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Abstract: Many works have been done on Brownian motion or fractional Brownian motion, but few of
them have considered the simpler type, Riemann-Liouville fractional Brownian motion. In this paper,
we investigate the semilinear stochastic evolution equations driven by Riemann-Liouville fractional
Brownian motion with Hurst parameter H < 1/2. First, we prove the pth moment exponential
stability of mild solution. Then, based on the maximal inequality from Lemma 10 in [1], the
uniform boundedness of pth moment of both exact and numerical solutions are studied, and the strong
convergence of the exponential Euler method is established as well as the convergence rate. Finally,
two multi-dimensional examples are carried out to demonstrate the consistency with theoretical results.
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1. Introduction

Fractional Brownian motion (fBm) was first introduced by Kolmogorov [2] in 1940, where it was
defined in a Hilbert space and called “Wiener Helix”. Mandelbrot and Van Ness [3] established a
stochastic integral representation in terms of a standard Brownian motion. As an extension of the
classic Brownian motion, fBm has attracted the increasing attention due to its wide applications in
mathematical finance [4—7]; in biology [8, 9]; in telecommunication networks [10—12]; in population
dynamic systems [13, 14] and in chemistry [15, 16] etc.

A fBm of Hurst parameter H € (0, 1) is a centered Gaussian process {B7(),t > 0} with covariance
function

Ry(t, s) = E(BY(1)B"(s)) = %(rz” + 521 — |1 = s
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for every s,¢ € R*. Itis a self-similar process, that is, B (af) has the same distribution as a” Bf(f). The
constant H determines the sign of the covariance of the future and past increments. The covariance
function is positive when H > % and negative when H < % According to Beran’s definition [17], when
H > % then fBm is called a long memory process, and when H < % then fBm is called a short memory
process, and when H = % then fBm becomes the standard Brownian motion without memory.

It is known that the increments of fBm are dependent for H # %, so that fBm is neither a Markov
process, nor a semimartingale, the classical Itd calculus cannot be used in stochastic differential
equations (SDEs) driven by fBm with H # % and different approaches have been proposed in order to
define stochastic integrals respect to fBm in the past three decades.

Lin [18] and Dai and Heyde [19] have defined the stochastic integral of Stratonovich type for fBm
in the case of 0 < H < % However, this integral does not satisfy the property E( fot ¢,dB" (s)) =0,
which is important in modeling problems of SDEs driven by fractional Gaussian noise. For this reason,
Duncan et al. [20] have introduced a new stochastic integral of It type for fBm with zero mean which
is the limit of Riemann sums defined by means of the Wick product rather than ordinary products.
Zihle [21] has introduced a pathwise stochastic integral with respect to the fBm B with parameter
H € (0,1) by using the notions of fractional integral and derivative. If the integrator has A-Holder
continuous paths with 4 > 1 — H, then this integral can be interpreted as a Riemann-Stieltjes integral.
Many interesting works on defining stochastic integrals respect to fBm with Hurst parameter H # %
we refer the literatures [1,22-24].

Mandelbrot and Van Ness [3] introduced the following integral representation:

H _ pH 1 ' _ -
B"(t)=B (0)+—F(l—a) {Z(t)+f0(t s) dW(s)}, t>0,

where

0
Z(t) = f (=9 = (=) )dW(s),

{W(s), s € R} is a standard Brownian motion, I" represents the gamma function, a = % - H e (0, %)

Considering that the process Z(¢) has absolutely continuous trajectories, it suffices to consider the term

fol (t — )" *dW(s), which is called Riemann-Liouville fractional integral and we denote it by W#(r)

along the paper, that is,

Wi = f (t — 5)"“dW(5s). (1.1)
0

For more details about the relation between Riemann-Liouville fractional Brownian motion (RLfBm)
and fBm we refer [25-27].

Recently, the exponential methods for semilinear stochastic evolution equations have attracted the
interest of many researchers. Based on the variation-of-constants formula, the exponential integrator
methods such as exponential Runge-Kutta methods [28,29], exponential Taylor methods [30], explicit
exponential general linear methods [31], exponential multistep methods [32] have been constructed to
solve the deterministic semilinear problems. These numerical methods have excellent linear stability
and can be performed explicitly. For their stability analysis, Shi et al. [33] have demonstrated that the
exponential Euler method is convergent with the strong order 1/2 for semilinear SDEs, and it can also
reproduce the mean-square exponential stability for any nonzero stepsize. Komori and Burrage [34]
have derived an explicit exponential Euler scheme for multi-dimensional, non-commutative stochastic
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differential equations with a semilinear drift term to simulate stiff biochemical reaction systems. Li
and Zhang [35] have proved the mean-square exponential stability of the exponential Euler method
for semilinear stochastic delay differential equations under Poisson white noise excitations. Hu and
Huang [36] have derived the necessary and sufficient condition of the numerical delay dependent
stability of the exponential Euler method for a class of stochastic delay differential equations, and
showed that the exponential method can fully preserve the asymptotic mean-square stability. In [37], an
exponential Euler method has been proposed to approximate the exact solutions of stochastic functional
differential equations driven by weighted fBm B*’, and the convergence rate and strong convergence
of the method of the true solutions have obtained.

Up to now, to our best knowledge, lots of work have focused on Brownian motion or fBm, but
few of them have considered the simpler type, RLfBm. In this paper, we investigate the semilinear
stochastic evolution equations driven by RLfBm with Hurst parameter H < 1/2. Considering that
exponential integrator methods have great properties and can be performed explicitly, we study the
uniform boundedness of exponential Euler approximation solution and exact solution as well as strong
convergence.

The rest of the paper is arranged as follows. In Section 2, some necessary concepts about fractional
RLfBm are introduced. A technical lemma which is crucial in our stability analysis is proved. In
Section 3, we prove the pth moment exponential stability of the semilinear stochastic evolution
equations driven by RLfBm. In Section 4, we investigate the uniform boundedness of pth moment
of both exact and numerical solutions of Eq (2.1), and show the convergence of the exponential Euler
method for semilinear stochastic evolution equations driven by RLfBm as well as the convergence rate
of the method. Finally, some numerical experiments are carried out to support the theoretical results in
Section 5.

2. Preliminaries

We here use the notation of [38—40], which gives a complete survey of fractional integrals and
derivatives.

Let f be a deterministic real-valued function that belongs to L!([a, b]), where (a, b) is a finite interval
of R. The left-sided fractional Riemann-Liouville integrals of order @ > 0 are determined at almost
every x € (a, b) and defined as

150 = s [ o

These integrals extend the usual nth-order iterated integrals of f for « = n € N. It is easy to verify

the composition formula
1.8 =1y,
Fractional differentiation may be introduced as an inverse operation. Let us assume in the sequel that
0 <a < 1andp > 1. We will denote by I, (L?) the class of functions f in L”([a, b]) which may be
represented as an If -integral of some function ¢ € L”([a, b]). If f € I] (L”), the function ¢ such that
f =1, ¢ 1s unique in L” and it agrees with the left-sided Riemann-Liouville derivative of f of order «
defined by
f()

a) dx . (x— t)

JX) =
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Moreover, this derivative has the following Weyl representation

f@ (@) dy)

F(l—a)((b—X)” “J. (x —y)*!

where the convergence of the integrals at the sigularity x = ¢ holds in the L”-sense.

Next, we consider an RLfBm with values in a Hilbert space.

Let (U, || - llu, (-, )y) and (K, || - |k, ¢, -)x) be two real, separable Hilbert spaces and let £(K, U) be
the space of bounded linear operator from K to U. Let Q € L(K, K) be a non-negative self-adjoint
operator defined by Qe, = A,e, with finite trace 1rQ = Y77, 4, < oo, where 4, > 0 (n = 1,2, ...) are
non-negative real numbers and {e,},>; is a complete orthonormal basis in K. We define the infinite-
dimensional RLfBm on K with covariance Q as follows:

Wi = Nepl®, =0,
n=1

Dy, f(x) =

where {87 (f)},cn be a sequence of one-dimensional standard fractional Brownian motions mutually
independent on (Q, ¥, P). W(¢) is a K-valued Gaussian process, starts from 0, and has zero mean and
covariance:

E(W!(1), x) (W!(s).y) = R(s,0(Q(x),y) forall x,y € K and t, 5 € [0,T].

Denote by Lg(K, U) the space of all ¢ € L(K, U) such that §Q% is a Hilbert-Schmidt operator. The
norm is given by

1610, = D INLESeP = Q8 < o0,
n=1

Then £ is called a Q-Hilbert-Schmidt operator from K to U.
In this paper, we shall consider the following semilinear stochastic evolution equation driven by
RLfBm:

{ dX(t) = (AX() + f(t, X(1)))dt + g(t)de(t), te[0,T], 2.1)

X(0) = Xo,

where Wg (1) is a Riemann-Liouville fractional Brownian motion with Hurst parameter H € (0, 1/2),
f :[0,T] x (Q,U) — U is a continuous function, g : [0,T] — Lg(l(, U) is a deterministic time-
dependent function, A is the generator of a strongly continuous analytic semigroup S = {S(#)};>0 on a
Hilbert space.

Throughout this paper, we impose the following assumptions:
(H1) Let A : D(A) c U — U be the infinitesimal generator of an analytic semigroup S(-) on U, there
exist two constants M > 1 and A > O for all 7 > 0 such that

IS(1)| < Me™. (2.2)

(H2) Assume that f in Eq (2.1) satisfies the globally Lipschitz condition, that is, there exists a constant
L, such that
lf (2, X(0) — f(t, Y(O)| < Li|X(1) — Y (0), (2.3)

for all X(¢), Y(t) € L*(Q, U).
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(H3) Assume that g in Eq (2.1) satisfies the following Holder condition, that is, there exists a constant
L, such that

g(1) — g(s)| < Lot — sI7, (2.4)

where 1/p <y < 1 for all X(¢), Y(t) € L*(Q, U).
(H4) There exists two constants L3, L, such that

(&, X) = f(s, X)| <Lslt - s¥' |X],

2.5
lg(DI < La, -

where £ is a fixed positive constant.

(H5) There exists a non-negative real numbers Q; > 0 and continuous function &(¢) : [0,0) — R*
such that

Elf(t, XO)I" < QiEIX@F + @), 120, (2.6)

and there exists a non-negative real number &; > 0 such that |£(7)| < & e PV,
(H6) For any 7 > 0, let

Q, = f h Mgl dr. 2.7)
0

Definition 2.1. A U-valued stochastic process X(t) is called a mild solution of Eq (2.1) if for all
t € [0,T], X(t) satisfies

X)) =SHX, + f S —95)f(s,X(s))ds + f N s)g(s)de(s), P—a.s. (2.8)
0 0

Theorem 2.2. Let (H1)—(H3) hold. Then the Eq (2.1) have a unique mild solution X(t) on t € [0, T].

Proof. The proof of existence and uniqueness is almost similar to Theorem 1 of [41], so it is omitted
here. O

Lemma 2.3. Forany g : [0,T] — Lg(K, U) such that (H1) and (H6) hold. Then for any 0 < H < 1,
O<a/<%andp>2/(1—2a/),

t p
E f St - 9g()dWj(s)| < C(p, M, a, 2, 0r)e™", (2.9)
0

where C(p, M, a, A, Q) is a constant depends on p, M, a, A, Q, only.
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Proof. Choosing p > 2/(1 — 2a), applying Holder’s inequality, we obtain

P
=E

p

E f St - s)g(s)de(s) f S(t—s5)g(s)(t— 5)*dW(s)
0 0

SCP(E f S(t—5)g(s)(t— s) *dW(s)
0

P

2\2
D
2

|

t
f e—Z/I(I—S)gZ(S)(t _ s)—lads
0

SC,,(E‘ f 1S (t — $)*g*(s)(t — 5)"ds
0

)IzJ
4 P L/_>2 4 P %

<C,M" (f |(t—s)_2“|"‘2ds) E(f |e_21(t_s)g2(s)|2ds) ]
0 0

2

, B 2\?
<C,M” ( f (t— s)—?/zds) E( f e"”l(’_“')lg(s)lpds) ]
0 0
2

-
— 2 2 p—! —2-2pa; !

SCpMp p—) t(/ 2)(p22 2 )e_p/uE (f epxlslg(s)lpds)
0

<C,M'|E

[S1pS)

[N

pP—

1
Se—ﬂfc,,Mp(—p‘2 ) f”‘m’?‘”‘”e-@—lwﬁ( f ef’“|g<s>|"ds)
0

p=2
~ -2 2 g2y
<e ’”CpMp(p— t . e,

<C(p,M,a, 1, Qr)e™".
(2.10)

O

Lemma 2.4. ( [1]) Suppose that g is an adapted stochastic process satisfying the following condition:

T
f E|g(s)I’ds < oo 2.11)
0

for some p > 2/(1 — 2a), where O < a < 1/2. Then the process fot 2()dWH(s) has a version which is
7-Holder continuous for any T < % -a - %, and we have the maximal inequality

! p T
E(sup f g(s)dWH (s) )SC(p) f Elg(1)|7dt. (2.12)
0 0

0<t<T

3. Exponential stability of solution

In this section, we are interested in investigating the pth moment exponential stability of the
semilinear stochastic evolution equation (2.1).
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Theorem 3.1. Under (H1), (H5) and (H6), there exists a constant 0 < u < A — M, such that

t—00

1
lim sup (;) log EIX()|” < —p.

In other words, the mild solution exponentially decays to zero in LP-sense.

Proof. Due to the fact (a + b + ¢)? < 37~'a? + 3771p? + 3P~1¢P, using (2.8), we then have

p

E|X()” <37 'EIS () Xo|” + 3”_1Ef S(t=5)f(s,X(s))ds
0

14
+ 3B

f St — )g(s)dWj (s)

0

=: Z J;.

3
i=1

It is obvious that J; < 37~ !MPe PYE|X,|P < 37~'MPe VE|X,|’. Combine with (H1) and (H5), by using
Holder’s inequality, yields

t )4
J, <377 M E( f e_;(’_u)e_f’(’_")lf(u,X(u))ldu)
0

t rlq  pt
<3P f e-ﬂ<f-u>du) f ¢ OB f(u, X ()P du
0 0
| — et plq ! G-D
<3"IMP|— ) e_ﬂtf O EIX W) + £(u))du
0
1 rlq ¢ 1 rlq
<37 'mr 71) Q1€_Mf e"“E|X(u)|Pdu + 3p_1Mp(7l) &,
0
where]l)+é:1andp>2.
Also, Lemma 2.3 implies
J3 <37'C(p, M, a, A, Qr)e™™. (3.2)
Let
M, =3"""MPE|X,|”,
1 rlq
M, :3p_1Mp(Z) Ql,
1 rlq
M; :31’_1MP(Z) &1,
M, =3""'C(p, M, a, A, Q»).
Consequently,
t
EIX(0)” < (M1 + Ms + Mye™ + Mye™ f e"EIX ()| du. (3.3)
0
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Therefore, for arbitrary u € R* with 0 < u < A — M,, we have

f f t S
f SBIX(s)[Pds < (M, + M5 + My) f e S ds + M, f e~ AHs ( f eﬂ”EIX(u)IPdu)ds. (3.4)
0 0 0 0

Due to the continuity of X(#), we have

! N
M, f e~ (s ( f el“]EIX(u)I"du) ds
0 0

! !
=M, f e"B|X(w)|Pdu f e~ s g
0 u

! e~ -u _ ==t
=M, f e’“‘ElX(u)l”( )du (3.5)
0 A—p

< M
A-p

M t
= 2 f ElX(w)|Pdu.
A-udo

!
f e e R X ()P du
0

Then, together with (3.4) and (3.5), yields

! ! M !
f B X(s)Pds < (M + M5 + M4)f e s gs + P 2 f MEX(w)|Pdu.
0 0

0

Hence, for ¢ € [0, T'] we obtain

t !
f &EIX(s)Pds < (M + M + M4)f e s g
0 - 0
1
e (M + My + My)——(1 — ) (36
1-= A-p
U
SC”(p, M9 /19 §l5 QZ)'
By virtue of (3.3), (3.4) and (3.6), we can show that
EX(O)I <(My + M3 + My)e™ + MyC"(p, M, A, &, Q)e™ 3.7)
=C'(p, M, A,&1, Q1, Or)e™. .
The proof is complete. O
4. Strong convergence
In our analysis, it is more natural to work with the equivalent expression
! t
X(f) = V"X + f A9 £(s, X(s))ds + f A g(5)dW (s). (4.1)
0 0

Now, we introduce the exponential Euler method for Eq (2.1). Choose integer m > 1 such that

N = TZ is an integer number. Let the step size & € (0, 1) be a fraction of T (T > 0) and 7, i.e.,
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h = % = 4; for some integer N > T and M > 7, then the discrete exponential Euler approximate
solution is defined as follows

Vie1 = ey + e f(t, yoh + e g(t) AW, 4.2)

where y; is an approximation to X(#;) with ¢, = kh for k = 0,1,2,..,N — 1, yo = X, and AW,? =
Wg (tee1) — Wg (tx). Then it is clear to define the continuous exponential Euler approximate solution
y(t) for 0 <t < T in the following form

y(t) = ey + f AV F(3,Z(s))ds + f M Ig(5)dWy (s), (4.3)
0

0

where § = [s/h]h and [x] denote the largest integer which is smaller than x, and Z(¢) is the step function
defined by

Z() = Xt O (4.4)
k=0

where y(g 1s the indicator function of set E. For any integer k > 0, it is obvious that y(#;) = Z(#) = yx.
that is the continuous exponential Euler solution y(#) and the step function Z(f) coincide with the
discrete solution at the grid point.

Lemma 4.1. Under (H4), (HS5) and Lemma 2.4, there exists a constant C independent of h such that

E( sup |y(t)|”) < (i, E( sup |X(t)|p) < (. 4.5

0<t<T 0<t<T
Proof. Due to the inequality (a + b + ¢)” < 37"'a” + 37~'bP + 3P~1¢P, using condition (4.3) we have
)
Taking the expectation of both sides, it follows from (H4), (HS), Lemma 2.4 and Holder’s inequality
that

p
+

f A g(5)dW ()

()P < 37! (|€At)’0|p +
0

f A £(5, Z(s))ds
0

!
E(sup |y<r)|") <377 ePMIT By 4 377 TPl AT f (QEBIZ(S) +£(s)ds
0

0<t<T
f p
f ()WL (s) )
0

T
<371 PAT Ry 1P 4 3P TP=1,PAT ) f E|Z(s)|"ds
0

+ 3’7_16’7'A'TE( sup

0<t<T

T
+ 377 TPeP T gy 4 371 PAIT f Elg(t)|"dt
0

T
<377 Blyp + 3771 T f E(sup [y()I")ds
0

0<r<s

+ 307 PP AT g 4 3P~ PATLIT,

AIMS Mathematics Volume 7, Issue 8, 14652—-14671.



14661

By the Gronwall’s inequality we hence obtain
E( sup |y(f)|p) < Cyy,
0<t<T

where
Cuy = 3071 eMI @yl + TP + L) ",

Also, the proof process of the uniform boundedness of pth moment of exact solution X(¢) is similar to
y(t), for a constant C;, produced. Then the result will be obtained by considering C; = max{Cy;, Ci,}.

O
Lemma 4.2. Under (H4), (H5) and Lemma 2.4, there exists a constant C, such that
E( sup |y(t) — Z(t)l”) < Gh. (4.6)
0<t<T

Proof. Through the definition of y(¢) and Z(¢), for ¢ € [#, #;+1) the following equality yields

! !
y(t) = Z(t) = "Wy, + f AT (1, yods + f e ()W (5) = yi.

Tk Tk

By the Holder’s inequality, we can show

t
(0 - Z@)P < 377! (IeA("’” — IPlyl” + b7 f AP f (11, yi)lPds
173

)
where I is an identity matrix. For every t;, < t < t;,1, we have e — | < ™" —1 < |A|he"". Appling
Lemma 2.4, (H3) and Lemma 4.1, we derive

+

s
f e Wg (1) AWy (s)

Tk

E(sup sup |y<r)—Z<r>|f’) s3f”|A|"h"ef"A'TE(sup |yk|f’)

0<k<n t; <t<tyi1 0<k<n

Thy+1
+ 377 Ipp=lePAIT g, ( f ]Elyklpds]
173

1
+ 3p—1 hzveplAle1

Tk +1
+3p—lepIA|T(f : ]Elg(tk)lpdt)
173

2
<3P e" T (APPCy + Q1Cy + &) + 37T LY R
<371 LPh + O(h?),

where in the first inequality two last suprema are taken for some 0 < k;, k, < n. Therefore, the result
would be

E( sup |y(1) - zw) < Coh,

0<t<T

where C, = 377 1Pl is a constant independent of h. |
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Theorem 4.3. Under (H2)—(H5) and Lemma 2.4, for 0 < H < 1/2, the numerical approximation
solution produced by the exponential Euler method converges to the exact solution of Eq (2.1), that is

}ZinaE( sup |X(¥) — y(t)lp) =0. 4.7)

0<t<T

In fact, we prove the more efficient inequality, that is, there exists a positive constant C such that
E( sup |X(7) — y(t)l") < Ch. (4.8)
0<t<T
Proof. It follows from (4.1) and (4.3) that

X(1) - y(t) < f (€79 £ (s, X(5) — XV (), Z(s))) ds + f (€*Vg(s) — e Vg(5) AWy (s)
0 0
= [ @ -t xnds + [ X060 - 165, XN
0 0
= f M5 X(5) - f(5, Z(s))ds + f (M) — A V)g(5)dW ] (5) 4.9)
0 0

+ f (g(s) — g(3)e" dWg (s)
0

5
-y Z ()
i=1

In sequence, we will consider the upper bounds to E(sup,_,.,|/;(#)|?) for every 1 <i < 5 with repect to
E(supy,<71X() — y(H)|P) and h. For the first term, by the Holder’s inequality, (HS) and Lemma 4.1 we
obtain

)

!
STp—le2PIAIT|A|I’h”IE,(Sllp f |f(S,X(S))|pdS)
0

E(sup |11(t)|”) :]E(sup f A (A _ ) f(s, X(s5))ds
0

0<t<T 0<t<T

0<i<T (4.10)
<TPe*"T|APRP (QlE( sup IX(t)I”) + fl)
0<t<T
<T?*PMTAPRP(Q,Cy + &)).
For the second term, it follows from Holder’s inequality, (H4) and Lemma 4.1 that
f
E( sup |12(r)|P) sT”‘le”'A'TE( sup | 1(f(s, X(s)) - f(5, X(s))w’ds)
0<t<T 0<t<T JO
“4.11)

<TPePMT )5 — EIB”E( sup |X(t)|”)

0<t<T

<P’ LIHPPC,.
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For the third term, it follows from (H2) and Lemma 4.2 that
!
E( sup |13(t)|”) sTP—leP'A'TL’;E( sup f 1X(s) - Z(s)l”ds)
0<t<T 0<t<T JO

T
<2rTrtePMITLP f EIX(s) - y(s)I’ds
0 ) (4.12)
+2PTP-1eP'A'TL'fE(sup f |y(s)—Z(s)|”ds)
0<t<T JO

T
SZ"T”_le”lAlTLﬁ7 f(; E( sup | X(u) — y(u)l”) ds + 2”T”e”'A|TLfC2h.

0<u<s

For the fourth term, together with (H4) and Lemma 2.4, yields

)

)4
) (4.13)

!
f NI — Dg(s)dW ()
0

]E( sup |I4(t)|”) :E( sup

0<t<T 0<t<T

<e?PMTIAPPRPE ( sup

0<t<T

f g(s)dWH (s)
0

T
<e*PAIT| AP P f Elg(r)|dt
0

<1 |APRPLIT.
For the last term, combine with (H3) and Lemma 2.4, we can show easily that
)
T
<erWI f Elg(s) — g(5)|Pds (4.14)
0

<eMTLPh' T

<eMTLPRT.

E( sup |I5(1)l” ) <e’ 'A'TE( sup f (g(s) = g(3)AW((s)
0

0<t<T 0<t<T

Substituting (4.10)—(4.14) into (4.9), we then have

5
E( sup [X(1) - y(rw’) <57ty E( sup |J,~<r>|")
i=1

0<t<T 0<t<T
=5"'TPPYTAP R (Q1C + &) + 5P TP LEWPPC
T
+ 507 12P Pl PAT R f E( sup |X(u) — y(u)lp) ds
0 O<u<s

+5P712P PP LR Coh + 5P PP APRP LT + 57~ e L2 KT

T
=Csh? + C,4 f ]E( sup |X(u) — y(u)lp) ds + Csh + Ceh”?,
0

O<u<s
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where
C3 =571 (TP T IAP(Q1Cy + &) + P |FIPLLT),
C, :SP_IZPTP_leplAITLf,
Cs =5/7"120TPeP T [P C, + 577 1ePMIT 0T,
C6 :5p—1TpeplA|TL§C1.

are all nonnegative constants. Hence, we obtain the following results by Gronwall inequality:

E( sup |X(f) — y(t)l”) < CpmintBpl (4.15)

0<t<T

where C is a new constant. Finally, we have
limE( sup |X(1) - y(t)l”) =0. (4.16)
h=0 " \o<i<r

5. Numerical experiments

Let step size 4 > 0 and define the discrete version of RLfBm in the following form
n—1
Wit =" (6 = 1) AW, (5.1)
k=0

where W# is an approximation to W¥(¢) with 1, = kh fork = 1,2,...,n — 1, AW, = W(ti1) — W(%) is
the discretized Wiener increment. Figures 1 and 2 are Riemann-Liouville fractional Brownian motion
with Hurst parameter of 0.1 and 0.4 respectively.

o 01 02 03 04 05 06 07 08 09 1 o 01 02 03 04 05 06 07 08 09 1
t t

Figure 1. Riemann-Liouville Figure 2. Riemann-Liouville
fractional Brownian motion with fractional Brownian motion with
H=0.1. H=04.

Next, we provide the following examples to verify the pth moment exponential stability and
convergence result of the exponential Euler method for semilinear stochastic evolution equation (2.1).
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Example 1. Consider a two-dimensional semilinear stochastic evolution equation driven by RLfBm
with Hurst parameter H = 0.4 as follows:

dX(t) = (AX(t) — tX(0))dt + e‘”dWé” @), 52)
Xt =1+1, '
where
-2 0.5
A= ( z 0 ) .
Then from (4.1) we know the exact solution of (5.5) is
! t
X)) = e - eAtf e s(1 + s)ds + eAtf e_('AHZ)SdWS(s). (5.3)
0 0

Take ¢ € [0,5], H = 0.4 and the initial value X(0) = X, = (1, 1)?. It is easy to verify that the
conditions of Theorem 3.1 are satisfied. We use the exponential Euler method to simulate the paths of
the numerical solution of Eq (5.2), according to Figure 3 we know that the Eq (5.2) is the pth moment
exponential stable.

Consider the convergence result, we assume H = 0.4, step size h = 277, 278 2%and p = 4,5,6.
Take ¢ € [0, 1], Figure 4 is the simulations of both exact and numerical solutions of (5.2). The average
maximum of pth moment of error of exponential Euler method with 1000 paths simulation is obtained
as

1 1000
e(h) = O—Zma X(t0) = y(tI- (54)
oy Isks

:—-\'—

—X

.

Figure 3. pth moment stability of semilinear stochastic evolution equation driven by RLfBm
with H = 0.4.
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-

Approximate X1

—True X1

1.2 .

Approximate X2

——True X2

= 0.6
0.4

0.2

-0.2 1 1 1 | 1 1
0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8

Figure 4. The paths of exact and numerical of Eq (5.2) with H

By calculating, we derive the constant C in (4.15) as shown in Table 1, and

0.9 1

=0.4.

the average maximum

of pth moment of error with 1000 paths simulation shows that Theorem 4.3 holds.

Table 1. The average maximum of pth moment and coefficient in (4.15).

h=2" h=27" h=2"

p e ¢ e(h)

e(h)

5 252985 5%10(25.3%10 4 )52 25.5599 26.8570
6 654866 5%12(20-3%!2 4 1) 2% 64.3370 67.7299
7 188.7418 55¢M4(27.3%¢M + 1)e¥V¢"  211.7740  204.0455

Example 2. Consider a three-dimensional semilinear stochastic evolution equation driven by RLfBm

with Hurst parameter H = 0.4 as follows:

dX(1) = (AX(t) = X(0))dt + e >dW[ (1),
X(t) = cos(1),

-2 33
A= 2 10
0 11

Then from (4.1) we know the exact solution of (5.5) is

where

! !
X(@) = e - eA’f e cos(s)ds + eA’f e_('AlJ'Z)Sde(S).
0

0

(5.5)

(5.6)
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Take ¢ € [0,5], H = 0.4 and the initial value X(0) = X, = (1, 1)?. It is easy to verify that the
conditions of Theorem 3.1 are satisfied. We use the exponential Euler method to simulate the paths of
the numerical solution of Eq (5.5), according to Figure 5 we know that the Eq (5.5) is the pth moment
exponential stable.

_Xl

X3

Figure 5. pth moment stability of semilinear stochastic evolution equation driven by RLfBm
with H = 0.4.

Consider the convergence result, we assume H = 0.4, stepsize h = 277,278,227 and p = 4,5,6.
Take ¢ € [0, 1], Figure 6 is the simulations of both exact and numerical solutions of (5.5). The average
maximum of pth moment of error of exponential Euler method with 1000 paths simulation is obtained

as
1000

1
h) = —— X - P, 7
e(h) 1000;32’2' (1) — y(1o)| (5.7)

By calculating, we derive the constant C in (4.15) as shown in Table 2, and the average maximum
of pth moment of error with 1000 paths simulation shows that Theorem 4.3 holds.

Table 2. The average maximum of pth moment and coefficient in (4.15).
h=2" h=2738 h=2"°
)4 e(h) C e(h) e(h)

5 19.5974 5%'0(25 . 3%10 4+ 1)e> P 20.9878 20.1836

6

7

46.2188  5512(26 - 35612 4 1)e52%" 47.8385 55.1631
133.7892  5%¢14(27 - 3614 4 1)e5?¢" 126.1493 152.6237
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-—+- Approximate X1

—True X1

-~ - Approximate X2

——True X2
Approximate X3
True X3

Figure 6. The paths of exact and numerical of Eq (5.5) with H = 0.4.

6. Conclusions

In this paper, the pth moment exponential stability of mild solution and convergence result of
the numerical solution for the exponential Euler method to semilinear stochastic evolution equation
driven by RLfBm with Hurst parameter H < 1/2 have been discussed. The proof of pth moment
exponential stability of mild solution has been analytically given in a Hilbert space, and we show
that the exponential Euler approximation solution converges to the analytical solution to semilinear
stochastic evolution equation when the step size h is very small. We only consider the simple
exponential Euler method here, in the future, we will study several higher order exponential integrator
methods such as Runge-Kutta methods, exponential Taylor methods and etc. Based on Lemma 10
in [1], the connections between the numerical and exact solutions of stochastic differential equations
driven by RLfBm are also worthy of investigating.
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