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Abstract: As the COVID-19 continues threatening public health worldwide, when to vaccinate the
booster shots becomes the hot topic. In this paper, based on the characteristics of COVID-19 and
its vaccine, an S AIR model associated with temporary immunity is proposed to study the effect on
epidemic situation. Second, we theoretically analyze the existence and stability of equilibrium and
the system undergoes Hopf bifurcation when delay passes through some critical values. Third, we
study the dynamic properties of Hopf bifurcation and derive the normal form of Hopf bifurcation to
determine the stability and direction of bifurcating periodic solutions. After that, numerical simulations
are carried out to demonstrate the application of the theoretical results. Particularly, in order to ensure
the validity, statistical analysis of data is conducted to determine the values for model parameters.
Next, we study the impact of the infection rates on booster vaccination time to simulate the mutants,
and the results are consistent with the facts. Finally, we predict the mean time of completing a round
of vaccination worldwide with the help fitting and put forward some suggestions by comparing with
the critical time of booster vaccination.
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1. Introduction

In early 2020, COVID-19 (Corona Virus Disease 2019) outbroke among the population and
became a worldwide pandemic. The COVID-19 is a kind of infectious disease caused by
SARS-CoV-2 pathogen (severe acute respiratory syndrome coronavirus 2) that is highly contagious,
universally susceptible and widely transmitted. In some serious areas, people must be quarantined at
home or in concentrated isolation once exposed to the source of infection, which is detrimental to the
development and progress of society. More importantly, the COVID-19 not only affects the social
production and life, but also threatens our health. According to the statistics from World Health
Organization, more than 200 million people have been diagnosed with COVID-2019 and more than 6
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million people have died from this until November 1, 2022. Thereinto, about 20% of the patients
require hospitalization and the death rate is nearly up to 2% [1]. In particular, in the early stage of the
outbreak, the treatment process was difficult because people had never been exposed to the disease.
Although we have better research on treatments with the continuous understanding of the virus, the
test for human beings is far more than that. The COVID-19 continues mutating as the transmission
progress among humans. In the first half of 2021, the first virus strain SARS-CoV-2 Delta variant of
concern (B.1.617.2) originating from India, was discovered [2]. Compared to the previous strain, the
Delta strain showed the higher transmissibility and drug resistance. In November of the same year,
the new virus strain Omicron was found with more genetic mutations and easier transmission noted
by The World Health Organization. As a result, vaccination is considered the most effective measure
to control the epidemic situation.

For different infectious diseases, scholars have developed different models of infectious diseases to
study their dynamical properties and behaviors [3—6]. Accordingly, there are always corresponding
vaccines to enhance herd immunity, so as to control the epidemic at the root. In recent studies, many
researchers have added vaccine effects into their infectious disease models [7-11]. In the study of
Arino et al. [7], an S LIRA model, representing susceptible-latent-infected-recovered-asymptomatic,
was established for the avian influenza (H5N1) with vaccination and antiviral therapy. They analyzed
how to control the epidemic situation if it evolved into a strain with transmission among humans.
In [8], Greenhalgh et al. established an S/RS model and analyzed recurrent epidemic cycles of
infected diseases when the vaccine-induced immunity was only temporary. Ho and Chao [9] took
vaccine capacity, strain mismatch and priority group into considerations and constructed an S EIR
compartmental model aiming at studying the influenza vaccination policy. An S VIR model with
distributed delay and imperfect vaccine was constructed, which included the susceptible, vaccinated,
infected and recovered populations [10]. In [11], an SVIS cyclic epidemic vaccination model was
established by Kabir et al.

Since the outbreak of COVID-19, the whole society has attached great importance to it. Many
scholars have attempted to study the effect of COVID-19 vaccines on controlling the epidemic
situation [12—-14]. Vishaal et al. [12] presented a modified age-structured S /R model to analyze the
effect of vaccination and age-targeted distributions. They found that population age-distribution with
vaccination had a significant effect on transmission and mortality rates. In [13], Shen et al. developed
a dynamic model with ten compartments of COVID-19 transmission in the four most severely affected
states. They evaluated the vaccine effectiveness and coverage required to suppress the COVID-19
outbreaks under certain conditions. There is also a generalized epidemiological S EIR model for
COVID-19 vaccine established by Rajaeia et al. [14]. It included the susceptible (S), exposed (E),
infected (/), quarantined (Q), recovered (R), deceased (D) and insusceptible (P) populations to
manage the COVID-19 by comparing the differences before and after its vaccine invention.

Previously, many models used ordinary differential equation (ODE) systems to describe the dynamic
behavior of diseases. However, there were always some considerable differences between the realistic
behavior and the response of their mathematical models. In 1979, Cooke first put forward “time-
delay” to study the spread of epidemic diseases which made the models more realistic [15]. Since
then, many researchers have attempted to consider time-delay in their models [16-20]. In [16], an
S VEIR model with time-delay for imperfect vaccine was developed. They considered the time from
the susceptible or the vaccinated to the exposed. Yang and Wang [17] evaluated the effect of the latency

Electronic Research Archive Volume 31, Issue 2, 1004—-1030.



1006

when they established the S EIRS epidemic model. And in [18], a delayed S EIS epidemic model was
constructed regarding the time used to cure the infectious people. An S VEIR model was constructed
[19] considering the time used to cure the infectious people as well. Din et al. [20] developed an
infectious disease model for hepatitis B virus and introduced a time delay to represent the incubation
period of the virus in the diffusion term.

Analysis of stability and Hopf bifurcation has always been the focus of epidemic models [21-28].
In [21], an age-structured S /R epidemic model was constructed by Kuniya et al. and was studied the
sustained periodic solution through the Hopf bifurcation. Duan et al. [22] formulated and studied an
age-structured epidemic model with age of recovery. They considered the existence and stability of
equilibria and the bifurcation of periodic solutions. Cai and Wang [23] demonstrated that the stability
of solutions only changed at every turning points of the bounded bifurcation. [24-28] discussed the
dynamical properties of Hopf bifurcation in different systems.

The motivation of our paper is as follows. Firstly, it is reported that there are some cases of
infection that have been vaccinated, suggesting that vaccine-induced immunity is not permanent, so it
is necessary to strengthen the immunization. But how long our original vaccination will last and when
to schedule a mass booster vaccination? That’s where we’re going to study. Secondly, as the virus
continues to mutate, the infection rate gradually increases. What effect will this have on the time of
booster vaccination? That’s also what we’re looking at here. Thirdly, we know that not all countries
can accomplish booster vaccination in a short time under the constraints of human, material and
financial resources. In order to ensure that the epidemic is within the controllable range, we want to
figure out the suitable time of booster vaccination with above limitation.

Through the study of this paper, we have a more accurate grasp of when to carry out booster
vaccination. By simulating the current epidemic state, a reasonable time range for booster vaccination
is proposed, which can ensure that the epidemic can reach a stable state instead of being out of
control. That is meaningful to the formulation of epidemic prevention and control policies.

The structure of this paper is as follows. In Section 2, considering the characteristics of
COVID-19, we construct a delayed Susceptible-Asymptomatic-Infected-Recovered (hereinafter
referred to as SAIR) model associated with temporary immunity. In Section 3, we analyse the
existence of equilibria and discuss the existence of Hopf bifurcation. In Section 4, we calculate the
normal form of Hopf bifurcation by using multiple time scales method. And in Section 5, we show
some numerical simulations and obtain the conclusion of booster vaccination time by analysis.
Finally we show the conclusions and propose some suggestions in Section 6.

2. Mathematical modelling

The susceptible people (S) can be infected by COVID-19 through contact with the source of
infection. They first become the asymptomatic people (A: one group of people with the virus latent in
their bodies but with negative results of nucleic acid detection, and another group of people who have
positive results but do not show any symptoms). Some of them become the recovered people (R)
through the immune response of their autoimmune system, while others become the infected people
(1) with symptoms such as fever and weakness since they are less fit and cannot fully fight off the
virus. Such people is either cured, also called the recovered people (R), or die from the failure of
resuscitation. For those who are vaccinated, since the vaccine is the inactivated virus, similar to the
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mechanism of self-healing or cure after infection, it also causes the body to produce an immune
response and thus produce antibodies. Therefore, we classify vaccinated people as the recovered
people (R) as well, which can be understood as recovering from the risk of infection.

We consider the two effects of vaccination rates. In general, if there are no diagnosed cases of
COVID-19 in a district, the vaccination can also be organized to enhance herd immunity and reduce
the risk of infection. So we denote this part as the natural vaccination rate. On the other hand, when
there are infection people in an area, it will be in a state of emergency. In addition to the necessary
protection, isolation and treatment, the vaccination process will be accelerated as well. However, we
believe that the rate of vaccination is not simply linear with respect to the number of infections, but
grows in a much faster way. Since all nonlinear functions can be Taylor expanded, we approximate the
expansion to its simplest second-order form, denoted as S ?, where « is the vaccine distribution rate
which can be interpreted as vaccine distribution from other areas to speed up the vaccination process.

B S gi A 1 | U R

P2

aS +mil*

Figure 1. Schematic diagram of S A/R model for COVID-19.

Taking all these considerations into account, we obtain the specific conversions between the four
cabins that are given in Figure 1. The specific definitions of variables and paraments are given in the
Table 1. In this table, all parameters and variables are positive.

Table 1. The descriptions of parameters and variables.

Symbol Descriptions

Number of suspected people
A Number of asymptomatic people
1 Number of infected people
R Number of recovered people
B
d

Population migration rate
Population natural mortality rate

c COVID-19 mortality rate of infected people
Bi Infection rate by contacting A

B2 Infection rate by contacting /

P1 Definitive diagnosis rate of A

02 Self-healing rate of A

u Cure rate of /

y Antibody failure rate of R
a Natural vaccination rate
m Vaccine distribution rate
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For the COVID-19 vaccine, antibodies will be produced in susceptible people after vaccination, but
this immunity is not permanent. After a period of time, the antibody efficiency will gradually decrease
until it disappears. So there is a time delay from the recovered people to the susceptible people.
Meanwhile, although there is also a period of time when an asymptomatic person turn into infected
one, it can be ignored comparing with the time delay from the recovered people to the susceptible
people. Combining the above considerations, we use 7 for the time from the recovered people (R)
to the suspected people (S ), which is the time for vaccine failure. Thus, we construct the following
delayed differential equation:

ds

= =B+7yR(t—1)—aS —ml* - B,SA - 3,5 —dS,

dA

d_ :ﬁlSA +ﬂ251—p1A —pQA —dA,

d’I (2.1)
E :plA—MI—dI—CI,

o =ul + p,A + aS + ml- —yR(t — 1) — dR,

where the meanings of variables and parameters are given in Table 1, and 7 is the time of vaccine failed.

When the vaccine fails, the antibodies disappear and the person move from R to S. But under
normal circumstances, in order to prevent the failure of the vaccine to lead to a large area of infection,
which leads to the epidemic out of control, we often improve the population immunization rates
through booster vaccination. Therefore, it is particularly important to select the right time for booster
vaccination to control the epidemic.

Generally speaking, the booster vaccination time is often earlier than the expiration time of the
vaccine. But when the booster shot is injected, the amount of antibody in the body is significantly
more than that when not vaccinated, and the antiviral efficiency will be greatly improved. So we can
believe that the original antibody has no immunity relative to the existing antibody. In addition, due
to the constant mutation of the virus, even if the antibody did not disappear, the original antibody
has been unable to resist the attack of the mutant strain, it will also have the possibility of infection.
Considering the above two points, we can think that the vaccine failure time is consistent with the
booster vaccination time.

Let C([-7,0], Rio) be the Banach space of continuous functions mapping interval [—7, 0] into Rio.
For any ¢ € C([-7,0], Rio)’ we define the norm ||¢||= sup [(6)| and the initial condition of the system

0e[-7.0]
(2.1)1s

¢s(0) > 0,$4(0) > 0,¢,(0) = 0, pr(6) = 0,
0 € [-7,0],
S(0)>0,A(0) >0,1(0) > 0,R(0) > 0.

The system (2.1) has a unique solution under the above initial conditions. Let (S (¢), A(?), I(¢), R(?))
be an arbitrary solution of the system under this initial condition, we give the discussion about the
positivity and boundedness of solution of the system (2.1).

1) The positivity of solution

When ¢ € [0, 7], we solve each equation of system (2.1) and obtain:
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'
S@) = e_L$lA(5)+ﬁ21(5)+d+d)df [S 0) + f (B+7yR(n—1) - m]2(n))efo”(ﬁlA(§)+ﬁzl(§)+a+d)d§dn] ,
0

A(f) = e~ b P1S@-propr-dide [ A(0) + f t(ﬂ2 SmI(n))e f(j’wls(f)mpzdwdn] ,
0 (2.2)
I(t) — e—(u+d+c)l

1(0) + f (plA(n))e‘(”“’”)”dn],
0
R(t) =e™ [R(O) + f (ul() + p2AQ) + @S () + mI*() = YR( - T))e“’”dn] :
0

In this paper, since we are mainly considering the issues related to booster vaccination, we assume
that most people have received their first vaccination. The state is mainly located in the middle and
late stages of the epidemic with a small number of infected people relative to the beginning, that is, the
number of the recovered people R (the vaccinated people and the cured people) is so far greater than
the infected people I, so that B + yR(t — T) — mI*(f) > 0 is reasonable. By the expression of S (¢), we
can obtain that S () > 0 holds when ¢ € [0, 7].

Now we prove I(r) > 0. We assume that /() is not always positive for # € [0, 7] and make #, be the
first time that I(¢;) = 0, I’(#;) < 0. According to the third equation of the system (2.1), we can obtain
I'(t;) = p1A(#y) > 0. In addition,

11
A(tl) = e_ Ltl(_ﬁls(f)_pl_pZ—d)df [A(O) + f (ﬁzS (n)[(n))e\f(‘;](_ﬁls(f)_ﬂl_pz—d)dfdn '
0

Thus, A(t;) > 0 and I'(¢;) > 0. Since ¢, is the first time that pass through #-axis and makes I(¢) < 0,
so I'(t;) < 0. The two conclusion we obtain are contradictory and /(¢) > 0. In the same way, we can
also obtain A(#) > 0 when ¢ € [0, 7].

Finally, we prove R(f) > 0. Similarly, using the proof by contradiction, we assume that #, be the
first time that R(#,) = 0, R'(¢,) < 0. That is to say, for any ¢ € [0, 1,], we have R(¢) > 0, so R(t; —7) > 0
holds due to t, — 7 € [—7, 0]. By the forth equation of system (2.1), we have R'(t;) = ul(t,) + p,A(t,) +
as (1) + ml(t,)* — yR(t, — 7). If T = 0, we can obtain R'(t2) = ul(ty) + pA(t) + aS (&) + mI(t,)> > 0
under the condition of S (¢) > 0, A(¢) > 0, I(r) > 0, which is contradictory with assumption. So R(¢) > 0
when 7 = 0. If 7 > 0, we focus on the expression of R(¢) in Eq (2.2). In Subsection 5.1, we find that the
values of parameters u, p,, m are larger than y through the analysis of the actual, so it is reasonable to
assume that ul(¢) + p,A(t) + aS (t) + mI(t)*> — yR (t — 7) > 0, which can ensures that R(f) > 0 according
to the expression of R(7) in Eq (2.2).

Overall, when ¢ € [0, 7], the all solutions of system (2.1) are positive after we consider the realistic
situation and give some assumptions. By the similar approach, it can be shown that all solutions of the
system (2.1) are also positive on [7, 27] under some restrictions. This conclusion can be extended to
the interval [n7, (n + 1)7] (n € N). Therefore, for any ¢ > 0, all solutions of system (2.1) are positive
with the restrictions.

2) The boundedness of solution

Let N(r) = S (1) + A(¢) + I(¢) + R(t), and N(¢) represents the total number of people at time 7. Adding
four equations of system (2.1), we obtain N'(tf) = B — dN(t) — cI(t). According to the discussion
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of the positivity of solution, we can obtain that /() > 0 under certain condition. Thus, N'(f) =
B —dN(t) — cl(t) < B— dN(t). Based on the comparison theorem, we can get:

0<N(@) <e™ [N(O) +A f ed”dn] = e Y[N(0) - g] + g.
0

Therefore, lim sup N(#) < g and the solution S (¢), A(?), I(t), R(¢) of the system (2.1) is bounded
>0
when ¢ > 0.

Under the conditions and assumptions that the positivity of solution exists we discussed above, we
mark the feasible region of the system (2.1) is,

Q={S®),A®), 1), R@O)IN(t) =S@)+ 1(t) + Q(t) + R(¥) < %, S >0,A01)>0,1(t) 20, (2.3)

R(t) > 0,ul(t) + p2A(f) + aS (1) + mI(t)*> = yR (t — 7) > 0, B+ yR(t — T) — mI*(t) > O}.

Although the positivity and boundedness of our model are conditional, our analysis of the epidemic
shows that the present state is satisfying the conditions for the existence of positivity and boundedness,
and therefore our model is reasonable and meaningful.

3. Stability of equilibria and existence of Hopf bifurcation

In order to study the existence of equilibrium, Driessche introduced the next generation matrix
method in [29]. By this way, they defined the basic reproduction number R, that is, the number of
secondary infections resulting from a single primary infection into an otherwise susceptible population
[30]. Since then, many models have discussed the existence conditions of equilibria by the basic
reproduction number R,. According to this method, we can obtain the basic reproduction number R,

of our model:
_ By+d)|[Biuw+d+c)+papi]
"Tdlary+d o rp+dw+dro)

The basic reproduction value R is a very important tool when we discuss the spread of a disease,
and the threshold condition R, = 1 completely determines whether an infectious disease can invade
the population or not. When the value is less than 1, it predicts that the disease is relaxed, that is, there
is no epidemic prevalence in the population. On the contrary, when the value is greater than 1, the
disease will be transformed into an epidemic [31,32].

System (2.1) has two equilibria

3.1

E, =(S,ALILR), Ey = (S5,A5,1,,R)), (3.2)
where
+d)B B +o+d)(u+d+
= DB g0 =D 5y et Ot dr o
diy+d+a) diy+d+a) B1(u+d+c)+ B
P \p? —4dmg At = u+d+cl* R - uly + prAs + aS; + ml3?
2 2dm R 2T y+d ’
with

p_d(p1+p2+d+y)(u+d+c)
P1 ’

q=(d”+vyd+ad)S; - (y+d)B.
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The equilibrium E; = (§7, A7, I}, R]) always exists. For the equilibrium E, = (§3,A5,;,R)), if
Ro > 1 holds, g is negative, so S, A3, I3, R are all positive, which means that equilibrium E is
meaningful under this condition. On the contrary, if Ry < 1, we can deduce that I < 0, so it is
nonsignificant in reality. Therefore, we have the following conclusion.

Lemma 3.1. If Ry < 1, the system (2.1) has unique equilibrium: the disease-free equilibrium
E, = (S1,A]LI1,R)). If Ry > 1, the system not only has the equilibrium E,, but also has an endemic

equilibrium E, = (§3,A5, I3, R)).

Then we make linear transformation: § = § — A A=A- AL, I=1- I, R=R- R, k=1,2.
Substitute S, A, I, R into system (2.1) and drop the tilde for convenience, the system (2.1) becomes:

ds

’n =yR(t—71)—aS —ml? —2mlI 1 —B1SA—-PB1S;A—-BiSA;, —BST—B.S;1
-GS I —dS,

dA % * * %

E :ﬁ1SA +ﬁ15kA +ﬁ15Ak +ﬁ251 +ﬁ25k1 -l-ﬂzSIk —plA —pzA —dA, (33)

dl

o =p1A —ul —dI —cl,

dR y 2

I =ul + p,A +aS +2mlL ] —yR({t—71)—dR+ml" k=1,2.

Since we are more concerned about the impact of antibody failure time on the epidemic, we take
time delay 7 as bifurcation parameter when discussing the Hopf bifurcation.

3.1. Analysis for the disease-free equilibrium E,

Firstly, we consider Ry < 1. The characteristic equation of the linearized system (3.3) about E; is
as follows:

(A+a)(1+a+d+ye™™) (4 + A+ 11) =0, (3.4)

where 1} = —f,S7+p1 +p2 +u+2d +c, 11, = (—ﬁlS’[ + p1 +p2+d)(u+d+c)—p1ﬁzS*f.
When 7 = 0, Eq (3.4) becomes:

A+a)A+a+d+y) (2 +I1A+1D) =0, (3.5)

where /1, and [1, are given by Eq (3.4). So we can obtain the eigenvalues: A;; = —a < 0, 4, =
—a —d -y < 0and A3, A4 satisfying equation A% + IT;A + IT, = 0. Due to Ry < 1, we have:

Bi(u+d+c)? _Bopi(pr +pa +u+2d +c)

Ay + Ay = — 0,
B = i dt Ol + By Brutd+ o 4By
Adis =(=B1ST+p1+pr + ) +d +c) — p15S]
4B
:<p1+pz+d><u+d+c>—wl(u+d+c>+ﬁzpl]%

(p1+p2+d)(u+d+c) ~0

>(o1 +p2 + d)u+d+c) = [Biu+d+c) +Bopil Bt d+ O+ Bop)
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Thus, all the roots of Eq (3.5) have negative real parts. We can conclude the disease-free equilibrium
E, is locally asymptotically stable when 7 = 0.

When 7 > 0, 4;; <0, 413 < 0 and 414 < 0 is available with R, < 1. So we just need to consider the
following equation.

A+a+d+ye ™ =0. (3.6)

Substitute A = iw (w > 0) into Eq (3.6) and separate the real and imaginary parts, we can obtain:

= 7y sin ,
@ =ysinwr) (3.7)
—a—d=1ycos(wTr).
Thus,
sin (wr) = =,
Y
a+d (3-8)
cos (wt) = — .
Adding the square of the two equations in Eq (3.8), we obtain:
W+ (@+d)?-y*=0. (3.9)

Therefore, we show the following assumption:

Hl) y>a+d

Under (H1), Eq (3.9) has unique positive root: wy = /v — (@ + d)*. Then we substitute w, into
Eq (3.8). Since wy > 0, r > 0 we can get sin(wt) = ¢ > 0 and

; 1 +d
Tf)]) = — [arccos (_a ) +2jm
Wo Y

) (3.10)

Let A(1) = a(7) +iw (1) be the root of Eq (3.6). If 7 = Tf)j), Eq (3.6) has a pair of imaginary roots:
+iwy with a(réj)) =0, w(réj)) =wy= +/Y?— (@ + d)? (j=0,1,2,---), where ng) is given by Eq (3.10).
Lemma 3.2. If (HI) holds, z; = w,f and ' (z;) # 0, we have the transversality condition:
-1
Re (dd—f) , = Re (d—T)

G i
When Ry > 1, we can get 43414 = I, < 0 according to Eq (3.4), the characteristic equation has
roots whose real parts are greater than zero. Thus, the disease-free equilibrium E; is unstable.

=5>0(=012).

_ )]
T=T, =1,

Theorem 3.1. For system (2.1), there always exists equilibrium E,. And we have the following
conclusions.

1) If Ry < 1, the equilibrium E, is locally asymptotically stable when T = 0. Further, if (H1) holds,
the system undergoes Hopf bifurcation when v = TE)‘/) (j=0,1,2,---). Ey is locally asymptotically
stable for 0 < T < Tg)) and is unstable for T > Tf)o), where Téj) is given by Eq (3.10).

2) If Ry > 1, the disease-free equilibrium E/ is unstable.
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3.2. Analysis for the endemic equilibrium E,

For the endemic equilibrium E, the characteristic equation of system (3.3) becomes:
P+ g+ A+ gl +qu +ye™™ (/13 + A2+ pad + p3) =0,

where

¢ =D, +d,q, =dD, + Dy,q3 = D3 +dD»,q4 = dD3,p; =D, + C, pr = Dy + Cy,

p3=D3+C5,D) =u+d+c+a+pA+L.L —B1S;+p1 +p2+2d,

Dy =(a + B1AS + Boly + d) (=155 + p1 + p2 + d) + B2S5(B1A; + Baly) + (a + B1A]
+Bals —BiS5 +p1 +p2 + 2d)(u +d + ¢) — p15S5,

D; =(u+d + o)l(@ + BiA; + ol + A)(—P1S5 + p1 + p2 + d) + BiS2(B1A; + Bo1)]
—p1BeS (@ + BiAS + Boly + d) + p12mI; + BaS5)(Bi1A; + Bal),

Ci=—0a,C, =—a(u+2d+c—B1S5+p1 +p2) + p2(B1A5 + Bo15),

Cy=—la+d+ )PS5+ p1 +p2) + p1(B1AS + Bol5)(u + 2ml5) — ap1 2S5
+p2(u +d + ) (BrA; + Bolh)].

When 7 = 0, the Eq (3.11) can be transformed into the following form:

(3.11)

P+ (@+P + (@ +yp)AP + (g3 +yp)A+ (qa +yp3) = P+ a P + . ® + a3 + a4 = 0, (3.12)

where q1, 92, g3, g4, p1, p2, p3 are shown in Eq (3.11), a; = g1 + ¥, a, = g2 + yp1, a3 = gz + ypa,

a, = g4 + yps. According to the Routh-Hurwitz criterion, we show the following hypothesis:

H2) aja, —az > 0, a3 (a1a; — a3) > a’aa, as > 0.
1

If (H2) is satisfied, all eigenvalues of Eq (3.12) have negative real parts, the endemic equilibrium

E, of system (2.1) is locally asymptotically stable when 7 = 0.

When 7 > 0, we try to discuss the existence of Hopf bifurcation. We assume that 1 = iw (w > 0)
is a pure imaginary root of Eq (3.11). Substitute it into Eq (3.11) and separate the real and imaginary

parts, we can obtain:
W=t g =—y (—pla)2 + p3) cos (wt) —y (—a)3 + pzw) sin (wT),
—qw* + GFw=y (—p1w2 + p3) sin (wt) —y (—a)3 + pza)) cos (wT).

Equation (3.13) derives to:

, (-1 + qs) (~p1e?® + p3) (@* = @20 + q4) (- + pro)
sin (wT) = > 5= > >
Y (=p1? + p3)" +y (@ + )" y(=p1w? + p3)” + v (W + prw)
(w“ — uw* + 614) (—P1w2 + P3) (—410)3 + %w) (—w3 + Pzw)
cos (wt) = —

Adding the square of the two equations in Eq (3.13) and letting z = w?, we get:

W)=+ +a +cz+c, =0,

y(=p10? + p3) +y (03 + prw) Y (=piw? + p3) +y (~0 + prw)

(3.13)

(3.14)

(3.15)
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where
o1 =-2q2+ Gt =V e = g5+ 200 - 20145 - ¥ (] - 2p2).

3 = =2q2q4 + q% -y (—2P1P3 + P%) »Cq4 = ‘1421 - 721’%-

Discussion about the roots of Eq (3.15) is similar to that in [33]. According to this, we give the
following lemma.

3
Lemma 3.3. Assume that §; = £ — 22, 8, = 55 - A2 43, @ = (%)% + (‘%‘)3, we can get the

2 T 16 EY)
Jfollowing results.

1) If c4 <0, Eq (3.15) has at least one positive root.

2) If c4 = 0, Eq (3.15) has positive roots if and only if z; > 0 and h(z;) < 0 when ® > 0. On the
contrary, when ®© < 0, Eq (3.15) has positive root if and only if there exists at least one 7* € {z1, 22, 23},
such that 7 > 0 and h(zx) < 0, where z1, 7, and z3 are the roots of h'(2).

If h(z) satisfies the existence condition for positive roots in Lemma 3.3, we hypothesize the Eq
(3.15) has n(n = 1,2,3,4) positive roots marked as z; < z, < -+ < z, (n =1,2,3,4). Substituting
w, = 1/z, into Eq (3.14), we can get the expression of 7:

0 { wl [arccos (P,) + 2jn], 0, >0,
) = n

wln [27 — arccos (P,) + 2jn], Q, <0, (3.16)

where Q,, = sin(wT)| W, P, = cos(wT)|

Let A(1) = a(1) +iw (1) be yhe root of.Eq B.1). Ifr = T,(1j), characteristic Eq (3.11) has a pair of
imaginary roots: +iw, with a(t})) = 0,w(t)) = w, (j =0,1,2,--- ,n=1,2,3,4).

w, sin(wt), cos(wt) are given in Eq (3.14).

W=Wp,T=T,

Lemma 3.4. If (H2) holds and z, = w?, I (z,) # 0, we have the transversality condition:

Re (d—’l)_l T:r,(f) = Re (%)

_ (@
I (T R G A g

Theorem 3.2. When Ry > 1 and (H2) hold, the equilibrium E, is locally asymptotically stable for
7 =0. When T > 0, we have the following conclusions.

1) If h(z) does not satisfy the condition for the existence of positive root in Lemma 3.3, the
equilibrium E, is locally asymptotically stable when T > Q.

2) If h(z) satisfies the condition of the existence of positive root in Lemma 3.3 and only has one
positive root 7, the system (2.1) undergoes Hopf bifurcation at E, when T = T(lj) and h'(z;) > 0. The
equilibrium E, is locally asymptotically stable for ¥ 0 < 7 < T(IO) and is unstable for ¥ T > Tﬁo).

3) If h(z) satisfies the condition of the existence of positive root in Lemma 3.3 and has two positive
roots zi, Zzp, the system (2.1) undergoes Hopf bifurcation at E, when T = T(lj) and
T = T(Zj) (j=0,1,2,---).Assuming that 7, < z;, we can get h’(z;) > 0,h'(z;) < 0. Thus, ifTﬁO) < T(ZO),

there exists k that makes: 0 < T(IO) < 7(20) < T(I]) < 7(21) < e < T(lk) < T(1k+]). When

T € [0, T(IO)) U Uf;l (T(zi_l),r(li) , the equilibrium E, is locally asymptotically stable and when

#0(j=0,1,2,---).

TE Uf:ol (T(li), T(zi)) U (T(lk), +00), the equilibrium E, is unstable.

4) If h(z) satisfies the condition of the existence of positive root in Lemma 3.3 and has three positive
roots 71, 22, 23, the system (2.1) undergoes Hopf bifurcation at E, when T = T(lj)(l’l =1,2,3). Assuming
that 73 < 7o < 71, we have h'(z1) > 0,h'(20) < 0,1’ (z3) > 0. Similar to the analysis of (3), the stability

of equilibrium E, switches with the increase of T. And finally, the equilibrium E, is unstable.
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5) If h(z) satisfies the condition of the existence of positive root in Lemma 3.3 and has four positive
roots 71, 2o, 23 and zy, the system (2.1) undergoes Hopf bifurcation at E, when T = T(lj)(l’l =1,2,3,4).
Assuming that 74 < 73 < 7 < 71, we can obtain h'(z;) > 0,h'(z2) < 0,1 (z3) > 0,h'(z4) < 0. Similar
to the analysis of (3), the stability of equilibrium E, switches with the increase of 1. Finally, the

equilibrium E, is unstable.
4. Normal form and bifurcation analysis

In this section, we will deduce the normal form of Hopf bifurcation for system (3.3) with the help
of multiple time scales method. Assuming that Eq (3.4) or (3.11) has a pair of pure imaginary roots

A = *iwy at equilibrium E; = (S}, A, I, R}) (k = 1,2), we can obtain the normal form as follows. The
calculating details can be referred to Appendix.

G = yiM;7.G + yiH7.G*G, 4.1)

where yi, My, Hy are given in Eqs (A11) and (A16) in Appendix.
Then, we let G = ye'% and substitute it into Eq (A17). The normal form of Hopf bifurcation in polar
coordinate is as follows:

{i,- = Re(My)t,r + Re(Hy)r, 4.2)

gk = Im(Mk)Tg + Im(Hk)(k)rz.

The nontrivial equilibrium of Eq (4.2) corresponds to the periodic solution of system (2.1). So
we can discuss the stability of periodic solution in system (2.1) by studying the stability of nontrivial
equilibrium in Eq (4.2).

Theorem 4.1. If Fe0™ < 0 (k = 1,2) holds, the Eq (4.2) has nontrivial fixed point

rr= /—%, so the system (2.1) has periodic solution around the equilibrium E;.

1) If Re(xiM;)t, < 0O, the periodic solution of system (2.1) is unstable. When 1, > 0 (1, < 0), the
unstable periodic solution of Hopf bifucation is forward (backward).

2) If Re(xxMi)te. > 0, the periodic solution of system (2.1) is stable. When 1, > 0 (1, < 0), the
stable periodic solution of Hopf bifurcation is forward (backward).

Remark 1:

In this paper, in order to determine the time for booster vaccination, we propose an S AIR epidemic
model with time delay for exploring the impact of booster vaccination time on the epidemic. We obtain
the basic reproduction number R, and the following conclusions.

1) Ry < 1: when 7 = 0, the disease-free equilibrium E; is locally asymptotically stable, which
means the epidemic can be effectively controlled; when 7 = ng) (j = 1,2,--+), equilibrium E,
undergoes Hopf bifurcation, where Téj) is critical value of Hopf bifurcation near E; given by Eq
(3.10). In order to effectively control the epidemic, we need to control T within TE)O). That is to say, we
should vaccinate the booster shot within the critical time while the original antibody is invalid in a
sense. The booster vaccination can generate antibodies, which can improving herd immunity and
further control the outbreak of the epidemic. E; is unstable in this condition.

2) Ry > 1: the disease-free equilibrium E; is unstable and when 7 = 0, E; is locally asymptotically
stable under the preconditions of Theorem 3.2, the epidemic can be controlled effectively; when 7 =
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ng) (G =12,---, n=1,2,3,4), the equilibrium E, undergoes Hopf bifurcation if Eq (3.15) has
positive root, where 7 is critical value of Hopf bifurcation near E, given by Eq (3.16). In order to
control the epidemic, we also need to control the booster vaccination time within the time delay that
can make epidemic stability.

With analysis of equilibria, we can also get the direction of Hopf bifurcation by calculating the
normal form according to Appendix. We can also obtain the stability of periodic solutions and the

direction of Hopf bifurcation in Theorem 4.1.

5. Numerical simulations

In this section, we will carry out numerical simulations to verify our theoretical analysis. Then, we
will simulate the effect of virus mutation on the critical time of the booster vaccination by controlling
the infection rates §; and S3,. Finally, we will estimate the time required to complete a round of
vaccination worldwide through fitting and prediction, and will propose reasonable suggestions about
the booster vaccination time by analysis of the results.

5.1. Determination for parameter values

Based on official statistics (https://ourworldindata.org/covid-vaccinations; http://2019ncov.
chinacdc.cn/2019-nCoV/global.html), we can obtain the data of cure rates and vaccination rates for
211 countries. In order to ensure that the data can reflect the average, we take countries with more
than 400,000 infections and eliminate outliers and missing values. Then, we screen cure rates for 52
countries and vaccination rates for 116 countries. Since most COVID-19 vaccines are inactivated
vaccines with two doses, we considered the vaccination rates of all two doses. As a result, we make
bar chart and line chart respectively, as shown in Figure 2.

Transmission Rates from | to R: u
1.2

0 ‘mH H ‘ ‘ .
] 5%

National Vaccination Rates: a

T 09
08 1
07 | I oa - \4
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i M T W1
o4 AR R, \NA MY \/‘ \
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yanm:
Kuw:
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Democatic

(a) Values of the cure rates u in 52 countries (b) Values of the vaccination rates « in 116 countries

Figure 2. Analysis of parameters u and «.

For Figure 2(a), we can clearly see that the cure rates of 52 countries are almost at the same level,
so we choose the mean value: 0.9383 as the value of u. As for vaccination rate, it’s not difficult to find
that the vaccination rates of these countries are mostly in the range of 0.2 to 0.6 see in Figure 2(b), so
we choose ¢ = 0.3089, ¢ = 0.4126 € (0.3, 0.6) respectively.
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Based on the above consideration and the actual situation, we take the following two groups of
parameters:

1) B =10, d = 0.00714, ¢ = 0.0484, « = 0.3098, y = 0.50, u = 0.9383, 5; = 0.00046, 3, =
0.00092, p; = 0.0025, p, = 0.74, m = 0.6;

2) B = 100, d = 0.00714, ¢ = 0.0484, « = 0.4126, y = 0.35, u = 0.9383, B, = 0.00011,
B2 =0.00089, p; = 0.1528, p, = 0.84, m = 0.6.

5.2. Simulation and verification

For the group of parameters (1): B = 10, d = 0.00714, ¢ = 0.0484, « = 0.3098, y = 0.50,
u = 09383, g, = 0.00046, B, = 0.00092,p; = 0.0025, p, = 0.74, m = 0.6, we calculate the
non-negative equilibrium E; = [S],A}, I}, R]] = [869,0,0,531] according to Eq (3.2). This group
of parameters meets (H1), so Ry < 1, the equilibrium E; is locally asymptotically stable when 7 =
0. Substitute parameters (1) into Eqgs (3.8)—(3.10), we get wy = 0.3867,7'80) = 5.8372, sin(wyT) =
0.7734, cos(wyt) = —0.6339. According to Theorem 3.1, we know that E; is locally asymptotically
stable for any 0 < 7 < TBO) = 5.8372 and it is unstable for any 7 > TBO) = 5.8372. Then we calculate the
normal form of Hopf bifurcation and obtain Re(yM;) > 0,Re(yH;) > 0 from Eqgs (A11) and (A16).
According to Theorem 4.1, we can get when 7, < 0, Re(yM;)7. < 0, the periodic solution is unstable
and the direction of Hopf bifurcation is backward.

When 7 = 0, it means people consistently vaccinate to avoid infection. In this case, the virus
constantly mutates, making the original antibody unable to defend against the mutated strains, so the
immune system continues to fail. We choose the initial values [1000, 100, 50, 500], the equilibrium is
locally asymptotically stable shown in Figure 3. Although there are fluctuations in 0—4 years, it tends
to be stable after the 4th year. There are no infected people and the disease is eliminated. This means
that in this case, it is efficient for people to vaccinate against disease consistently, but this situation is
under the perfect condition. Considering that it takes a certain time to complete a round of universal
vaccination and the antibody are not instantaneous failure, this situation is basically impossible.

When 7 = 1.5 € (0, TE)O)) with Tf)o) = 5.8372, which means that we will get the booster vaccination
1.5 years later, we still choose the initial values [1000, 100, 50, 500] and the figure of numerical
simulation is shown in Figure 4.

1500

T T
v 1000
500 % 1
(o] 2 4 6 8 10 12 14 16 18 20
200 T T T T T T T T T
<€ 100 \ 4
o 1 L L L ! !
(0] 2 4 6 8 10 12 14 16 18 20
50 T
o !
(0] 2 4 6 8 10 12 14 16 18 20
1500 T
o 1000 - -
500 I T T T T T T T T
(o] 2 4 6 8 10 12 14 16 18 20

t(years)

Figure 3. When 7 = 0, equilibrium E; of the system (2.1) is locally asymptotically stable.
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Figure 4. When 7 = 1.5, equilibrium E; of the system (2.1) is locally asymptotically stable.

From Figure 4, we find that the disease-free equilibrium E; is also locally asymptotically stable.
The fluctuation in the first eight years is obvious, but it gradually stabilizes after 6th years, and the
disease can also be eliminated. Although its regional stability speed is less than that T = 0, it can still
ensure stability in the short time. That is to say, when we do the booster vaccination 1.5 years later, the
immune effectiveness of the original antibody is lost in a sense, and people can vaccinate again to deal
with the constantly changeable virus. This will enhance the immunity of the population and control
the epidemic effectively.

Through the analysis of Hopf bifurcation direction, we obtain: when 7 = Tg)) = 5.8372, Re(xx M) >
0,Re(yrHy) > 0,7, < 0, so there is backward Hopf bifurcation near T(()O), and the bifurcating periodic
solution is unstable. In order to control the epidemic effectively, we hope to avoid this situation.

Remark 2: According to the numerical simulations of parameters (1), we can get: when 7 < Tg)),
the shorter time of booster vaccination is, the better the epidemic can be controlled. However, if
T > Tf)o), the equilibrium E; is unstable. In other words, if people are vaccinated after more than TE)O)
years, the epidemic will be difficult to control.

For the group of parameters (2): B = 100, d = 0.00714, ¢ = 0.0484, a = 0.4126, y = 0.35,
u = 0.9383, B, = 0.00011, B, = 0.00089, p; = 0.1528, p, = 0.84, m = 0.6, we can also calculate the
equilibria £y = [S], A}, I}, R]] = [6498,0,0,7507], E, = [S},A}, I3, R;] = [4051,307,47,9279] by Eq
(3.2). We find that (H1) is not satisfied and (H2) is available. So the equilibrium E| is unstable and E,
is locally asymptotically stable when 7 = 0. Substitute this group of parameters into Eqs (3.11)—(3.15),
we obtain that A(z) has two different positive real roots z; = 0.5658 > z, =~ 0.2869. According to Eq
(3.16), we have 7\ = 3.1114 < 73° = 7.2011 < 7\" = 11.4645 < 7'¥ = 18.9323 < 7\ = 19.8176.

In accordance with Theorem 3.2, the system (2.1) has the conclusion: if 7 € (0, T(]O)) U(T(QO), T(ll)),
the equilibrium E; is locally asymptotically stable, and if 7 € (T(lo),r(zo)) U(T(ll), +00), E, is unstable.
Besides, the system undergoes Hopf bifurcation near E,. Through Eqs (A10)-(A17) and Theorem 3.2,
we get: when 7 = Tﬁo), Re(yoM,) > 0, Re(xy,H,) < 0, 7. > 0, the periodic solution is stable; when
T = T(ZO), Re(yoM,) < 0, Re(yoH>) < 0, 7. < 0, the periodic solution is stable; and when 7 = T(ll),
Re(xyoM,) > 0, Re(y»2H,) < 0, 7. > 0, the periodic solution is also stable.

When 7 = 0 which means people consistently vaccinate to avoid infection with instantaneous failure
of immunity, we can see the equilibrium E, is asymptotically stable with the initial value [S000, 300,
100, 10000] shown in Figure 5. In this figure, there are fluctuations in 0—6 years, but it tends to be stable
after the 6th year. Similar to the situation of parameters (1), although the epidemic can be effectively
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controlled in a short time, this situation does not exist.
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Figure 5. When 7 = 0, equilibrium E; of the system (2.1) is locally asymptotically stable.

When 7 =1 € (0, T(lo)) where T(lo) = 3.1114, which means that people get booster vaccination after
one year along with failure of original immunity, we can get the equilibrium E; is also asymptotically
stable shown in Figure 6. Although there are fluctuations in the epidemic in the previous 8 years, it
tends to be stable after 10th year.
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Figure 6. When 7 = 1, equilibrium E, of the system (2.1) is locally asymptotically stable.

When 1 € (T(IO), 7(20)) = (3.1114,7.2011), which means that people get booster vaccination between
3.1114 and 7.2011 years, the equilibrium E, is unstable. Since Re(y,M,) > 0,Re(y.H,) < 0,7, > 0 at
T= T(lo), system (2.1) has forward Hopf bifurcation near T(lo) and the periodic solution is stable. This is
not ideal for controlling the outbreak.

When 7 = 8 € (T(ZO), T(ll)), which means that people get booster vaccination after 8 years and the
original immunity fails at this time, the results of the numerical simulation are presented in Figure 7
with the initial value [5000, 300, 100, 10000]. Although the equilibrium is asymptotically stable in
the long term, it continues to fluctuate in the next two decades and the epidemic can not be effectively
controlled in a short time. Therefore, it will not be adopted.

Remark 3: Through numerical simulations, it can be found that as time delay r changes, the
stability of the equilibrium E, constantly switches. However, in the short term, the epidemic can be

controlled effectively only when 7 < T(lo). And when 7 > T<10), the outbreak of epidemic will continue.
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Because the small variation of time delay will lead to great changes near T(IO), therefore, much emphasis
should be put on controlling the booster vaccination time.
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Figure 7. When 7 = 8, equilibrium E, of the system (2.1) is locally asymptotically stable.

Next, we will simulate the virus mutation based on the second group of parameters. To keep the
epidemic under control, the booster vaccination time must be kept within T(lo). Otherwise, antibody will
fail, the epidemic will be difficult to control.

As the virus mutates and selective expression of genes, the infection rate and the drug resistance
increases, so we consider that the infection rates 8; and 8, change within a certain range to simulate
the virus mutation. And we use the critical time delay T(IO) to reflect the efficiency of vaccine. We find
that when ; € (0.00009, 0.00014), 8, € (0.00053,0.00185) and other parameters remain unchanged,
the stability and the direction of Hopf bifurcation is the same as situation of parameter (2). Therefore,
we choose 5; = 0.00009, 0.00010,0.00011,0.00012 and g, is changed within (0.00053, 0.00185), and
we obtain a graph about T(lo) with respect to the infection rates.
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05 1 15 2
B, %107

Figure 8. T(IO) with respect to the infection rate 3, for different infection rate ;.
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According to Figure 8, we can clearly see that T(lo) decreases as 3, increases when 3, is fixed, and the
delay 7(10) decreases for the four decreasing values of 8; when (3, is fixed. In fact, as the virus continues
to mutate and the rate of infection increases, the greater the probability that the original antibody will
fail, requiring us to take action for booster vaccination in a shorter period of time. This is consistent
with the results of our simulations. Therefore, in order to keep the outbreak under control and rather
than the sustained outbreak, we need to reduce the booster vaccination time when the virus mutates.

5.3. Forecast and suggestion

It takes a certain amount of time for a region to complete a round of vaccination which cannot be
ignored in the study of the booster vaccination time. So we should consider this in our model.

Now, we use the available data to predict the time to complete a round of vaccination. We obtain
the time-varying data of the number of people vaccinated per 100 people in each country from the
official data (https://ourworldindata.org/grapher/covid-vaccination-doses-per-capita?time=latest). And
then we select the average as the level of the world through the data of 2020/12/1-2021/10/12. We
choose the initial time as ¢t = 0 with day as a unit, perform fitting with logistic function on the data and

get the equation as:
94.84646109

1 + 157.68865977¢~0-02193805x"

The fitting and prediction result is shown in Figure 9. Through calculation, it is concluded the
correlation coefficient between predicted value and actual value R? = 0.9803, with strong correlation
and good fitting effect.
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Figure 9. Fitting and forecast vaccination process.

In fact, due to individual variability, not all people can be vaccinated, especially for elderly people
with some underlying diseases. So it is not possible to achieve the vaccination rate of 100%, which
is consistent with the results of our fitting. In the Figure 9, we find that the growth of vaccination is
already slow when ¢ is at 450 days, so we consider that vaccination is complete at t = 450 days, which
means that a round of vaccination can be completed in 1.23 years with the world average.
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From the simulation results in Subsection 5.2, we can obtain that under the second group of
parameters, the booster vaccination can eventually reach stability within 3.11 years. Based on the
fitting result in this subsection, the time to complete a round of vaccination is predicted to 1.23 year.
Therefore, when the vaccination process starts within 3.11-1.23=1.88 years, it can ensure that the
round of vaccination can be completed and the final stabilization can be guaranteed.

Next we illustrate the more general relationship between fitting results and system (2.1). Firstly, we
give the definitions of some function and region in Table 2.

Table 2. The descriptions of some function and region.

Labels Explanations

tH = T(IO)(ﬂz) Function of critical booster vaccination time

to Time required to complete a round of vaccines

= T(lo)(ﬁz) — 1 Function of critical booster vaccination time with restriction
Dy ={(B>, 0|t > T(lo)(,Bz)} Unstable region

Dy = {(Ba, DIV (B2) — 1o < t < 7\7(8,)} Buffered region
D3 = {(B2,0I0 < 1 < 7(B2) — 10} Stable region

The virus mutation affects the infection rate 5, most predominantly, so we define the booster
vaccination time function as #; = Tgo)(ﬁz) expressed as the relationship between the critical booster
vaccination time and the infection rate 8,. However, since vaccination is a large-scale behavior, the
time to complete a round of vaccination is not negligible, assuming f,. Taking this factor into account
in the system, we define the restricted booster vaccination time function as #, = 7(10)(,82) — to, expressed
as the relationship between the critical booster vaccination time that allows vaccination to proceed
smoothly and the infection rate 8,. With the above two functions, we can divide the 8, — ¢ plane into
three parts: D; = {(B, D)t > T(lo)(ﬂz)}, D, = {(B,, l)|T(10)(ﬂ2) —f < t < T(IO)(,Bz)} and
D3 ={(B, 0|0 <t < T(IO)(ﬁz) — o}, as shown in Figure 10 (a). D, describes the region where the critical
booster vaccination time beyond the critical booster vaccination time, which is unstable according to
the previous simulations. Ds describes the region where the booster vaccination time is less than the
critical booster vaccination time after removing the time to complete a round of vaccination, which is
clearly the stable state. The region between the two functions D;, D, is not able to complete the
vaccination before reaching instability with the current vaccination process, but if we intervene
appropriately to speed up the vaccination process, we can complete the vaccination on time and
eventually reach the stable state. So we call this region as buffer region.

Taking the second set of parameters and the results of the fit and prediction, we get 8, = 0.00089,
to = 1.23, and we draw the function ¢, #, and the region D;—D3, as shown in Figure 10(b). Nowadays,
most countries in the world require booster vaccination at 6 months, so we mark the point (0.00089,
0.5) in the figure as the current state. It is obvious that this point is in region D3, so the current state is
the stable state. However, as the virus mutates, the transmission rate 5, will gradually increase, which
we represent by the red line with arrow in Figure 10(b). We can clearly see that the state point reaches
the region D, when 3, > 0.0073, at which time we think we cannot complete a round of vaccination.
However, we can change the size of the region D; and D, by shortening the vaccination process, so
that the state point reaches again within the new stable region Dj.

Remark 4: For the numerical simulation results, we have the following conclusions.
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1) Through the simulation of the two groups, we find that the epidemic would be effectively
controlled when the booster vaccination time is controlled within the critical delay Tg)) or T(IO), while
the epidemic would be difficult to be controlled if the booster vaccination time was larger than the
critical delay.

2) For the mutant strain, the infection rate will increase with the continuous mutation of the virus,
which will lead to the continuous reduction of the critical booster vaccination time. That is detrimental
to the control of the epidemic.

3) Not all countries are able to complete a round of mass vaccination within a short period of time,
taking human, material and financial factors into account. For the current world average, we should
keep the vaccination time within 1.88 years. Therefore, it is reasonable to carry out booster vaccination
at 6 months, because it can keep the epidemic at a stable state. But as the virus mutates and the infection
rate increases, we may reach a state within the buffer zone, at which point the vaccination process needs
to be accelerated so that the state is in the new stable zone.

t1=7(10)(ﬁ2)

unstable region D1
_O)q . unstable region D 5
= (B)) -t =

(0.00089, 3.1114)

, .
steble E buffer region D,
1| regionD, o (0.00173, 0.5)
—Ii

T
0 1
0.5 1 15 2

> P .
‘d2 x10

buffer region D 2

stable region D3

(@) (b)

Figure 10. The general relationships between fitting results and system (2.1).

6. Conclusions

In this paper, considering of the characteristics of COVID-19 vaccine, we have constructed an
S AIR model with time delay to study the booster vaccination time. We have studied the stability of
the equilibria and the existence of Hopf bifurcation with the help of the basic reproduction number Ry.
Then we have analysed the stability and direction of Hopf bifurcation periodic solution by calculating
the normal form with the multiple time scales method.

In Section 5, we carried out numerical simulations. Firstly, the changes of epidemic situation are
simulated through two groups of parameters to verify the theoretical analysis results. Secondly, we
considered the impact of mutant strains on the critical time of booster vaccination. With the
continuous variation of virus and the continuous increase of infection rate, the critical time of booster
vaccination should gradually be decreased to ensure the safety and effectiveness of epidemic
prevention and control. Then, using the official vaccination data, we fitted and predicted the time

Electronic Research Archive Volume 31, Issue 2, 1004—-1030.



1024

required to complete a round of universal vaccination. Through the analysis, we define three regions:
stable region, unstable region, and buffer region. Based on this, we judge that the current 6-month
vaccination is reasonable, but with the mutation of the virus, it is necessary to accelerate the booster
vaccination process or advance the booster vaccination time appropriately.

In the future, as the virus continues to mutate, it is possible that the virus will have a high rate
of transmission but will gradually become less aggressive to humans, and COVID-19 may become a
disease like influenza. What kind of dynamic phenomenon will be generated at that time? This is an
issue for future research to explore.
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Appendix

System (3.3) can be written as:

Xt)=AX®O+BX(t-1)+F[X(®),X(t-1)], (A1)

where

X (1) = (Sto Ak I, RO X (1 = 7) = (Sp(r = 1), Ag(t = 7), Li(t = 7), Ri(t = 1),

A

€1 —B1S; 2ml; —BS; 0 000 vy Fg €
ﬁ]AZ +ﬁ2[]t € ﬁzSZ 0 B = 000 O F= F, _ IBISkAk +ﬁ25klk
0 01 -u—d-c 0f 000 0F F 0
a 02 2mlf +u  —d 000 —y Fp ml}
2

€ =—a—-BA =Bl —d,& =S, —p1 —pr—d,&s = —ml — B,SAr — B2S 1.

Then, make transformation: ¢ — ¢/7 for convenience, we have:

X0 =mAX@®)+tBX(t-1)+7F[X(),X(t-1)]. (A2)
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where A, B, F are given in Eq (A1).

We linearize system (A2): Y’(t) = 1tAX(t) + TBX(t — 1). Let h (k = 1, 2) be the eigenvector of the
linear operator corresponding to the eigenvalue iw,t and let /; (k = 1, 2) be the normalized eigenvector
of the adjoint operator of the liner operator corresponding to the eigenvalues —iwy 7 satisfying the inner

product <hk, hz> = h_ZThk = 1. By a simple calculation, we get:
e = (e, o, s, ) S = (B g, i, i)' (A3)
where

[jwc = (BiSi—pr=p2—d)|lin + (w+ d+ OlPBS, i+ (urd+o)

ha = o = Jha =1,
p1 (B1A; +BI;) P
A a[ia)k - (,815; —p1— P2 — a’)] liwk + (u+d+ )] —apifaS;  p2(wp+tu+d+c)+p (2mIZ + u)
k4 = ) + ; Tior
P (,3114}: +/31;) (lwg + d + yeTioT) p1 (iwy +d + yemiorm)
5 —ia)k +d+ ’}/eiwkT 5 [—i(,()k +a +,31AZ +,32[Z + d] (—iwk +d+ yei“’”) - a/yei“’“
o= , W =
k1 iwgT > k2 ) - N s
ye k ye“"kT (,BlAk +ﬁ21k)
3 2ml +u BaS (—iwk +a+BiA + Bl + d) (—iwk +d+ yei“’“)
~ af,S Zyei‘““ _ @CmlI; + BoS ) (—lwy +d + yeierT)
yelort (,3114;2 +,321Z) (miw+u+d+c) yelT (—iwyg + u+d + ¢)
e 1% 1% = = . h;tZ « h~Z3 . h;t4
hk4 :l,dk = hklhkl + hk2hk2 + h3hk3 + hk4hk4’hkl = d_’hk2 = d—,hk3 = d—,hk4 = d_ (k = 1,2) .
k k k k

We consider 7 as a bifurcation parameter and take a time scale T = 7. + &1, where 7. = Tﬁ,’)(n =

0,1,2,3,4)in Eq (3.11) or (3.16). ¢ is the scale parameter without dimension and 7, is the disturbance
parameter. Thus, X(¢) can be written as:

o0

X(6) = X(To, Ty, To,-++) = ) & XulTo, T, T, ), (A4)
k=1

where
X(To, Ty, Ts, ) = [S(To, T1, Ta,+ ), A(To, Ty, To, - - ), I(To, T1, T, -+ ), R(To, Ty, Ta, - )T,
Xi(To, Ty, To, ) = [Su(To. T1, Ta, -+ ), A(To, T1, T, -+ ), I(To, Ty, Tay -+ ), Ri(To, Ty, T, -+ )],
k=1,2T;=¢&t,j=1,2,---.
X'(t) can be written as:

dXx() _ aX, 2dX2 3dX3

X 0= a  Car Tt a far ”
_ 8X1 0X1 28X1 2 6X2 6X2 38X3 (AS)
_8(6To +88T1 +¢& 6T2)+g (8T0 +86T1)+8 9T, +

=eDoX| + D\ X, + DX, + &2DoXs + D1 X5 + £ Do X5 + -+ -,
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where D; = %(i =1,2,3,---) is differential operator.
Using the Taylor expansion, we can obtain the formula of X(¢ — 1):

X(t—-1D)=eX[t—1,e(t-1),81t—-1), -1+ X[t — 1,8t - 1), - 1),--]
+EX[t- et —1),80t—-1),---]1+---
=&[X11 — D1X11& - D X118°] + &[Xa1 — D1 Xy 18] + & X31 + -+
=eXi1 + & (Xa1 — D1 X11) + & (X31 — D1 Xa1 — DaXyp) + -+,

where X;; = Xi(t — 1,et,&t,---)(i=1,2,---).
Then we substitute Eqs (A4)—(A6) into Eq (A1). Corresponding to the coefficient of £ on both sides
of the equation, we get the following expression:

DoS 1 + T+ BiA; + Bol + A)S 1k + TL1S ALk + T.CmI; + BoS )k — TYRix = 0,
DoA = T (B1AL + Lo l)S 1k — T(B1S; —p1 —p2 — A1k — TB2S 1 x = 0,
Dolij —tp1Aip +7(u+d+ o)l =0,

(A6)

(AT)

DoR) j — 1S 1k — Tep2A1f — Tc(zmlz +wli g +7dRyj + T YR = 0.

Corresponding to the coefficient of £ on both sides of the equation, we obtain:

DoSox + Tl + 1A + oy + A)S o + Tf1S [ A2k — YTeDiR1 1 j + T.CmiI; + B2S ) ok
—TYRy i = —Tc(mllz,k +B1S 1ALk + Ba2S 1idi k) — DiS 1 x + Tl (e + B1A; + B
+d)S 1k = B1Si AL — CmI + BaS DD + YRl

DoAzy — T (BrA; + Boli)S 2k — T(B1S; — p1 — p2 — D) Az — TfaS ;hox = —Di1A1x
+ T (B1S 14A 1k + B2S 14l14) + Tl (BiIA; + Bol)S 14k + (B1S —p1 —p2 — A1k (A8)
+B2S i 11 4],

Dolyy —tep1Anp + T(u+d + )y = =Dl i + To[p1Arx — (u+d + )14l

DoRyj — 1S 25 — Tep2Aoy — T.2mlI; + u)lh i + TcdRy i + TyRo1j = =D Ry

+ ¥T.D1Ry 4 + Tcmllz’k + TelaS 1 x + p2A1x + CmI + )l x — dR x — YR 4]
For &>—order terms, we have:
DoSsi+ 1@ + BrA; + Bolf + d)S 34 + 715 Az k + T.2mI + BoS D — T YR314
= =D1S2x — DS 1k — TeY(D1Ra1 g — DaRy1 i) — Te[2miy p i + B1(S 14A2x
+ 824A10) + Bo(S 14log + Soxli )] + Tel—(@ + 1AL + Bl + A)S ok — BiS [Ask
— 2mI; + BoS Dbl + Toy(Rar g — DiR11 ) + To(—ml} = BiS 14A 1k — BoS 1xl140),
DoAs i — T(B1A; + BaLi)S 30 — T(B1S| — o1 — p2 — A3k — TS (I3 = —DiAgy
= DyA 1 + T B1(S 14A2k + S24A 1) + Bo(S 14l2s + S2pd1.)] + Tl (B1AL + B2l )S 2k (A9)
+(B1S; —p1 —p2 — DA + BoS (o] + T(BiS 14A 1Lk + B2S 1.4d1.0)s
Dolsy — Tep1Asp + T(u+d+ )54 = =Dy = Dol g + Telp1Aoi — (u+ d + )i,
DoR3 i — Te@S 3 — TeprAsy — T2ml; + )34 + TcdR3 g + T YR31 4 = =DiRoj — DaR
+ 7Y(DiRa1 g + DaRy1 ) + 7 2mly jloy + TelaSax + p2Ery + Cmil; + u)lh i — dRy ]

— 7.¥(Ro1x — DiRy 1) + Toml}.
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The solution of Eq (A7) can be expressed as the following form:
Xi((To,T1, Ta,-++) = G(T1, T, T3, - )& by + G(T1, T2, T3, - - )e " Pl k = 1,2, (A10)

where /iy is given in (A3). Substitute Eq (A10) into the right hand side of Eq (A8), and mark the
coeflicient before ™0 as vector m;. Through solvability condition < h;,m; >= 0, we can get the
expression of Z2-:

oG
— = viM,;7.G, All
T, Xk T, ( )

1

Where Xk = 1+7TC(/14BT—h4BZ)e_iwkTC )

Mk = ia)k.

Assume the solutions of (A8) are as follows:

SZ,k :ﬁdelwknTOG + fkle—lwk‘rCToG + gklehwkTCTOGZ + gkle—hwk‘rcTOG_Z + lleG,

AZ,k :ﬁzelwkr(.TOG + ﬁze_lwkTCTOG + gk2621wk‘rcTo G2 + gkze—lekT(.To G‘Z + lszG,

. . _ 4 . _ _ Al2
IZ,k :fk3elwk7'cT0G + fk3e_lwkT”TOG + gk3621wk‘rcT0G2 + gk3e—21wch.T0G2 + lk3GG, ( )
R2,k :fk4eiwk7cToG + ﬁ4e—iwkT(;ToG_ + gk462iwkTCT0G2 + gk4e—2iu)kT¢-T()GZ + lk4GG_.
Then substitute Eq (A12) into Eq (A8), we have:
K1 BiS;  2mI +BoS;  —ye [ fu b
—BiA; =Bl Kk —B2S;, 0 Jo | _| bu (A13)
0 —P1 wy+u+d+c 0 ﬁ{3 bk3 ’
- -2 —Q@ml; +u) K4 Jra bia
Vi BiSy  2mI; +B.S;  —ye [ g dy
—(B1A; +BI)) v —B2S; 0 g | _| du (Al4)
0 —P1 2l(,()k +u+d+c 0 gi3 dk3 ’
- —P2 —@2mlI; + u) V4 8ka dra
vy BiSy 2mI; +BS; v || I ek
—BiA; + Body) v —BaS; 0 o e
= Al
0 —P1 u+d+c 0 lk3 €r3 ’ ( 5)
- —P2 —(2mIZ + Lt) d+ Y lk4 €4
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where

_iwch

Ky =iwyg +a + B1Ag + ol +d, kp = iwi — (B1S —p1 —p2 —d), ks = iwy +d + ye ,
TS —1WL T, * * * * * —lWT,
b =T—[—)’Tche Ty — (a0 + BiAg + Bodi +d + M)y = B1S phia — CmiI; + BoS s + ye Ty,

c

TS
bk3 :T—[_Mkhk3 +p1hk2 - (u + d + C)hk3]’
Te iwgTe * o,
Dra = [—Mihis + yT M€ hg + ahyy + pahyo + Cml; + u)his — dhgy — ye g ],

c

vi =2iw + a + B1A; + Bal; + d, vy = 2w, — (B1S} — p1 — pa — d), v4 = 2iwy + d + ye BT,
d = — (mhys + Bilwihia + Bohwihis), dic = Brhxihia + Bolwihus, di = 0, dry = mhis,

vi =a + 1Ay + Bl + dva = —(B1S; — p1 —p2 — d),

ex1 = — Qmhyahi + il hio + Bihiohi + Balia by + Bohyshia),

e =Brhahi + Brhihia + Bolia by + Bohyshir s = 0, exq = 2mhyshys.

We can solve fi, f>, f3, f1, 81,82, 83, 84, 11, 1o, I3, 14 from Eqs (A13)—(A15). Thus, we can get the
expressions of S, Aax, Ik, Ry according to Eq (A12). Then we substitute Eqs (A10)—(A12) into the
right expression of Eq (A9), and note the coefficient of e 70 as vector m,. On the basis of solvability
condition < &;, m; >= 0, we obtain the expression of g—g. Because Tﬁ has less impact on normal form,
so we can ignore 72G term. Therefore, we have:

oG _
(9—7_'2 = XkaTEGzG, (A16)

where

H, = [-2m(Lishis + gishuz) — Bi(liohi + giohi + lalia + guihie) — Ba(lahi + giahir + Lahis + galus)1hy,

+ [Billiohi + ol + luhio + guhin) + Bo(lishi + gishia + lahis + guhia)hy, + 2m(lishis + gahiz)hyy,
1

1+ yr(hah — hyheiente”

Xk

Then, we let G — G/&. Therefore, we get the normal form of Hopf bifurcation for system (2.1):
G = \iMy7:G + x H;7.G*G, (A17)

where i, My, Hy are given in Eqs (A11) and (A16).
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