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Abstract: In this study, we deal with the problem of extended dissipativity analysis for memristive
neural networks (MNNs) with two-delay components. The goal is to get less conservative extended
dissipativity criteria for delayed MNNs. An improved Lyapunov-Krasovskii functional (LKF) with
some generalized delay-product-type terms is constructed based on the dynamic delay interval (DDI)
method. Moreover, the derivative of the created LKF is estimated using the integral inequality
technique, which includes the information of higher-order time-varying delay. Then, sufficient
conditions are attained in terms of linear matrix inequalities (LMIs) to pledge the extended dissipative
of MNNs via the new negative definite conditions of matrix-valued cubic polynomials. Finally, a
numerical example is shown to prove the value and advantage of the presented approach.
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1. Introduction

The idea of neural networks (NNs) was put forth using biological brain modeling. Numerous studies
have used NNs for fault diagnosis, associative memory and multi-agent systems [1], making them a
focus of research for scholars in recent decades. In 1971, according to the circuit’s symmetry and
completion principles, some scholars proposed that there may be a fourth basic element of the circuit
that represents the link between charge and magnetic flux, which is “resistance with memory”, namely
memristor [2]. It was not until 2008 that this theory was confirmed by Hewlett-Packard Labs and the
circuit element named memristor was first made using Tio2 [3]. In addition, memristor is a kind of
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nonlinear resistance element and also has memory function. This means that after a power failure, it
can also store the amount of charge that flowed through it at the previous moment [4]. Thus, when
we use memristor instead of traditional resistance to realize NN, MNN is born. Compared with the
traditional NN, the connection weight of MNN changes with the variation of state variables, and it can
also remember the past state, which is more practical and can better mimic the structure and function
of the human brain [5]. Therefore, MNNs have gradually become the focus of research in information
processing, nonlinear systems and other fields. MNNs’ dynamic behavior has become a hot topic of
research [6–8].

Time delays are inevitable in some MNNs related to the slow speed at which neurons transmit
signals [9, 10]. As everyone is aware, time delays are often the source of oscillation and
instability [11–16]. In a practical MNN, signals transmitted from one point to another may experience
several segments of networks, and the resulting time delays have different properties due to variable
network transmission conditions [17]. Therefore, time delays are generally more than one in practical
MNNs. Thus, the MNNs can take a form with additive delays or multiple delays. Therefore, the
dynamic performance analysis of MNNs with additive or multiple delays has been investigated, such
as stability analysis [18], stabilization [19, 20], synchronization [21–23], passivity analysis [24] and
so on.

The theory of dissipativity was primally proposed by Willems [25], referring to supply rates and
storage functions. Dissipativity refers to that more energy is being provided from outside than is being
lost within the system. It is valuable in circuit systems. Moreover, dynamic control systems always
need to attenuate external interference. Therefore, it is indispensable to use the extended dissipativity
index to achieve the unity of dissipativity, passivity, H∞ performance and L2 − L∞ performance. The
first attempt to meet this demand was made in [26]. In the past few years, the extended dissipativity
anglysis of delayed MNNs has been adopted by an increasing number of researchers [27,28]. Although
fruitful achievements have been acquired for extended dissipativity analysis of delayed MNNs, there is
limited related literature concerned with this problem for delayed MNNs with two-delay components.
Furthermore, although [28] has obtained some useful results, there is room to further explore.

We research the extended dissipativity analysis for MNNs with two-delay components. The major
contributions are listed as follows.

1) By considering more information about the state vectors, delayed state vectors, and integral state
vectors, an original improved delay-product-type LKF is constructed based on the dynamic
delay interval method. In the constructed LKF, the augmented candidates enhance the
connection between each state variable, which helps to reduce the conservatism.

2) When taking the derivative of the LKF, its negative definite condition not only includes some
linear terms about delays, but also contains some square terms and cubic terms about delays,
which have been neglected in most of the literature. Obviously, this type of LKF can take
additional time-delay information into account and lead to less conservative results. Then, some
sufficient extended dissipativity criteria are established in terms of LMIs using a matrix-valued
cubic polynomial.

Notations: In this research paper, Rm×n denotes the set of m × n real matrices; a block-diagonal
matrix is denoted by the notation diag{· · ·}; the symbol 0 (I) stands for the zero-matrix (unit matrix);
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L > 0 signifies that L is a positive-define matrix; in a symmetric matrix, symmetric terms are denoted
by ∗; Sym {R} = R + RT.

2. Problem formulation

The two-delay MNN is described by:{
ẋ(t) = −W(x(t))x(t) + C(x(t))g(x(t)) +D(x(t))g(x(t − κ1(t) − κ2(t))) + ω(t)
Y(t) = x(t) + x(t − κ1(t) − κ2(t))

, (2.1)

where x(·) = [x1(·), x2(·), ..., xn(·)]T is the state vector; g(·) = [g1(·), g2(·), ..., gn(·)]T is the neuron
activation function; ω(t) is the external input; Y(t) is the output;
W(x(t)) = diag{w1(x1(t)),w2(x2(t)), ...,wn(xn(t))} > 0 is the self-feedback connection weight matrix;
C(x(t)) = [ci j(xi(t))]n×n andD(x(t)) = [di j(xi(t))]n×n are the memristor-based weights with :

wi(xi(t)) =


w(1)

i , signi jġi(xi(t))−ẋi(t)<0
unchanged, signi jġi(xi(t))−ẋi(t)=0
w(2)

i , signi jġi(xi(t))−ẋi(t)>0
,

ci j(xi(t)) =


c(1)

i j , signi jġ j(x j(t))−ẋi(t)<0
unchanged, signi jġ j(x j(t))−ẋi(t)=0
c(2)

i j , signi jġ j(x j(t))−ẋi(t)>0
,

di j(xi(t)) =


d(1)

i j , signi jġ j(x j(t − κ(t))) − ẋi(t) < 0
unchanged, signi jġ j(x j(t − κ(t))) − ẋi(t) > 0
d(2)

i j , signi jġ j(x j(t − κ(t))) − ẋi(t) = 0
,

signi j =

{
1, i , j
−1, i = j

where w(1)
i ,w

(2)
i , c

(1)
i j , c

(2)
i j , d

(1)
i j and d(2)

i j are known constants. Furthermore, “unchanged” denotes that the
memristance retains its present value. It is easy to see that each weight varies between two different
constant values, i.e., wi(xi(t)) can be either w(1)

i or w(2)
i , likewise, ci j(xi(t)) and di j(xi(t)) also have two

options. In summary, the combination number of the possible form of W(x(t)),C(x(t)) and D(x(t))
is 22n2+n, then, order these 22n2+n cases in the following way:

(W1,C1,D1), (W2,C2,D2), ..., (W22n2+n ,C22n2+n ,D22n2+n).

Then,W(x(t)),C(x(t)) and D(x(t)) must be one of the 22n2+n cases at any fixed time t, which implies
that, there exists p ∈ N =

{
1, 2, ..., 22n2+n

}
such thatW(x(t)) =Wp,C(x(t)) = Cp and D(x(t)) = Dp.

Hence, system (2.1) may be expressed as

ẋ(t) =
22n2+n∑

p=1

πi(t)[−Wpx(t) + Cpg(x(t)) +Dpg(x(t − κ1(t) − κ2(t))) + ω(t)]

= −W(t)x(t) + C(t)g(x(t)) +D(t)g(x(t − κ1(t) − κ2(t))) + ω(t), (2.2)

where
∑22n2+n

p=1 πp(t) = 1 and πp(t) =
{

1, W(x(t)) =Wp,C(x(t)) = Cp, andD(x(t)) = Dp,

0, otherwise.
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The time-varying delays, κ1(t) and κ2(t), are assumed to be continuous differentiable functions,
which meet the two cases listed below:

Case 1 : 0 ≤ κ1(t) ≤ κ1M, |κ̇1(t)| ≤ µ1; 0 ≤ κ2(t) ≤ κ2M, |κ̇2(t)| ≤ µ2. (2.3)
Case 2 : 0 ≤ κ1(t) ≤ κ1M, κ̇1(t) ≤ µ1; 0 ≤ κ2(t) ≤ κ2M, κ̇2(t) ≤ µ2. (2.4)

Where κiM and µi (i = 1, 2) are scalars. And g(·) is continuous and satisfies

ϕ−i ≤
gi(ϱ1)−gi(ϱ2)
ϱ1 − ϱ2

≤ϕ+i , i=1, 2, · · · , n, (2.5)

where ϱ1 , ϱ2, gi(0) = 0, ϕ−i and ϕ+i are given real constants.

Definition 1. [29]. For real symmetric matrices ℶ1, ℶ2, ℶ3 and ℶ4 ∈ R
n×n with ℶ1 ≤ 0, ℶ3 > 0, ℶ4 ⩾ 0

and (||ℶ1|| + ||ℶ2||)||ℶ4|| = 0, MNN (2.2) is extended dissipative if there exists a scalar δ such that:∫ t∗

0

(
YT(t)ℶ1Y(t) + 2YT(t)ℶ2ω(t) + ωT(t)ℶ3ω(t)

)
dt ⩾ sup

0≤k≤t∗
YT(k)ℶ4Y(k) + δ. (2.6)

3. Main results

The examination of extended dissipativity for two-delay MNNs in two situations will be covered in
this section, along with the establishment of numerous improved dissipativity criteria.

H(t) = ακ1(t) + βκ2(t), (α, β) ∈
{
ℵ = {[0, 1] × [0, 1] − (0, 0) ∪ (1, 1)}, µ1 + µ2 < 1
ℵ ∩ {(α, β)|αµ1 + βµ2 < 1}, µ1 + µ2 > 1

,

κ(t) = κ1(t) + κ2(t), κM = κ1M + κ2M, K1 = diag{ϕ+1 , ϕ
+
2 , · · · , ϕ

+
n }, K2 = diag{ϕ−1 , ϕ

−
2 , · · · , ϕ

−
n },

ℑ(t) =
[
xT(t), xT(t−H(t)), xT(t−κM), xT(t−κ(t)), gT(x(t)), gT(x(t − κ(t))), υT

1 (t), υT
2 (t), υT

3 (t), υT
4 (t), ωT(t)

]T
,

υ1(t) =
∫ t

t−H(t)

x(ν)
H(t)

dν, υ2(t) =
∫ t−H(t)

t−κM

x(ν)
κM −H(t)

dν, υ3(t) =
∫ t

t−H(t)

∫ t

ν

x(ϵ)
H2(t)

dϵdν,

υ4(t) =
∫ t−H(t)

t−κM

∫ t−H(t)

ν

x(ϵ)
(h −H(t))2 dϵdν, ei =

[
0n×(i−1)n, In, 0n×(11−i)n

]
(i = 1, 2, · · · , 11),

Ω1 =
{
κ1(t) ∈ {0, κ1M} , κ2(t) ∈ {0, κ2M}

}
, Ω2 =

{
κ̇1(t) ∈

{
−µ1, µ1

}
, κ̇2(t) ∈

{
−µ2, µ2

} }
. (3.1)

We start by providing the dissipativity criterion for Case 1.

Theorem 1. For given scalars κ1M ≥ 0, κ2M ≥ 0, µ1 ≥ 0, µ2 ≥ 0, 0 < σ < 1 and symmetric matrices
ℶ1, ℶ2, ℶ3 and ℶ4 ∈ R

n×n satisfying Definition 1, MNN (2.2) satisfying (2.3) is extended dissipative
if there exist matrices P1, P2, P3 ∈ R

3n×3n > 0, Z1,Z2 ∈ R
3n×3n > 0, Z3 ∈ R

n×n > 0, R1,R3 ∈ R
n×n > 0,

R2 ∈R
2n×2n > 0, any symmetric matrices S 1, S 2 ∈R

4n×4n, any matrices S 3, S 4 ∈R
4n×4n,M∈R22n×11n and

diagonal matrices Λ1, Λ2, Λ3 ∈ R
n×n > 0, Hi = diag{ℏi1, ℏi2, · · · , ℏin} ∈ R

n×n > 0 (i = 1, 2) satisfying the
following LMIs for p∈N, (κ1(t), κ2(t))∈Ω1 and (κ̇1(t), κ̇2(t))∈Ω2 :[

R̃2 − S 1 −S 3

∗ R̃2

]
> 0,

[
R̃2 −S 4

∗ R̃2 − S 2

]
> 0, (3.2)
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σP∗1 − ℶ4 −ℶ4

∗ (1 − σ)P∗1 − ℶ4

]
> 0, (3.3)

Ωp(H(t), Ḣ(t)) < 0, (3.4)

where

Ωp(H(t), Ḣ(t)) =
 ∆p

0 +H(t)∆p
1

H(t)
2 ∆2

∗ H(t)∆3

 + Sym
{
M

[
−H(t)I, I

]}
,

∆
p
0 = Sym

{
ΓT

1aP1Γ2a + Γ
T
3aP2Γ5a + Γ

T
4aP3Γ6a + Γ

T
9 Z2Γ12a

}
+ Ḣ(t)ΓT

3aP2Γ3a − Ḣ(t)ΓT
4aP3Γ4a

+ ΓT
7 (Z1 + Z2)Γ7 − (1 − Ḣ(t))ΓT

8aZ1Γ8a − Γ
T
11aZ2Γ11a + eT

1 Z3e1 − (1 − κ̇(t))eT
4 Z3e4 +

κ2M
2

eT
spR3esp

−

[
Γ13a

Γ14a

]T

ℜ1

[
Γ13a

Γ14a

]
−

1 − Ḣ(t)
ακ1M + βκ2M

ΥT
1 R̃1Υ1 + κ

2
M

[
esp

e1

]T

R2

[
esp

e1

]
−

κM

ακ1M + βκ2M
ΥT

1 R̃03Υ1

− ΠT
1 R̃3Π1 − Π

T
2 R̃3Π2 + Sym

{
eT

5 (H1 − H2)esp + eT
1 (K1H2 − K2H1)esp + (e5 − K2e1)TΛ1(K1e1 − e5)

+ (e6 − K2e4)TΛ2(K1e4 − e6) + [(e5 − e6) − K2(e1 − e4)]TΛ3[K1(e1 − e4) − (e5 − e6)]
}

− (e1 + e4)Tℶ1(e1 + e4) − Sym
{
(e1 + e4)Tℶ2e11

}
− eT

11ℶ3e11,

∆
p
1 = Sym

{
ΓT

1aP1Γ2b + Γ
T
1bP1Γ2a + Γ

T
3bP2Γ5a + Γ

T
3aP2Γ5b + Γ

T
4bP3Γ6a + Γ

T
4aP3Γ6b + Γ

T
9 Z1Γ10b

+ΓT
9 Z2Γ12b + Ḣ(t)ΓT

3aP2Γ3b − Ḣ(t)ΓT
4aP3Γ4b − (1 − Ḣ(t))ΓT

8aZ1Γ8b − Γ
T
11aZ2Γ11b −

[
Γ13a

Γ14a

]T

ℜ1

[
Γ13b

Γ14b

]
+ eT

spR1esp +
1

ακ1M + βκ2M
ΥT

1 R̃03Υ1 −

[
Γ13a

Γ14a

]T

ℜ2

[
Γ13a

Γ14a

]
,

∆2 = Sym

ΓT
1bP1Γ2b + Γ

T
1aP1Γ2c + Γ

T
3bP2Γ5b + Γ

T
4bP3Γ6b + Γ

T
9 Z1Γ10c + Γ

T
9 Z2Γ12c −

[
Γ13a

Γ14a

]T

ℜ2

[
Γ13b

Γ14b

]
+ Ḣ(t)(ΓT

3bP2Γ3b − Γ
T
4bP3Γ4b) − (1 − Ḣ(t))ΓT

8bZ1Γ8b − Γ
T
11bZ2Γ11b −

[
Γ13b

Γ14b

]T

ℜ1

[
Γ13b

Γ14b

]
,

∆3 = Sym
{
ΓT

1bP1Γ2c

}
−

[
Γ13b

Γ14b

]T

ℜ2

[
Γ13b

Γ14b

]
,

Γ
p
1 = H(t)Γ1b + Γ

p
1a, Γ2 = H

2(t)Γ2c +H(t)Γ2b + Γ2a, Γ3 = H(t)Γ3b + Γ3a, Γ4 = H(t)Γ4b + Γ4a,

Γ
p
5 = H(t)Γp

5b + Γ5a, Γ
p
6 = H(t)Γp

6b + Γ
p
6a, Γ7 =

[
eT

1 , e
T
1 , 0

]T
, Γ8 = H(t)Γ8b + Γ8a, Γ

p
9 =

[
eT

sp, 0, e
T
1

]T
,

Γ10 = H
2(t)Γ10c +H(t)Γ10b, Γ11 = H(t)Γ11b + Γ11a, Γ12 = H

2(t)Γ12c +H(t)Γ12b + Γ12a,

Γ13 = H(t)Γ13b + Γ13a, Γ14 = H(t)Γ14b + Γ14a, Γ
p
1a =

[
eT

sp, e
T
1 − eT

3 , κMeT
1 − κMeT

8

]T
,

Γ1b =
[
0, 0, eT

8 − eT
7

]T
,Γ2a =

[
eT

1 , κMeT
8 , κ

2
MeT

10

]T
, Γ2b =

[
0, eT

7−eT
8 , κMeT

7−2κMeT
10

]T
,

Γ2c =
[
0, 0, eT

9 + eT
10 − eT

7

]T
,Γ3a =

[
eT

1 , e
T
7 , 0

]T
,Γ3b =

[
0, 0, eT

9

]T
,Γ4a =

[
eT

1 , e
T
8 , κMeT

10

]T
,
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Γ4b =
[
0, 0,−eT

10

]T
,Γ5a =

[
0, eT

1−(1−Ḣ(t))eT
2−Ḣ(t)eT

7 , 0
]T
,

Γ
p
5b =

[
eT

sp, 0, e
T
1−(1−Ḣ(t))eT

7−Ḣ(t)eT
9

]T
, Γ

p
6b =

[
− eT

sp, 0,−(1 − Ḣ(t))eT
2 + eT

8 − Ḣ(t)eT
10

]T
,

Γ
p
6a =

[
κMeT

sp,(1 − Ḣ(t))eT
2−eT

3+Ḣ(t)eT
8 , κM(1 − Ḣ(t))eT

2−κMeT
8+κMḢ(t)eT

10)
]T
, Γ8a =

[
eT

1 , e
T
2 , 0

]T
,

Γ8b =
[
0, 0, eT

7

]T
, Γ10b =

[
eT

1 , e
T
7 , 0

]T
, Γ10c =

[
0, 0, eT

9

]T
,Γ11a =

[
eT

1 , e
T
3 , κMeT

8

]T
,Γ11b =

[
0, 0, eT

7 − eT
8

]T
,

Γ12a =
[
κMeT

1 , κMeT
8 , κ

2
MeT

10

]T
,Γ12b =

[
0, eT

7 − eT
8 , κMeT

7 − 2κMeT
10

]T
,Γ12c =

[
0, 0, eT

9 + eT
10 − eT

7

]T
,

Γ13a =
[
eT

1 − eT
2 , 0, e

T
1 + eT

2 − 2eT
7 , 0

]T
,Γ13b =

[
0, eT

7 , 0, e
T
7 − 2eT

9

]T
, Γ14b =

[
0,−eT

8 , 0, 2eT
10 − eT

8

]T
,

Γ14a =
[
eT

2 − eT
3 , κMeT

8 , e
T
2 + eT

3 − 2eT
8 , κMeT

8 − 2κMeT
10

]T
, esp = −Wpe1 + Cpe5 +Dpe6 + e11 (p ∈ N),

R̃1 = diag{R1, 3R1, 5R1}, R̃2 = diag{R2, 3R2}, R̃3 = diag{2R3, 4R3}, R̃03 = diag{R3, 3R3, 5R3},

P∗1 = [I, 0, 0] P1 [I, 0, 0]T, Υ1 =
[
eT

1 − eT
2 , e

T
1 + eT

2 − 2eT
7 , e

T
1 − eT

2 + 6eT
7 − 12eT

9

]T
,

Πi =

[
ei − ei+6

ei + 2ei+6 − 6ei+8

]
(i = 1, 2),ℜ1 =

 R̃2 + S 1 S 4

∗ R̃2

 ,ℜ2 =

 − 1
κM

S 1
1
κM

S 3 −
1
κM

S 4

∗ 1
κM

S 2

 . (3.5)

Proof. We choose LKF V(xt, t) =
∑4

i=1Vi(xt, t), where

V1(xt, t) = λT
1 (t)P1λ1(t) +H(t)λT

2 (t)P2λ2(t) + (κM −H(t))λT
3 (t)P3λ3(t),

V2(xt, t) =
∫ t

t−H(t)
λT

4 (t, ν)Z1λ4(t, ν)dν +
∫ t

t−κM
λT

4 (t, ν)Z2λ4(t, ν)dν +
∫ t

t−κ(t)
xT(ν)Z3x(ν)dν,

V3(xt, t) =
∫ 0

−H(t)

∫ t

t+θ
ẋT(ν)R1 ẋ(ν)dνdθ + κM

∫ 0

−κM

∫ t

t+θ
λT

5 (ν)R2λ5(ν)dνdθ

+

∫ 0

−κM

∫ 0

θ

∫ t

t+ϵ
ẋT(ν)R3 ẋ(ν)dνdϵdθ,

V4(xt, t) = 2
n∑

j=1

∫ x j(t)

0
[ℏ1 j(g j(ν) − ϕ−j ν) + ℏ2 j(ϕ+j ν − g j(ν))]dν,

with λ1(t) =
[
xT(t),

∫ t

t−κM
xT(ν)dν,

∫ t

t−κM

∫ t

ν
xT(ϵ)dϵdν

]T
, λ2(t) =

[
xT(t), υT

1 (t), H(t)υT
3 (t)

]T
,

λ3(t) =
[
xT(t), υT

2 (t), (κM −H(t))υT
4 (t)

]T
, λ4(t) =

[
xT(t), xT(ν),

∫ t

ν
xT(u)du

]T
, λ5(t) =

[
ẋT(t), xT(t)

]T
.

Taking the derivative of V(xt, t), we have

V̇1(xt, t) = ℑT(t)
[
2Γp

1
TP1Γ2 + Ḣ(t)ΓT

3 P2Γ3 − Ḣ(t)ΓT
4 P3Γ4 + 2ΓT

3 P2Γ
p
5 + 2ΓT

4 P3Γ
p
6

]
ℑ(t), (3.6)

V̇2(xt, t) = ℑT(t)
[
ΓT

7 (Z1 + Z2)Γ7 − (1 − Ḣ(t))ΓT
8 Z1Γ8 + 2Γp

9
TZ1Γ10 − Γ

T
11Z2Γ11

+ 2Γp
9

TZ2Γ12 + eT
1 Z3e1 − (1 − κ̇(t))eT

4 Z3e4

]
ℑ(t), (3.7)

V̇3(xt, t) = ℑT(t)

H(t)eT
spR1esp + κ

2
M

[
esp

e1

]T

R2

[
esp

e1

]
+
κ2M
2

eT
spR3esp

ℑ(t)

− (1 − Ḣ(t))
∫ t

t−H(t)
ẋT(ν)R1 ẋ(ν)dν − κM

∫ t

t−κM
λT

5 (ν)R2λ5(ν)dν
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−

∫ t−H(t)

t−κM

∫ t−H(t)

ν

ẋT(ϵ)R3 ẋ(ϵ)dϵdν −
∫ t

t−H(t)

∫ t

ν

ẋT(ϵ)R3 ẋ(ϵ)dϵdν

− (κM −H(t))
∫ t

t−H(t)
ẋT(ϵ)R3 ẋ(ϵ)dϵ, (3.8)

V̇4(xt, t) = 2ℑT(t)
[
eT

5 (H1 − H2)esp + eT
1 (K1H2 − K2H1)esp

]
ℑ(t), (3.9)

where Γi(i = 1, 2, ..., 12) are defined in (3.5).
Through Lemma 5.1 in [30], the R1 and R3-dependent integral term in (3.8) can be rebounded as

−(1 − Ḣ(t))
∫ t

t−H(t)
ẋT(ν)R1 ẋ(ν)dν ≤ −

1 − Ḣ(t)
ακ1M + βκ2M

ℑT (t)ΥT
1 R̃1Υ1ℑ(t), (3.10)

−(κM −H(t))
∫ t

t−H(t)
ẋT(ν)R3 ẋ(ν)dν ≤ −

κM −H(t)
ακ1M + βκ2M

ℑT(t)ΥT
1 R̃03Υ1ℑ(t), (3.11)

−

∫ t

t−H(t)

∫ t

ν

ẋT(ϵ)R3 ẋ(ϵ)dϵdν ≤ −ℑT(t)ΠT
1 R̃3Π1ℑ(t), (3.12)

−

∫ t−H(t)

t−κM

∫ t−H(t)

ν

ẋT(ϵ)R3 ẋ(ϵ)dϵdν ≤ −ℑT(t)ΠT
2 R̃3Π2ℑ(t). (3.13)

With conditions (3.2), by using Corollary 5 in [31] and Lemma 2 in [32] to rebound the R2-dependent
integral term in (3.8), one yields

−κM

∫ t

t−κM
λT

5 (ν)R2λ5(ν)dν = −κM

∫ t

t−H(t)
λT

5 (ν)R2λ5(ν)dν − κM

∫ t−H(t)

t−κM
λT

5 (ν)R2λ5(ν)dν

≤ −ℑT(t)
(
κM

H(t)
ΓT

13R̃2Γ13 +
κM

κM −H(t)
ΓT

14R̃2Γ14

)
ℑ(t)

≤ −ℑT(t)
[
Γ13

Γ14

]T (
ℜ1 +H(t)ℜ2

) [ Γ13

Γ14

]
ℑ(t). (3.14)

Based on (2.5), one has

2
[
g(x(t))−K2x(t)

]T
Λ1

[
K1x(t)−g(x(t))

]
⩾ 0, (3.15)

2
[
g(x(t − κ(t)))−K2x(t − κ(t))

]T
Λ2

[
K1x(t − κ(t))−g(x(t − κ(t)))

]
⩾ 0, (3.16)

2
[
g(x(t)) − g(x(t − κ(t))) − K2(x(t) − x(t − κ(t)))

]T
Λ3

[
K1(x(t) − x(κ(t))) − g(x(t)) + g(x(t − κ(t)))

]
⩾ 0.

(3.17)

Recommending the cost function Jt∗ =
∫ t∗

0
(YT(t)ℶ1Y(t) + 2YT(t)ℶ2ω(t) +ωT(t)ℶ3ω(t))dt. It can be

readily derived from (3.6) to (3.17) that∫ t∗

0
V̇(xt)dt − Jt∗ ≤

∫ t∗

0
ℑT(t)Θ(H(t))ℑ(t)dt, (3.18)
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where Θ(H(t)) = ∆3H
3(t) + ∆2H

2(t) + ∆1H(t) + ∆0. Then, it follows Lemma 3 in [33] that if (3.4)
meets for (κ1(t), κ2(t)) ∈ Ω1 and (κ̇1(t), κ̇2(t)) ∈ Ω2, Θ(H(t)) < 0 holds, which implies V̇(xt, t) − Jt∗ ≤ 0.
Integrating two sides of the above-mentioned inequality from 0 to t gains∫ t

0
Jt∗dα ⩾ V(t) − V(0) ⩾ xT(t)P∗1x(t) + δ, (3.19)

where P∗1 is defined in (3.5).
Next, two cases will be considered in the proof. First, if ||ℶ4|| = 0, (3.19) means that for any t∗ ⩾ 0∫ t∗

0
Jt∗dα ⩾ xT(t∗)P∗1x(t∗) + δ ⩾ δ, (3.20)

this indicates that Definition 1 is accurate. If ||ℶ4|| , 0, as mentioned in (2.3), we can figure out that
the matrices ℶ1 = 0, ℶ2 = 0 and ℶ3 > 0, therefore, for any t∗ ≥ t ≥ 0,∫ t∗

0
Jt∗dα ⩾

∫ t

0
Jt∗dα ⩾ xT(t)P∗1x(t) + δ, (3.21)

when t > κ(t), 0 < t − κ(t) ≤ t∗. Therefore,∫ t∗

0
Jt∗dα ⩾ xT(t − κ(t))P∗1x(t − κ(t)) + δ. (3.22)

For a positive constant 0 < σ < 1, we have∫ t∗

0
Jt∗dα ⩾ δ + σxT(t)P∗1x(t) + (1 − σ)xT(t − κ(t))P∗1x(t − κ(t)). (3.23)

Taking note of the fact

YT(t)ℶ4Y(t) = −
[

x(t)
x(t − κ(t))

]T [
σP∗1 − ℶ4 −ℶ4

∗ (1 − σ)P∗1 − ℶ4

] [
x(t)

x(t − κ(t))

]
+ σxT(t)P∗1x(t) + (1 − σ)xT(t − κ(t))P∗1x(t − κ(t)). (3.24)

If (3.3) is satisfied, then

YT(t)ℶ4Y(t) ≤ σxT(t)P∗1x(t) + (1 − σ)xT(t − κ(t))P∗1x(t − κ(t)). (3.25)

It is explicit that, for any t∗ ≥ t ≥ 0, one has
∫ t∗

0
Jt∗dα ⩾ YT(t)ℶ4Y(t)+δ. Consequently, (2.6) meets for

any t∗ ≥ 0. On the basis of the above analysis, whether ||ℶ4|| = 0 or ||ℶ4|| , 0, system (2.1) with (2.3)
is extended dissipative. This completes the proof. □

Remark 1. An improved LKF, which incorporates the information of state variables and integral
state variables, is designed to heighten the association between various state variables in this paper.
By multiplying time delays with an augmented single integral term, a novel delay-product-type LKF
V1(xt, t) is constructed. When taking the derivative of the LKF, its negative definite condition not only
includes some linear terms about delays, but also contains some square terms and cubic terms about
delays. Obviously, it takes additional time-delay information into account. This type of LKF can lead
to less conservative outcomes. These time-delay information have not been considered in most of the
literature in the same domain [28].
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Remark 2. If no new state variables are added, we discover that the time derivative of the LKF is the
cubic polynomial about the time-varying delay. Then, we find in [33] that Lemma 3 skillfully settle
the problem by regulating the positions of matrices ∆i . Moreover, the computation complexity and the
LMIs’ dimension are decreased.

Remark 3. Upon most of existing achievements in regard to the analysis of dissipativity for MNNs
with two-delay components, the integral terms constructed in LKFs usually were selected as∫ t

t−κ1(t)
UTNUds or

∫ t

t−κ2(t)
UTNUds, which means that the delay intervals were fixed [28]. To

consider the two-delay components information more comprehensively, more single integral terms or
double integral terms need to be established into the LKFs, which significantly increases the
complexity of the obtained results. In this research paper, we develop a dynamic delay interval
method. With the help of this method, the lower and upper limits of the integral terms can be
converted to variable ones. It is obvious that our constructed integral terms are with more freedom
and contain more general cases, thereby can take more time-delay information into account.

Theorem 2 will be used to explain the situation where the bottom bound of the delays are unknown.

Theorem 2. For given scalars κ1M ≥ 0, κ2M ≥ 0, µ1 ≥ 0, µ2 ≥ 0, 0 < σ < 1 and symmetric matrices
ℶ1, ℶ2, ℶ3 and ℶ4 ∈ R

n×n satisfying Definition 1, MNN (2.2) satisfying (2.4) is extended dissipative if
there exist matrices P1 ∈ R

3n×3n > 0, Z1,Z2 ∈ R
3n×3n > 0, Z3 ∈ R

n×n > 0, R1,R3 ∈ R
n×n > 0, R2 ∈ R

2n×2n

> 0,M∈R22n×11n, any symmetric matrices S 1, S 2 ∈R
4n×4n, any matrices S 3, S 4 ∈R

4n×4n and diagonal
matrices Λ1, Λ2, Λ3 ∈ R

n×n > 0, Hi = diag{ℏi1, ℏi2, · · · , ℏin} ∈ R
n×n > 0 (i = 1, 2) satisfying LMIs (3.2)

and (3.3) and Ω∗(H(t), Ḣ(t)) < 0 for p ∈ N, (κ1(t), κ2(t)) ∈ Ω1 and κ̇1(t) = µ1, κ̇2(t) = µ2, where
Ωp∗(H(t), Ḣ(t)) is given by taking P2 = 0 and P3 = 0 of Ωp(H(t), Ḣ(t)) in Theorem 1.

4. A numerical example

A numerical example presented in this part aims to reveal the validity and preponderance of the
proposed methods.

Example 1. Consider delayed MNN (2.2) with:

C(t) =
[

c11(x1(t)) c12(x1(t))
c21(x2(t)) −1.1

]
, D(t) =

[
−0.01 d12(x1(t))

d21(x2(t)) d22(x2(t))

]
,

W(t) = diag{w1(x1(t)), w2(x1(t))}, K1 = diag{0.9, 0.9}, K2 = diag{−0.1, − 0.1},
w1(x1(t)) ∈ {5, 4}, w2(x1(t)) ∈ {4, 5}, c11(x1(t)) ∈ {0.5, 0.3}, c12(x1(t)) ∈ {1.4, 1.6},
c21(x2(t)) ∈ {−0.7,−0.3}, d12(x1(t)) ∈ {0.3, 0.6}, d21(x2(t)) ∈ {−0.3,−0.2}, d22(x2(t)) ∈ {0.09, 0.1}.

The analysis of extended dissipativity for delayed MNN (2.1) is covered in this example. The
dissipativity, the passivity, the H∞ performance and the L2−L∞ performance are united by the extended
dissipativity.

Choosing κ1M = 0.4, κ2M = 0.2, µ1 = 0.2 and µ2 = 0.1, specifically,
1) Q, S, R−dissipativity: Let ℶ1 = Q, ℶ2 = S, ℶ3 = R − γ0I, ℶ4 = 0, the allowable maximum

dissipativity level γ∗0 that pledge MNN (2.1) strictly Q, S, R − γ− dissipative is displayed in Table 1.
2) H∞ performance: When ℶ1 = −I, ℶ2 = 0, ℶ3 = γ

2I, ℶ4 = 0 , the H∞ performance is obtained
and given in Table 2.
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3) Passivity: By choosing ℶ1 = 0, ℶ2 = I, ℶ3 = γI, ℶ4 = 0, the passivity performance is derived
and the allowable minimum passivity performance γ∗ is given in Table 3.

4) l2 − l∞ performance: When ℶ1 = 0, ℶ2 = 0, ℶ3 = γ
2I, ℶ4 = I , the l2 − l∞ performance is obtained

and the allowable minimum l2 − l∞ performance γ∗ is given in Table 4.
Choosing g(x(t)) = [0.9tanh(t), 0.9tanh(t)], x(0) = [0.1,−0.1]T, κ1(t) = 0.2sin(t) + 0.2, κ2(t) =

−0.1cos(t) + 0.1. In this example, four performance derived by this paper and Theorem 3.1 [28] are
displayed in Tables 1–4, respectively. If the system is dissipative, then it must be asymptotic stable.
The state trajectory simulation figure is depicted in Figure 1. As can be seen from Figure 1, the final
state of the MNNs (2.1) converges to zero, verifying the aymptotically stability of the simulated MNN.
The outcomes of this study are superior to those of Theorem 3.1 [28], as seen in Tables 1–4, which
demonstrates the merits of the analysis strategy proposed in this study.

Table 1. Maximum dissipativity performance γ∗0. Table 2. Minimum H∞ performance γ∗.
Criteria κ1M = 0.4, κ2M = 0.2 Criteria κ1M = 0.4, κ2M = 0.2

Theorem 1 0.1488 Theorem 1 0.6805
Theorem 2 0.1488 Theorem 2 0.6777

Theorem 3.1 [28] 0.0072 Theorem 3.1 [28] 2.6455

Table 3. Minimum passivity performance γ∗. Table 4 Minimum l2 − l∞ performance γ∗.
Criteria κ1M = 0.4, κ2M = 0.2 Criteria κ1M = 0.4, κ2M = 0.2

Theorem 1 0.2313 Theorem 1 0.6685
Theorem 2 0.2313 Theorem 2 0.6637

Theorem 3.1 [28] 2.0949 Theorem 3.1 [28] –
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Figure 1. The state trajectory of system (2.1) with ω(t) = 0.

5. Conclusions

We have explored the extended dissipativity analysis of MNNs with two additive time-delays. To
consider the effects of these two delays more comprehensively, the DDI method is used to build a
novel augmented LKF. When taking the derivative of the constructed LKF, its negative definite
condition not only contains some linear terms about delays, but also contains some square terms and

AIMS Mathematics Volume 8, Issue 12, 30777–30789.



30787

cubic terms about delay. Obviously, this condition contains more information about time delays, but
cannot be solved directly. Then, by utilizing the inequality technique, some less conservative extended
dissipativity criteria have been firsthand gained in terms of LMIs. Finally, an example has been
provided to prove the viability of our presented approaches. From the work we have done, in future
work, the study of extended dissipative state estimation for MNNs is our main research direction.

Use of AI tools declaration

The authors declare they have not used Artificial Intelligence(AI) tools in the creation of this article.

Acknowledgments

This work was supported in part by the National Natural Science Foundation of China (Grant
No. 62103213), the Shandong Provincial Natural Science Foundation (Grant No. 2023HWYQ-086,
ZR2021QF002), the China Postdoctoral Science Foundation (Grant No. 2022M721748), and in part
by Young Talent of Lifting engineering for Science and Technology in Shandong, China.

Conflict of interest

The authors declare no conflicts of interest.

References

1. L. O. Chua, L. Yang, Cellular neural networks: Applications, IEEE Trans. Circuits Syst., 35 (1998),
1273–1290. https://doi.org/10.1109/31.7601

2. L. O. Chua, Memristor-the missing circuit element, IEEE Trans. Circuit Theory, 18 (1971), 507–
519. https://doi.org/10.1109/tct.1971.1083337

3. D. B. Strukov, G. S. Snider, D. R. Stewart, R. S. Williams, The missing memristor found, Nature,
453 (2008), 80. https://doi.org/10.1038/nature08166

4. Y. Zhang, X. Wang, E. G. Friedman, Memristor-based circuit design for multilayer
neural networks, IEEE Trans. Circuits Syst. I-Regular Papers, 65 (2018), 677–686.
https://doi.org/10.1109/TCSI.2017.2729787

5. S. Duan, X. Hu, Z. Dong, L. Wang, P. Mazumder, Memristor-based cellular nonlinear/neural
network: Design, analysis, and applications, IEEE Trans. Neural Netw. Learn. Syst., 26 (2015),
1202–1213. https://doi.org/10.1109/TNNLS.2014.2334701

6. W. J. Lin, Y. He, C. K. Zhang, L. Wang, M. Wu, Event-triggered fault detection filter design
for discrete-time memristive neural networks with time delays, IEEE Trans. Cybern., 52 (2022),
3359–3369. https://doi.org/10.1109/TCYB.2020.3011527

7. L. Wang, C. K. Zhang, Exponential synchronization of memristor-based competitive neural
networks with reaction-diffusions and infinite distributed delays, IEEE Trans. Neural Netw. Learn.
Syst., 2022, 1–14. https://doi.org/10.1109/TNNLS.2022.3176887

8. L. Wang, H. B. He, Z. Zeng, Global synchronization of fuzzy memristive neural networks
with discrete and distributed delays, IEEE Trans. Fuzzy Syst., 28 (2020), 2022–2034.
https://doi.org/10.1109/TFUZZ.2019.2930032

AIMS Mathematics Volume 8, Issue 12, 30777–30789.

http://dx.doi.org/https://doi.org/10.1109/31.7601
http://dx.doi.org/https://doi.org/10.1109/tct.1971.1083337
http://dx.doi.org/https://doi.org/10.1038/nature08166
http://dx.doi.org/https://doi.org/10.1109/TCSI.2017.2729787
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2014.2334701
http://dx.doi.org/https://doi.org/10.1109/TCYB.2020.3011527
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2022.3176887
http://dx.doi.org/https://doi.org/10.1109/TFUZZ.2019.2930032


30788

9. X. Hu, L. Wang, C. K. Zhang, X. Wan, Y. He, Fixed-time stabilization of discontinuous
spatiotemporal neural networks with time-varying coefficients via aperiodically switching control,
Sci. China Inf. Sci., 66, (2023), 152204. https://doi.org/10.1007/s11432-022-3633-9

10. J. Hu, G. Tan, L. Liu, A new result on H∞ state estimation for delayed neural networks based
on an extended reciprocally convex inequality, IEEE Trans. Circuits Syst. II-Express Briefs, 2023.
https://doi.org/10.1109/TCSII.2023.3323834

11. W. J. Lin, Q. L. Han, X. M. Zhang, J. Yu, Reachable set synthesis of markov jump systems
with time-varying delays and mismatched modes, IEEE Trans. Circuits Syst. II-Express Briefs,
69 (2022), 2186–2190. https://doi.org/10.1109/TCSII.2021.3126262

12. Y. He, C. K. Zhang, H. B. Zeng, M. Wu, Additional functions of variable-augmented-based free-
weighting matrices and application to systems with time-varying delay, Int. J. Syst. Sci. , 54 (2023),
991–1003. https://doi.org/10.1080/00207721.2022.2157198

13. C. K. Zhang, W. Chen, C. Zhu, Y. He, M. Wu, Stability analysis of discrete-time systems with time-
varying delay via a delay-dependent matrix-separation-based inequality, Automatica, 156 (2023),
111192. https://doi.org/10.1016/j.automatica.2023.111192

14. C. Qin, W. J. Lin, Adaptive event-triggered fault-tolerant control for Markov jump nonlinear
systems with time-varying delays and multiple faults, Commun. Nonlinear. Sci. Numer. Simul.,
128 (2024), 107655. https://doi.org/10.1016/j.cnsns.2023.107655

15. C. Qin, W. J. Lin, J. Yu, Adaptive event-triggered fault detection for Markov jump nonlinear
systems with time delays and uncertain parameters, Int. J. Robust Nonlinear Control, 2023.
https://doi.org/10.1002/rnc.7062

16. C. K. Zhang, K. Xie, Y. He, J. She, M. Wu, Matrix-injection-based transformation method
for discrete-time systems with time-varying delay, Sci. China Inf. Sci., 66 (2023), 159201.
https://doi.org/10.1007/s11432-020-3221-6

17. Y. Zhao, H. Gao, S. Mou, Asymptotic stability analysis of neural networks
with successive time delay components, Neurocomputing, 71 (2008), 2848–2856.
https://doi.org/10.1016/j.neucom.2007.08.015

18. Q. Fu, J. Cai, S. Zhong, Y. Yu, Y. Shan, Input-to-state stability of discrete-time
memristive neural networks with two delay components, Neurocomputing , 329 (2019), 1–11.
https://doi.org/10.1016/j.neucom.2018.10.017

19. Y. Sheng, T. Huang, Z. Zeng, Exponential stabilization of fuzzy memristive neural networks with
multiple time delays via intermittent control, IEEE Trans. Syst. Man Cybern. Syst., 52 (2022),
3092–3101. https://doi.org/10.1109/TSMC.2021.3062381

20. R. Wei, J. Cao, W. Qian, C. Xue, X. Ding, Finite-time and fixed-time stabilization of inertial
memristive Cohen-Grossberg neural networks via non-reduced order method, AIMS Math., 6
(2021), 6915–6932. https://doi.org/10.3934/math.2021405

21. W. Zhang, H. Zhang, J. Cao, F. E. Alsaadi, D. Chen, Synchronization in uncertain fractional-order
memristive complex-valued neural networks with multiple time delays, Neural Netw., 110 (2019),
186–198. https://doi.org/10.1016/j.neunet.2018.12.004

22. Q. Chang, J. H. Park, Y. Yang, The Optimization of control parameters: finite-
time bipartite synchronization of memristive neural networks with multiple time delays
via saturation function, IEEE Trans. Neural Netw. Learn. Syst., 34 (2023), 7861–7872.
https://doi.org/10.1109/TNNLS.2022.3146832

AIMS Mathematics Volume 8, Issue 12, 30777–30789.

http://dx.doi.org/https://doi.org/10.1007/s11432-022-3633-9
http://dx.doi.org/https://doi.org/10.1109/TCSII.2023.3323834
http://dx.doi.org/https://doi.org/10.1109/TCSII.2021.3126262
http://dx.doi.org/https://doi.org/10.1080/00207721.2022.2157198
http://dx.doi.org/https://doi.org/10.1016/j.automatica.2023.111192
http://dx.doi.org/https://doi.org/10.1016/j.cnsns.2023.107655
http://dx.doi.org/https://doi.org/10.1002/rnc.7062
http://dx.doi.org/https://doi.org/10.1007/s11432-020-3221-6
http://dx.doi.org/https://doi.org/10.1016/j.neucom.2007.08.015
http://dx.doi.org/https://doi.org/10.1016/j.neucom.2018.10.017
http://dx.doi.org/https://doi.org/10.1109/TSMC.2021.3062381
http://dx.doi.org/https://doi.org/10.3934/math.2021405
http://dx.doi.org/https://doi.org/10.1016/j.neunet.2018.12.004
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2022.3146832


30789

23. Y. Qian, L. Duan, H. Wei, New results on finite-/fixed-time synchronization of delayed
memristive neural networks with diffusion effects, AIMS Math., 7 (2022), 16962–16974.
https://doi.org/10.3934/math.2022931

24. R. Rakkiyappan, A. Chandrasekar, J. Cao, Passivity and passification of memristor-based recurrent
neural networks with additive time-varying delays, IEEE Trans. Neural Netw. Learn. Syst., 26
(2015), 2043–2057. https://doi.org/10.1109/TNNLS.2014.2365059

25. J. C. Willems, Dissipative dynamical systems part I: General theory, Arch. Ration. Mech. Anal., 45
(2015), 321–351. https://doi.org/10.1007/bf00276493

26. B. Zhang, W. Zheng, S. Xu, Filtering of Markovian jump delay systems based on a new
performance index, IEEE Trans. Circuits Syst. I-Regular Papers, 60 (2013), 1250–1263.
https://doi.org/10.1109/TCSI.2013.2246213

27. C. Lu, X. M. Zhang, Y. He, Extended dissipativity analysis of delayed memristive neural networks
based on a parameter-dependent lyapunov functional, In: 2018 Australian & New Zealand Control
Conference, 2018, 194–198. https://doi.org/10.1109/ANZCC.2018.8606585

28. H. Wei, R. Li, C. Chen, Z. Tu, Extended dissipative analysis for memristive neural networks
with two additive time-varying delay components, Neurocomputing, 216 (2016), 321–351.
https://doi.org/10.1002/rnc.5118

29. T. H. Lee, M. J. Park, J. H. Park, O. M. Kwon, S. M. Lee, Extended dissipative analysis for neural
networks with time-varying delays, IEEE Trans. Neural Netw. Learn. Syst., 25 (2014), 1936–1941.
https://doi.org/10.1109/TNNLS.2013.2296514

30. P. Park, W. I. Lee, S. Y. Lee, Auxiliary function-based integral inequalities for quadratic functions
and their applications to time-delay systems, J. Franklin Inst. Eng. Appl. Math., 352 (2015), 1378–
1396. https://doi.org/10.1016/j.jfranklin.2015.01.004

31. A. Seuret, F. Gouaisbaut, Wirtinger-based integral inequality: application to time-delay systems,
Automatica, 49 (2013), 2860–2866. https://doi.org/10.1016/j.automatica.2013.05.030

32. A. Seuret, F. Gouaisbaut, Allowable delay sets for the stability analysis of linear time-varying
delay systems using a delay-dependent reciprocally convex lemma, IFAC Papersonline, 50 (2017),
1275–1280. https://doi.org/10.1016/j.ifacol.2017.08.131

33. Z. Zhai, H. Yan, S. Chen, H. Zeng, M. Wang, Improved stability analysis results of generalized
neural networks with time-varying delays, IEEE Trans. Neural Netw. Learn. Syst., 34 (2023), 9404–
9411. https://doi.org/10.1109/TNNLS.2022.3159625

© 2023 the Author(s), licensee AIMS Press. This
is an open access article distributed under the
terms of the Creative Commons Attribution License
(http://creativecommons.org/licenses/by/4.0)

AIMS Mathematics Volume 8, Issue 12, 30777–30789.

http://dx.doi.org/https://doi.org/10.3934/math.2022931
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2014.2365059
http://dx.doi.org/https://doi.org/10.1007/bf00276493
http://dx.doi.org/https://doi.org/10.1109/TCSI.2013.2246213
http://dx.doi.org/https://doi.org/10.1109/ANZCC.2018.8606585
http://dx.doi.org/https://doi.org/10.1002/rnc.5118
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2013.2296514
http://dx.doi.org/https://doi.org/10.1016/j.jfranklin.2015.01.004
http://dx.doi.org/https://doi.org/10.1016/j.automatica.2013.05.030
http://dx.doi.org/https://doi.org/10.1016/j.ifacol.2017.08.131
http://dx.doi.org/https://doi.org/10.1109/TNNLS.2022.3159625
http://creativecommons.org/licenses/by/4.0

	Introduction
	Problem formulation
	Main results
	A numerical example
	Conclusions

