the drive-response systems can achieve Esy. When o = 0.25, The states are illustrated in
Figure 4.

0.5

X1
04r x21| |
) —_—y11
0.3 y21|
x12
0.2} x22| 1
y12
0.1 r y22|
0
o
T 0
w

w7

-0.2
031

-0.4

-0.5 * ' - - ' * -
0 5 10 15 20 25 30 35 40
Time t

Figure 1. State of x(7) and y(r) with o = 0.04.
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Figure 2. State of x(7) and y(r) with o = 0.06.
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Figure 4. State of x(7) and y(r) with o = 0.25.
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Example 2. Consider two-dimensional MNNs with DAs,

2 2
Wp(t) = —d,w,(0) + Z Apg(Wy (D)) fo(wy (1)) + Z DpW (¥ (D)g (W (¥(D)) + wy(2), i = 1,2, (4.3)
q=1 q=1
where

-0.125, |wi| > 1, -0.15, |wy| > 1,

0.125, |wq| <1, 0.15, |wy <1,
ax (wy) = ax (wy) =

0.125, |wq| <1, 0.15, |wy <1,
ap (wy) = ap (wy) =

=0.125, |wy| > 1, =0.15, [wy| > 1,

o 02. Wmls<l. - 0.1, il <1,
W) = Wy) =
AT 02, > 1 P T )20, il > L,
b (~ ) 02, |W1| S 1, b (~ ) 0-19 |W2| S 1’
W) = W) =
VTN 02, > 1 2P T 200, > 1,

where Wq = Wq(7)7 wi = (W, wa), d=d,= 1,51 = 1,2, fq(wq) = tanh(wq)a gq(wq) = |Wq + 1| - |Wq - ll,
Wi =Wwy = O, ¢1 = (3,4)T,¢)2 = (1,2)T
The response system is

2 2
Vp(t) = —dpv,(0) + Z Apg(vg(1)) fo(ve(D) + Z bpg(vg(¥(1))84(vg(y())) + wp(1) + u,(2), i = 1,2,
q=1 q=1

4.4)
where ¢; = (=3, -4, ¢, = (-1,-2)T.
Leta = 1.1, 8 = 0.5, T < In(6)/9 = 0.01, ||A*|| = 0.726,||B*||> = O.1||F*|| = L|IG*|| = 1|IC|| =
0.01,||D|| = —1.
Solving the following transcedental equations,

0.001p + 1.772p(1 + 1.772p) exp{1.772p} = 1,

0.22(1 + ) exp{0.02(1.772 + 0.1u)} + 1.1 exp{-0.5 x 0.01} = 1.

We can obtain p = 0.2506, p = 0.3314, let p = 0.2, p = 0.15, p = 0.1, p = 0.25, when the length of the
DAs in the systems is less than the calculated upper bound, we have that MNNs (4.3) and (4.4) with
the controllers is ESy. The states of the MNNs (4.3) and (4.4) are shown in Figures 4-8, respectively.
Example 3. Consider two-dimensional MNNs with DAs and SPs.

2 2
dw, (1) = = [dywy(D) + ) apgwg()fy(wa() + )" bpg(we(¥(1))gg(wy(y(1)))

= = (4.5)
+wp(O)ldt + owpdw(t). i = 1,2.
All other parameters remain the same as in Example 2. The response system is,
2 2
dvy(1) = = [dpvp() + " apNL004(0) + > bpg(vg(y(1N))gg(vg(¥(1)) ws

q=1 q=1
+wy(0) + u, (Bt + ov,dw(t), i =1,2.
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Solving the transcedental equations. We can obtain p = 0.1567, p = 0.4374, & = 0.2463, let p = 0.1,
o = 0.04, we have that MNNSs (4.5) and (4.6) is ESy, the state trajectories are shown in Figure 9. when
o = 0.05, o = 0.04, the state trajectories are shown in Figure 10. When p = 0.9, o = 0.1, the state

trajectories are shown in Figure 11.
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Figure 5. The state with p = 0.2.
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Figure 6. The state with p = 0.15.
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Figure 7. The state with p=0.1.
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Figure 8. The state with p=0.25.
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Figure 9. The state of MMNs (51) and (52) with o = 0.1 and p=0.04.
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Figure 10. The state of MMNs (51) and (52) with o = 0.05 and p=0.04.
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Figure 11. The state of MMNs (51) and (52) with o = 0.1 and p=0.9.

5. Conclusions

In this paper, the robustness analysis of MNNs exponential synchronization problem with DAs
and SPs is studied by using the Granwall inequalities and inequality techniques, and a method different
from Linear Matrix Inequality method (LMI) and Lyapunov theory is used to solve the synchronization
robustness of MNNs.
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