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Abstract: Pork makes up the highest proportion of household expenditure on meat in China and
supply and demand have been basically stable in the past decade. However, the catastrophic outbreak
of African swine fever (ASF) in August 2018 disrupted the balance and reduced the national herd
by half within six months. The consequence was a gross lack of supply to the market and consumer
demand was unable to be met. Accordingly, live pig prices rose sharply from 2019. In order to assess
the influence of ASF on the price of the live pigs, we use a price function to characterize the relationship
between price of the live pigs and the nations pig stock, and then establish a time delay ASF epidemic
dynamical model with the price function. By analyzing the dynamical behaviors of the model, we
calculate the basic reproductive number, discuss the stability of equilibrium, and obtain the critical
conditions for Hopf bifurcation. The model reasonableness is confirmed by carrying out data fitting
and parameter estimation based on price data of the live pigs, the pig stock data and the outbreak data
of ASF. By performing sensitivity analysis, we intuitively show the impact of ASF on the price of live
pigs and the pig stocks, and assess the key factors affecting the outbreak of ASF. The conclusion is
drawn that, with the control measures adopted by related government department in China, the basic
reproductive number (R0 = 0.6005) means that the ASF epidemic has been controlled. Moreover, the
price of the live pig increases linearly with R0, while the effect of the number of infected pigs on the
subsequent price is non-linear related. Our findings suggest that society and the government should
pay more attention to the prevention of animal disease epidemics.
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1. Introduction

In the food culture of the Chinese, pork is the favorite meat food, and the amount of pork on the
dining table in the reception of guests determines the level of the guests status and also reflects the
economic strength of the hosts family. Therefore, the amount of pig breeding, pork production, pork
prices are directly related to people’s livelihood and social stability. From a demand perspective, the
number of pigs that the Chinese consumed every year had increased from 400 million in 1995 to 700
million in 2014, and then was stable at more than 600 million. All in all, from 2014 to 2018, China’s
annual pork consumption has been basically stable and it can be assumed that the demand for pork has
not changed from an economic point of view. In 2018, the world produced a total of 113 million tons
of pork, of which 55.95 million tons were consumed by the Chinese. In other words, China consumes
nearly half of the world’s pork despite having less than one-fifth of the population. In terms of pork
supply, the farms’ ability to supply pork in China is second to none. Of the 113 million tons of pork in
the world in 2018, the Chinese produced 54.04 million tons, twice that of the entire European Union
and four times that of the United States. In the past few decades, three major pig-raising provinces
in the country (Sichuan, Henan and Guangdong) have developed large-scale pig breeding companies
such as New Hope, Muyuan, and Wen’s [1,2]. In general, from 2014 to 2018, China’s pork supply and
demand regionally balanced. Along with the relationship between supply and demand, the price of live
pigs and pork from 2014 to 2018 remained stable, but it was broke by African swine fever (ASF) in
August 2018.

African swine fever virus (ASFV) was first discovered in Kenya, Africa in 1921 and has a history
of about 100 years. In August 2018, the African swine fever epidemic began to outbreak in China. The
virulent strain of African swine fever virus can cause high fever, loss of appetite, bleeding of internal
organs and skin, and death within 2–10 days, with a mortality rate as high as 100% [4–6]. Due to
the complication of the disease on the animal, all infected pigs should be required to culled. Under
normal circumstances, if the biological control associated with African swine fever is not carried out in
time, African swine fever continues to prevail and can cause a long-term impact on the development of
China’s breading industry. In addition, the way of transmission of African swine fever virus is mainly
through contact with the infected pig, or ingestion of items contaminated with African swine fever
virus which is another reason for harmless disposal of the infected pig [7–9].

According to the epidemic situation and corresponding control measures in China, with the spread
of the African swine fever epidemic, a large number of the infected live pigs and healthy pigs in
the same group were culled, and small farms that did not meet the government standard were forced
to close down, which caused a large reduction in pig stock. Since November 2018, the domestic pork
stock reduced by almost half within six months, and the pork stock that can be supplied to the market is
far from being insufficient. Thus, all these lead to the decimation of the pork market commodity supply
chain. After March 2019, pork price and price of the live pig began to rise, almost rose every day, and
price of piglet soared rises from about 13 yuan/kg to 38 yuan/kg. Although there has occasionally
appeared a downward trend since then, it hovered at 35 yuan/kg. As of January 2021, price of the
live pig still maintained at 34.8 yuan/kg [3]. It is obvious that African swine fever plays an important
role in price rise of the live pig and the pork, which is directly related to safe and stable operation of
the national economy. However, the internal interaction mechanism between African swine fever and
price needs to be further studied quantitatively by applying mathematical methods.
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Mathematical methods to investigate the spread of the epidemic can be divided into dynamics and
statistics. The dynamical method is based on inner transmission mechanism of the epidemic to
establish equations to understand its laws and characteristics. Among them, Nielsen et al. proposed a
SEIR model to study the prevalence of African swine fever in farms [10]. Barongo et al. established a
differential equation model to predict and evaluate the effect of bio-security measures and vaccination
intervention [11, 12]. Lee et al. established a stochastic network model with various farms in Vietnam
and drew a conclusion that besides improving bio-security, culling pigs in infected farms as early as
possible is critical to minimize the spread of ASF epidemic [13]. These works investigated the
effectiveness of various prevention and control measures, but did not consider the price factor. Zhan et
al. applied PVAR model and obtained that African swine fever had most important impact on pork
prices, such influence relationship was lagging [14]. Statistics are based on data to establish models
without considering mechanism. In the study of price of the live pig, Tan et al. used existing live pig
price data to establish statistical models and found that the price and demand of the live pig were
directly affected by African swine fever, while the supply of pigs was indirectly affected from related
data [15, 16]. So, in this paper, based on the data about the pig stock number, the live pig price and
ASF pig cases, we combine the transmission dynamics of ASF and the price factor to establish a new
dynamical model.

Pork commodity is a product with a long production cycle. The farm will determine the output
of the next period according to the current price, and the current pig breeding quantity determines
the next period of pork price conversely. Before establishing dynamical model, we should understand
relationship of pork price and breeding quantity of pigs. Based on the hexagonal spider web model
and combined with the actual situation, we interpreter the relationship as follows (see Figure 1).

Figure 1. Hexagonal Cobweb. Where X axis represents the stock of live pigs and Y axis
represents price of pigs.

(1) Before the outbreak of African swine fever, the total number of live pigs in the country and its
market demand were in a state of balance. The status of the stock of live pigs and prices of pig is at
point U(ST1, PT1).
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(2) With spread of the epidemic, a large number of live pigs were killed, and many small and
medium-sized private pig farms were closed, so the stock of live pigs began to decrease. However,
due to the time period that live pigs are transformed to pork products that is delivered to the market
for sale, the price change lags behind the change in the stock volume. In this way, the status of the
stock of live pigs and the price of live pigs moves from point U(ST1, PT1) to point U(ST2, PT2).

(3) Since the reduced amount of pig herds led to the decline of the volume of pork market supply
in the next period, the market demand for pork products cannot be met and the price of pigs will
increase. At this time, the status of pig stock and pig price moves from point U(ST2, PT2) to point
U(ST3, PT3).

(4) The increase of the pork price will drive farms to increase breeding quantity of pigs. However,
most of them are piglets, which need go through the process of growth and cannot be put on the
market directly, so the price of pigs is still rising. So, point U(ST3, PT3) moves to point U(ST4, PT4).

(5) When it reaches point U(ST4, PT4), the piglets from the previous period have grown into
fattening pigs and can be sold for processing. At this time, the supply of live pigs can meet the market
demand, so the price of pigs will not change. So, the status of the stock of live pigs and the price of
live pigs moves from point U(ST4, PT4) to U(STC, PTH).

(6) When the supply of live pigs reaches market demand, because the price is still at a relatively
high position, farms still increase sows farrowing for profit. However, superabundant stocks will
cause oversupply. In order to sell pork products faster, the price will start to fall. At this time, the
status of the stock of pigs and the price of pig will move from point U(STC, PTH) to point U(ST5,
PT5).

(7) When the price of live pigs begins to fall, the farm will correspondingly reduce the stock of live
pigs to reduce the cost of breeding. At this time, the status of the stock of live pigs and the price of
live pigs moves from point U(ST5, PT5) to point U(ST1, PT1), and supply and demand of pigs finally
reach the balance to make the price be stable.

From Figure 1, it can be seen that the reason to cause this cycle are the lag from sows’ pregnancy
to piglets and lag from piglets to pork products for sale [17–21]. So, in this paper, considering the two
time delays, we introduce a logistic growth function and a price function to establish a novel time
delay dynamical model, and investigate the influence of ASF on the pork price. First, we analyse the
dynamical behavior of the model without delay and with delay. Secondly, the actual data of pigs
stock, pigs price and reported cases during the onset period of ASF are used to verify the rationality of
model and estimate parameter values. Finally, we carry out the sensitivity analysis of the parameters
to assess impact of ASF on the stock and the price of live pigs.

2. Materials

In this paper we take all the live pigs in China as research objects. The stock quantity of live pigs,
pig price and the cumulative number of reported infected pigs with ASF are adopted (see Table 1). The
data in Table 1 are interpreted as follows.

(1) The stock of live pigs is the existing number of all pigs in the farm, including sows, piglets,
and pigs that can be put on the market, which can be obtained from the web of the Iimedia [22]
(data.iimedia.cn) and the Ministry of Rural Agriculture of China (www.moa.gov.cn). The data in the
Iimedia is on the monthly bases, but the data in the Ministry of Rural Agriculture of China is on a
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quarterly basis, so we adopt the former to fit model.

Table 1. Data adopted in this paper.

Time The stock of live pigs The price of live pigs Cumulative number of reported
(Unit: million ) (Unit: China Yuan/kg) infected pigs by ASF (Unit: Individual)

2017.03 41305.41 16.71
2017.04 41466.79 16
2017.05 41010.73 14.63
2017.06 40845.35 13.78
2017.07 40596.74 13.96
2017.08 40407.91 14.42
2017.09 40357.91 14.75
2017.10 40322.69 14.52
2017.11 40356.89 14.47
2017.12 39900.84 15.07
2018.01 41529.58 15.25
2018.02 40668.07 14.06
2018.03 41334.64 11.91
2018.04 41196.72 10.93
2018.05 40452.93 10.57
2018.06 39811.29 11.32
2018.07 39464.27 12.02
2018.08 39340.35 13.6 1277
2018.09 39558.9 13.95 2246
2018.10 39581.39 14.03 5991
2018.11 39353.89 13.99 7143
2018.12 38299.13 13.98 8097
2019.01 36459.77 13.87 15448
2019.02 33493.43 12.68 17849
2019.03 33638.04 14.35 17982
2019.04 32712.57 15 18878
2019.05 31493.42 15 19087
2019.06 29830.47 16 19292
2019.07 27176.34 17.6 19391
2019.08 24431.67 21.85 19506
2019.09 23517.14 26.8 19521
2019.10 23227.07 33.38 19546
2019.11 23743.76 34.89 19704
2019.12 24095.79 33.3 19793
2020.01 19580.44 34.2
2020.02 20128.69 36.6

Continued next page
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Time The stock of live pigs The price of live pigs Cumulative number of reported
(Unit: million ) (Unit: China Yuan/kg) infected pigs by ASF (Unit: Individual)

2020.03 20873.45 35.4
2020.04 21812.76 33.6
2020.05 22663.46 30.2
2020.06 23660.65 32.3
2020.07 24796.36 35.8
2020.08 25961.79 37.1
2020.09 27156.03 36.5
2020.10 28296.59 32.7
2020.11 29513.34 29.7
2020.12 30280.69 33.1
2021.01 29188.69 35.5
2021.02 29101.13 31.8
2021.03 29974.16 28.2
2021.04 23.8
2021.05 19.7
2021.06 15.6
2021.07 15.9

(2) The price of live pigs is the price at which the farm sells live pigs to the slaughterhouse. The data
on the price of live pigs in the Iimedia is consistent with monthly data in the Ministry of Agriculture
of China.

(3) Cumulative number of reported infected pigs by ASF is the cumulative number of African swine
fever cases that comes from the Official Veterinary Bulletin (www.moa.gov.cn/gk/sygb/), which is the
official website that belongs to China’s Ministry of Rural Agriculture.

3. Method

3.1. Basic dynamical model

Denote N(t) to be the total number of live pigs at time t. With the short disease duration of African
swine fever virus, once pigs show related clinical symptoms, they will be culled immediately, which
can be described by classical SI epidemic model. According to the infection status, all pigs at time t
are divided into two categories: S (t) that represents the number of susceptible pigs at time t that are
healthy and may be infected in future, and I(t) that represents the number of infected pigs by ASF at
time t, but have not been found and confirmed. Since the amount of pig breeding is limited by resources
such as China’s grain, breeding area and breeding level, the import term in SI model should adopt a
more reasonable logistic rate, which is given in the model (3.1).

dS
dt

= rS (1 −
S
K

) − βS I − θS ,

dI
dt

= βS I − αI,
(3.1)
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where, K is the maximum breeding amount of pigs that is affordable in China and it is positive, r is the
intrinsic growth rate, β is the infection rate coefficient of the epidemic, α is the clinical outbreak rate
or the confirmed rate of infected pigs, and θ is the conversion rate of live pigs in the breeding farm into
pork products in market and it is also called as sale rate or marketing rate, then θS is the amount of
live pigs that are transformed to pork product and put into the market at time t. All parameters except
K are non-negative constants.

3.2. Model with price function

Assume τ1 is the pregnant time of sow from insemination to birthing. The price of pig at time t−τ1,
denoted by P(t − τ1) , will affect the growth rate at time t, r(t), whose relationship can be described as
follows.

r(t) = bP(t − τ1) − a0, (3.2)

where, b is the scaling factor and a0/b is the price floor. Only the pig price is above a certain price,
farms can continue to breed pigs and r(t) is greater than 0.

Since there is a production process of pigs from breeding to fattening and to final slaughter, and it
leads to the lagging in price changes, that is, P(t+τ2) the price of pigs at time t+τ2 , will be determined
by S (t) breeding stock at time t, whose relationship is established as follows.

P(t + τ2) =
eC
S (t)

− a1. (3.3)

Substituting Eq (3.3) into the model (3.2), we have

r(t) = b[
eC

S (t − τ1 − τ2)
− a1] − a0.

Among them, e is the conversion coefficient of the price. C is the average monthly demand amount in
the pig market. a1 is a adjustment parameter. Substituting Eqs (3.2) and (3.3) into the model (3.1), we
obtain the following model.

dS
dt

= b[
h

S (t − τ)
− a]S (t)(1 −

S (t)
K

) − βS (t)I(t) − θS (t),

dI
dt

= βS (t)I(t) − αI(t),
(3.4)

where, a = a0/b + a1, h = eC and τ = τ1 + τ2.

4. Dynamical analysis

In this section, dynamical behaviors of system (3.4) with delay and without delay are analyzed.
System (3.4) without delay corresponds to the following ordinary differential equations.

dS
dt

= b
( h
S (t)

− a
)
S (t)

(
1 −

S (t)
K

)
− βS (t)I(t) − θS (t) , f1(S , I),

dI
dt

= βS (t)I(t) − αI(t) , f2(S , I).
(4.1)
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4.1. The basic reproductive number

By solving the equilibria of system (4.1), one can obtain that system (4.1) has two disease-free
equilibria E01 = (S 01, 0) and E02 = (S 02, 0) (see Figure 2(a)), where

S 01 =
1

2ab
[(bh + abK + Kθ) −

√
(bh + abK + Kθ)2 − 4ab2hK]

and
S 02 =

1
2ab

[(bh + abK + Kθ) +
√

(bh + abK + Kθ)2 − 4ab2hK].

Obviously, S 02 > S 01 > 0. According to the equation dI
dt = βS (t)I(t) − αI(t) of system (3.4), let

dI
dt |S =S 01 = 0 and eliminate I, one can also obtain the expression of the basic reproductive number

R0 =
βS 01

α
.

R0 > 1 shows that the number of I(t) will increases with time at the initial time, which implies the
infectious disease will outbreak, while R0 < 1 indicates the opposite case [23, 24].

Besides, if the condition b(hKβ2 + aα2) − αβ(abK + Kθ + bh) > 0, that is R̂0 =
b(hKβ2+aα2)

αβ(abK+Kθ+bh) > 1
holds, there exists an endemic equilibrium E∗ = (S ∗, I∗) (see Figure 2(a)), where

S ∗ =
α

β
, I∗ =

1
Kαβ2 (b(hKβ2 + aα2) − αβ(abK + Kθ + bh)) =

(abK + Kθ + bh)
Kβ

(R̂0 − 1).

The following Lemma will give the relationship between R0 and R̂0.

Lemma 4.1. R0 > 1⇒ R̂0 > 1.
Remark 4.1. When K is sufficiently large in model (4.1), namely (1 − S (t)

K ) → 1, then the original
two disease-free equilibria became one equilibrium E0 = (S 0, 0), where S 0 = bh

ab+θ
, and endemic

equilibrium is transformed as E∗ = (S ∗, I∗) (see Figure 2(b)), where

S ∗ =
α

β
, I∗ =

bhβ − α(ab + θ)
αβ

=
ab + θ

β
(R̂0 − 1).

Concurrently, the corresponding the basic reproductive number becomes

R̂0 =
bhβ

α(ab + θ)
, for sufficiently large K.

4.2. Dynamical behaviors of system (4.1)

Theorem 4.1. When R0 < 1, the disease-free equilibrium E01 is locally asymptotically stable.
When R0 > 1, E01 is unstable. In addition, E02 is always unstable.

Proof: The Jacobian matrix of system (4.1) at E01 is

J|E01 =

(
− b

KS 01
(hK − aS 2

01) −βS 01

0 β(S 01 −
α
β
)

)
, (4.2)
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Figure 2. Nullclines of f1(S , I) = 0 (green line) and f2(S , I) = 0 (blue and black lines). (a)
model (4.1); (b) K is sufficiently large, where black points are corresponding to the equilibria.

and it has two eigenvalues:

λ1 = −
b

KS 01
(hK − aS 2

01), λ2 = β(S 01 −
α

β
).

We can obtain hK − aS 2
01 > 0, then λ1 < 0 holds. When R0 < 1, λ2 < 0, which indicates that the

disease-free equilibrium E01 is locally asymptotically stable. Otherwise, E01 becomes unstable.
Similarly, the Jacobian matrix of system (4.1) at E02 is

J|E02 =

(
− b

KS 02
(hK − aS 2

02) −βS 02

0 β(S 02 −
α
β
)

)
, (4.3)

and it has two eigenvalues:

λ1 = −
b

KS 02
(hK − aS 2

02), λ2 = β(S 02 −
α

β
).

Since hK − aS 2
02 < 0, it is obvious that λ1 < 0. Thus E02 is always unstable.

Theorem 4.2. When R0 > 1, the endemic equilibrium E∗ is locally asymptotically stable.
Proof: The Jacobian matrix of system (4.1) at the endemic equilibrium E∗ is

J|E∗ =

(
b11 b12

b21 b22

)
, (4.4)

where

b11 = −
b(hKβ2 − aα2)

αβK
, b12 = −α < 0,

b21 =
(abK + Kθ + bh)

K
(R̂0 − 1) > 0, b22 = 0.
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Then the characteristic equation is given by

λ2 + b1λ + b0 = 0, (4.5)

here, b1 =
b(hKβ2−aα2)

αβK =
bβ(hK−a(S ∗)2)

αK >
b(hK−aS 2

01)
αK > 0, b0 =

α(abK+Kθ+bh)
K (R̂0 − 1). When R0 > 1, R̂0 > 1

holds, then one can obtain that b0 > 0. Based on Routh-Hurwitz criterion, it is obtained that the
endemic equilibrium E∗ is always locally asymptotically stable.

Through the similar theoretical analysis process, one can give dynamical behavior for sufficiently
large K.

Remark 4.2. For sufficiently large K, the disease-free equilibrium E0 is locally asymptotically
stable when R̂0 < 1, but becomes unstable when R̂0 > 1. The endemic equilibrium E∗ is locally
asymptotically stable when R̂0 > 1.

4.3. Dynamic behaviors of system (3.4)

For the convenience of the subsequent theoretical analysis, the disease-free equilibrium E01 and
endemic equilibrium E∗ are unified to mark as E1 = (S 1, I1). By inserting S̄ = S − S 1 and Ī = I − I1

into system (3.4) and linearizing this system, then one can give
dS̄
dt

= c11S̄ (t) + c12S̄ (t − 2τ) + c13 Ī(t),

dĪ
dt

= c21S̄ (t) + c22 Ī(t),
(4.6)

where c11 = b( h
S 1
− a)(1 − 2S 1

K ) − βI1 − θ, c12 = −
bh(K−S 1)

KS 1
, c13 = −βS 1, c21 = βI1, c22 = β(S 1 −

α
β
).

Let S̄ = S 1eλt, Ī = I1eλt, and insert S̄ and Ī into system (4.5). One can further derive the following
characteristic equation:

λ2 − (c11 + c22)λ − c12λe−2λτ + c11c22 − c13c21 + c12c22e−2λτ = 0. (4.7)

Assume that λ = iω(ω > 0) is a root of characteristic equation (4.7), one can get

− ω2 − (c11 + c22)iω − c12iωe−iωτ + c11c22 − c13c21 + c12c22e−iωτ = 0. (4.8)

The real part and the imaginary part of Eq (4.8) are separated as{
−(c11 + c22)ω = c12ωcosωτ + c12c22sinωτ,

−ω2 + c11c22 − c13c21 = c12ωsinωτ − c12c22cosωτ,
(4.9)

from Eq (4.9), we can compute

cos(ωτ) = −
(c11c2

22+c11ω
2−c13c21c22)

c12(c2
22+ω2) ,

sin(ωτ) =
−ω(c13c21+c2

22+ω2)
c12(c2

22+ω2) .

By adding the squares of both sides of the above two Eq (4.9), we can get

ω4 + C1ω
2 + C0 = 0, (4.10)
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where C1 = c2
11 − c2

12 + c2
22 + 2c13c21, C01 = (c11c22 − c12c22 − c13c21), C02 = (c11c22 + c12c22 − c13c21),

C0 = C01C02.
Set Z = ω2, Eq (4.10) can transformed as

Z2 + C1Z + C0 = 0. (4.11)

Note that E02 is always unstable, then we discuss the local stabilities of E01 and E∗ in the following
part.

Case I: When we focus on E01, it is easy to obtain

c11 =
−b(h − aS 01)

K
, c12 =

−bh(k − S 01)
KS 01

, c13 = −βS 01, c21 = 0, c22 = β(S 01 −
α

β
),

and c22 < 0 because of R0 < 1. Then the coefficients of Eq (4.11) are C1 = c2
11 − c2

12 + c2
22,

C01 = (c11 − c12)c22 and C02 = (c11 + c12)c22. Obviously, C02 = (c11 + c12)c22 > 0 because of the
stability of E01 in system (4.1). The following conclusion is given:

Lemma 4.2. If condition (H2) K(ab+θ)
bh > 1 holds, then characteristic equation (4.7) at E01 has a pair

of pure imaginary roots ±iω0, where ω0 =

√
−C1+
√

C2
1−4C0

2 .

Proof: By inserting S 01 into the expression c11 − c12, one can get c11 − c12 = (ab + θ − bh
K ). Since

condition (H2) holds, one can obtain c11 − c12 > 0, then one can further derive C01 < 0. Thus the
expression C0 < 0 is given. According to Weida’s theorem, a quadratic equation (4.11) with one
variable has two real roots:

Z01 =
−C1 +

√
C2

1 − 4C0

2
, Z02 =

−C1 −

√
C2

1 − 4C0

2
,

and Z01 > 0 > Z02. We thus obtain that characteristic equation (4.7) has a pair imaginary roots ±iω0,

where ω0 =
√

Z01, namely, ω0 =

√
−C1+
√

C2
1−4C0

2 .

On the basis of Lemma 4.2, the values of cos and sin functions at ω0 are

cos(ω0τ) = −
c11

c12
, sin(ω0τ) = −

ω0

c12
.

Then we can derive

τ
j
0 =

{ 1
ω0

(arccos(− c11
c12

) + 2 jπ), sin(ω0) ≥ 0,
1
ω0

(2π − arccos(− c11
c12

) + 2 jπ), sin(ω0) < 0, j = 0, 1, 2, · · · .
(4.12)

Lemma 4.3. Define λ(τ) = α(τ)+iω(τ) as a root of characteristic equation (4.7) at τ j
0, and α(τ j

0) = 0,
ω(τ j

0) = ω0 for j = 0, 1, 2, · · · . Assume that condition (H2) K(ab+θ)
bh > 1 holds, then the transversality

condition
Re

(dλ(τ)
dτ

)∣∣∣∣
τ=τ

j
0

> 0.
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is obtained.
Proof: By deriving the two sides of Eq (4.7) with respect to τ, we can get

Re
(
dλ
dτ

∣∣∣∣
τ=τ

j
0

)−1

=Re
{2λ − (c11 + c22) − c12e−λτ + c12τ(λ − c22)e−λτ

−c12λ(λ − c12)e−λτ

∣∣∣∣
τ=τ

j
0

}
=Re

{ (2λ − (c11 + c22))eλτ − c12)
−c12λ(λ − c12)

∣∣∣∣
τ=τ

j
0

−
τ

λ

∣∣∣∣
τ=τ

j
0

}
=Re

{2iω(cos(ωτ) + isin(ωτ)) − (c11 + c22)(cos(ωτ) + isin(ωτ)) − c12)
−c12iω(iω − c12)

∣∣∣∣
τ=τ

j
0

}
=

2ω2
0 + C1

ω2
0 + c2

22

=

√
C2

1 − 4C0

ω2
0 + c2

22

,

obviously, one can get Re
(

dλ
dτ

∣∣∣
τ=τ

j
0

)−1
> 0, then the transversality condition Re

(
dλ
dτ

∣∣∣
τ=τ

j
0

)
> 0 holds.

Through further collation, the expression C2
1 − 4C0 = (c2

11 − c2
12 − c2

22)2 > 0. One can get the
following result.

Lemma 4.4. If condition (H3) K(ab+θ)
bh < 1 holds, then Real parts of all roots of characteristic

equation (4.7) at E01 are negative.
The proof process is similar to Lemma 4.2, We don’t elaborate here. Note that Lemma 4.4 show

that E01 is always locally asymptotically stable for τ ≥ 0.

Theorem 4.3. Suppose that R0 < 1 and (H2) K(ab+θ)
bh > 1 hold, then one can get the following results:

(i) The disease-free equilibrium E01 of system (3.4) is locally asymptotically stable for τ ∈ [0, τ0
0),

and is unstable when τ ∈ (τ0
0,+∞).

(ii) System (3.4) undergoes a Hopf bifurcation at the E01 when τ = τ
j
0 ( j = 0, 1, 2, · · · ).

Remark 4.3. On the basis of similar theoretical analysis, system (3.4) at E0 undergoes same dynamic
behavior when K is sufficiently large.

Case II: When we consider E∗, it is easy to calculate

c11 =
b(aα − βh)

Kβ
, c12 = −

bh(Kβ − α)
Kα

, c13 = −α, c21 =
(abK + Kθ + bh)

K
(R̂0 − 1), c22 = 0.

Then C1 = c2
11 − c2

12 + 2c13c21, C0 = c2
13c2

21 > 0.

Lemma 4.5. If condition (H4) C1 > 0 and C2
1 − 4C0 > 0 holds, then all roots of characteristic

equation (4.7) at E∗ have negative real parts for τ ≥ 0.
Proof: If condition (H4) holds, then Eq (4.11) has two roots:

Z∗1 =
−C1 +

√
C2

1 − 4C0

2
, Z∗2 =

−C1 −

√
C2

1 − 4C0

2
,

and Z∗2 < Z∗1 < 0 based on Weida’s theorem. By combining the stability of E∗ with respect to τ = 0,
then the real parts of all roots of characteristic equation (4.7) at E∗ are negative for τ ≥ 0.
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Lemma 4.5. indicates that E∗ is always locally asymptotically stable for τ ≥ 0.

Lemma 4.6. If condition (H5) C1 < 0 and C2
1 − 4C0 > 0 holds, then characteristic equation (4.7) at

E∗ has two pairs of pure imaginary roots, defined by

ω∗1 =

√
2

2

√
−C1 +

√
C2

1 − 4C0, ω∗2 =

√
2

2

√
−C1 −

√
C2

1 − 4C0.

Proof: When condition (H5) holds, the two roots of Eq (4.11) are

Z∗1 =
−C1 +

√
C2

1 − 4C0

2
, Z∗2 =

−C1 −

√
C2

1 − 4C0

2
,

it is easy to obtain that Z∗1 > Z∗2 > 0. We thus get that ω∗i =
√

Z∗i > 0(i = 1, 2), which indicates that
Eq (4.7) at E∗ has two pairs of pure imaginary roots.

According to Eq (4.9) and Lemma 4.6, we give two critical bifurcation values corresponding to ω∗1
and ω∗2:

τm
∗1 =

1
ω∗1

(
arccos

(
−

c11

c12

)
+ 2mπ

)
, m = 0, 1, 2, · · · ,

τn
∗2 =

1
ω∗2

(
arccos

(
−

c11

c12

)
+ 2nπ

)
, n = 0, 1, 2, · · · .

Lemma 4.7. Assume that the conditions of Lemma 4.6 are satisfied, then τ0
∗1 < τ

0
∗2.

Proof: Denote
F(ω) =

1
ω

(
arccos

(
−

c11

c12

))
,

it is obvious that F(ω) is a monotonically decreasing function with respect to ω. Thus one can obtain
τ0
∗1 < τ

0
∗2 when ω0

∗1 > ω
0
∗2.

Theorem 4.4. On the basis of Lemma 4.6 and Lemma 4.7, then there exist a integer r ≥ 0 such that
(i) when τ ∈ [0, τ0

∗1)
⋃

(τ0
∗2, τ

1
∗1)

⋃
(τ1
∗2, τ

2
∗1)

⋃
· · ·

⋃
(τr−1
∗2 , τ

r
∗1), the endemic equilibrium E∗ is locally

asymptotically stable;
(ii) when τ ∈ (τ0

∗1, τ
0
∗2)

⋃
(τ1
∗1, τ

1
∗2)

⋃
(τ2
∗1, τ

2
∗2)

⋃
· · ·

⋃
(τr−1
∗1 , τ

r−1
∗2 ) and τ > τr

∗1, the endemic equilibrium
E∗ becomes unstable.

Proof: The transversality conditions

Re
(dλ
dτ

)∣∣∣∣
τ=τm

∗1,λ=iω∗1
> 0, Re

(dλ
dτ

)∣∣∣∣
τ=τn

∗2,λ=iω∗2
< 0

are easy to prove, which indicates that a pair of roots of Eq (4.7) cross the imaginary axis at iω∗1 into
the right-plane for each τ = τm

∗1, and a pair of roots cross the imaginary axis at iω∗2 and then return to
left-half plane for each τ = τn

∗2, then system (3.4) experiences stability switches with the increase of τ.
Moreover, we further derive

τm+1
∗1 − τ

m
∗1 =

2π
ω∗1

< τn+1
∗2 − τ

n
∗2 =

2π
ω∗2

,
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due to ω∗1 > ω∗2, which clearly shows that such alternation can’t continue for entire sequences. So
there exists a finite integer r such that

τr−1
∗1 < τr−1

∗2 < τr
∗1 < τ

r+1
∗1 < τr

∗2,

and the multiplicity of roots in right-half plane is at least two when τ > τr
∗1, then E∗ of system (3.4) is

unstable.
Remark 4.4. According to the above dynamic analysis, we can deduce that stability switches occurs

at E∗ for system (3.4) for sufficiently large K.

5. Numerical simulation

5.1. Parameter description

For the parameter values in the system (3.4) shown in Table 2, we give the following explanation.

Table 2. Description of parameters in system (3.4).

Parameters Unit value
b month 0.0027 95%CI: [0.002,0.0034]
e month 201.8030 95%CI: [190.8515,213.025]
C month 5 × 107

τ1 month 6
τ2 month 6
K month 5.4372 × 108

β month 5.1928 × 10−9 95%CI : [4.9923 × 10−9, 5.2409 × 10−9]
θ month 0.052
α month 2
a1 / 10.1148 95%CI: [8.4408,11.8373]
a0 / 0

(1) According to the price function P(t + τ2) = eC
S (t) − a1 and τ2 = 6 , we construct the objective

function

min
∑

t

[P(t + τ2) − P̂(t + τ2)]2,

where P̂(t + τ2) is the actual price of live pigs, P(t + τ2) is the theoretical price. Based on live pig
price from September 2017 to July 2021 and inventory data from March 2017 to January 2021 in Table
1, we apply the least square estimation method to estimate the parameters e and a1. Suppose that the
actual pig price P̂(t + τ2) × 10 has an error that obeys to the Poisson distribution. we carry out random
simulation for 1000 times, and obtain the data fitting result in Figure 3 and the values of e and a1 in
Figure 4 .
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Figure 3. The fitting result of live pig prices from September 2017 to July 2021. Where,
the blue dashed line is the 95% confidence interval of 1000 times theoretical values, the blue
solid line is the mean, and the red dots are the actual price data.
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Figure 4. Histogram of parameters a1 and e.

(2) Since the number of culled infected pigs due to ASF is very small compared to the total number
of breeding, we ignore the number of culled infected pigs, then the total breeding volume satisfies the
Eq (5.1). The number of culled susceptible pigs due to the infected pigs in the same group is implied
in parameters b or θ.

dS
dt

= b
[

eC
S (t − τ)

− a
]

S (t)
(
1 −

S (t)
K

)
− θS (t). (5.1)

We build the objective function
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min
∑

t

[S (t) − Ŝ (t)]2,

where, Ŝ (t) is the actual inventory of pigs in China, and S (t) is the theoretical inventory. Similarly,
according to the inventory data from August 2018 to December 2019 in Table 1, we apply the least
squares estimation method to estimate the parameter b . Assume that the actual stock data Ŝ (t)/106 has
an error with a Poisson distribution. Random simulation is performed 1000 times, and the data fitting
result is shown in Figure 5. The estimated parameter value is shown in Table 2 and its histogram is
given in Figure 6.
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Figure 5. Fitting results of dynamical model (5.1) with the stock of live pigs, where the blue
dashed lines are 95% confidence interval of 1000 times theoretical values, the blue solid line
is the mean, and the red dots are the actual data.

(3) C is the market demand for pork products in the current. Since 2014, the pork market in China
has been very stable. According to statistics, the Chinese consume more than 600 million pigs per
year. Therefore, the monthly consumption of pigs can be taken as 5 × 107.

(4) K is the environmental capacity. Here we refer to the highest peak value of domestic pigs raised
in a single month, 5.4372 × 108.

(5) There are two litters a year for one sow, and each pregnancy period is more than 5 months, so
the value of τ1 is 6 months.

(6) θ can be derived from the ratio of monthly sold pigs to whole stocks. By comparing with the
data, it is found that the ratio of monthly sold pigs to stocks is basically stable, except for months that
Chinese Spring Festival and Mid-Autumn Festival come in. The fluctuation of the ratio is very small,
so here the average value is adopted.

(7) African swine fever causes high fever, loss of appetite, internal organs and skin bleeding. The
mortality rate is as high as 100% and infected pigs will die within half a month. So, α = 1/2.
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(8) β is the infection rate coefficient between susceptible pigs and infected pigs. According to the
model (3.4),

W(t) ,
∑

t

αI(t)

is the theoretical cumulative number of infected and culled pigs, and the actual data is denoted by Ŵ(t).
By establishing an objective function

min
∑

t

[W(t) − Ŵ(t)]2,

we estimate the parameter β by applying the least square estimation. It is assumed that the actual
infection data Ŵ(t)/100 has an error with a Poisson distribution. The parameter estimation result is
shown in Table 2 and its histogram is given in Figure 8. The data fitting results are shown in Figure 7.

5.2. R0

Since protective immunity is not considered in this paper, all existing pigs can be divided into two
categories: susceptible pigs (S) healthy pigs but may be infected with African swine fever in the future;
the infected (I) are already infected with African swine fever but have not been reported and confirmed.
In the initial stage of the disease, the number of infected pigs is small, so it is assumed that all pigs are
susceptible. In this case, a index, the basic reproduction number, can be applied to judge whether the
epidemic can persist with time. According to [15–17], the expression of R0 is given as

R0 =
β

α
S 01.

During the pandemic phase, the effective reproduction number R0(t) =
β

α
S (t) can be used to judge

the real-time development trend of the epidemic. The graph of R0 in term of the pig stock S is given
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Figure 7. Fitting result of cumulative number of infected and culled pigs. Where, the blue
dotted lines are the 95% confidence interval of 1000 times theoretical values. The solid blue
line is the mean. The red asterisks are the actual data.

in Figure 9. As can be seen from Figure 8, in the presence of diseases, the amount of breeding is
positively related to the basic reproductive number. The greater the amount of breeding is, the less
conducive to disease control. When the stock of live pigs is 385 million, the basic reproductive number
R0 = 1. That is to say, with the raising quantity less than 385 million, the disease can be controlled
with time. From August 2018 to the end of 2019, due to the outbreak of African swine fever, a large
number of live pigs were culled, and many small-scale pig farms with smaller scale were forced to shut
down, resulting in a reduction in the number of live pigs. The stock of live pigs at the end of 2019
was only over 220 million, and the corresponding the effective reproductive number R0 = 0.6005. The
currently available data show that by the end of 2020, the number of live pigs will be 300 million, and
the corresponding the basic reproductive number R0 < 1, which means that the epidemic cannot re-
outbreak temporarily. But, it is important to notice that when raising quantity is more than 385 million
as the livestock breeding industry recovers, if the virus is not completely eradicated, the disease may
rebound.

Now, when African swine fever persists with time, we can apply the basic reproduction number R0

to assess the effect of the epidemic on the price of the live pigs. The stock of live pigs and the price of
live pigs interact each other, and in the steady state they satisfy

P∗ =
eC
S ∗
− a1.

Then, we have

S ∗ =
α

β
=

S 01

R0
.

Substituting the above formula into the expression of P∗, we can get

P∗ =
eCR0

S 01
− a1,
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Figure 8. Histogram parameter β.

and the function graph of P∗, the pig price in the steady state, in term of R0 can be given in Figure 10.
It can be seen that the price P∗ will increases linearly with the basic reproductive number. When the
basic reproductive number R0 = 1, the corresponding live pig price is 33.5 yuan/kg. When R0 = 1.5,
the corresponding live pig price can arrive more than 55 yuan/kg.

5.3. Sensitivity analysis

In this subsection, we show the influence of critical parameters on the R0 in Figure 11(a)–(c).
(1) The increasing of b can lead to an increase in the stock of live pigs, which leads to an increase in

R0. When b = 0.0111, R0=1. When b is smaller, variation amplitude of R0 is larger. When b is larger,
with the increase of b, the variation amplitude of R0 becomes smaller.

(2) The infection rate coefficient has a linear relationship with R0. As β increases, R0 also increases.
When β = 8.65 × 10−9, R0 = 1.

(3) The disease elimination rate α and R0 show an inverse relationship. When α = 1.2, R0=1. When
α is small, as α increases, R0 decreases fast. When α is larger, as α increases, the reduction amplitude
of R0 becomes smaller.

Combining with Figure 9 and Figure 10, it is concluded that in order to ensure that the disease can
be effectively controlled when it occurs, it need to manage the stock of live pigs and eliminate the
infected pigs timely.

5.4. Numerical simulations for system (3.4)

The values of parameters in system (3.4) are given in Table 2, then we calculate that system (4.1)
without delay only has two disease-free equilibria E01 = (2.3335 × 108, 0), E02 = (2.3814 × 109, 0)
and the basic reproductive number R0 = 0.6934 based on section 4. We further find that E02 is
unstable, while E01 is locally asymptotically stable, which is independent of the initial value from
Figure 12(a),(b). According to the expression of the critical value τ in (4.12), we obtain τ0

0 = 39.8972.
Figure 12 shows that E01 of system (3.4) shall become unstable, and a family of asymptotically stable
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Figure 11. (a) R0-b; (b)R0-β; (c)R0-α.
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periodic solutions occurs, namely, the number of S (t) oscillates periodically with time. In view of the
magnitude of the oscillation amplitude of I(t) is about 10−7, so we dont show the variation of I(t) here.
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Figure 12. Time series diagram of S and I.

In order to observe the influence of the change of transmission rate β on the dynamic behavior
of system (3.4). Figure 13(a) shows that the relation τ

j
∗1 < τ

j
∗2 always holds with increase of β for

j = 0, 1, 2, while the sequence τ0
∗1 < τ0

∗2 < τ1
∗1 < τ1

∗2 < τ2
∗1 < τ2

∗2 is not always satisfied, which can
be observed that the red solid line (τ1

∗1) is lower than the dark green dashed line (τ0
∗2) when β > β =

4 × 10−8, and the blue solid line (τ2
∗1) gradually approaches to less than the magenta dashed line (τ1

∗2)
with the increase of β, such phenomenon verifies the content of Theorem 4.4. In addition, the basic
reproductive number R0 increases linearly with increase of transmission rate β from Figure 13 (b).
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Figure 13. The variations of τ j
∗i and R0 with β, other parameters satisfy Table 1.

6. Conclusions and discussion

The relationship between supply and demand of live pigs directly affects its price, further affects
people’s daily life. From 2014 to 2018, the amount of the pigs stock always maintained at more than
4 × 108 and the price of live pigs in China was relatively stable. The outbreak of African swine fever
in 2018 caused a huge decrease in the breeding volume and the shortage of pork, which broke the
balance of supply and demand for pork products, and ultimately caused pork prices to rise in 2019.
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Based on the traditional SI epidemic model to describe the spread of the African swine fever, we add
a price function to construct a new time delay dynamical model to explore the relationship between
African swine fever, the number of pigs in stock, and the price of live pigs. It is showed that from
November 2018, the number of live pigs was falling for more than one year. From January 2020, the
number of live pigs begin to increase. In Figure 14, we predict that between September to December
2021, the stock of live pigs will arrive the peak value about 365 million. In this case, combined with
Figure 9, when the stock of live pigs is 365 million, the value of R0 is less than 1, but nears 1. So it
is obtained that there is also the possibility of an outbreak of an African swine fever with the recovery
of pig feeding number. Since the model in this paper does not consider the seasonal demand of live
pigs in the Spring Festival, so the fitting result of model in January 2020 is higher than the actual data.
From Figure 15, it shows that due to a period of time lag τ2, the price of live pigs (red dot) can reach
the minimum value in March to May 2022.
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Figure 14. Prediction of the stock of live pigs .

R0 is the index to judge whether the disease will eventually become epidemic. In Figure 10, we give
the effect of R0 on the price of the live pigs in the steady state under the case that African swine fever
becomes endemic disease. In fact, what we want to know is the real-time effect of the epidemic on
the price of live pigs, which can be assessed by I(t). According to the African Swine Fever Prevention
and Control Law, if there appear one confirmed case of African Swine Fever in a farm, all pigs in the
entire farm must be culled and subjected to biological isolation. Since most of live pig farms in China
in recent years are medium and large farms, the number of raised live pigs generally exceeds 10,000. It
can be obtained that one African swine fever case will lead to reduce the number of susceptible pigs by
10,000. According to the Ministry of Agriculture of China, 19,793 cumulative cases of African swine
fever disease has been reported, which will lead to about 2 × 108 susceptible pigs to be culled. From
Table 1, the number of live pigs before the occurrence of the African swine fever in August 2018 was
393 million, and the number of live pigs in January 2020 was only 196 million, which is also in line
with above assumptions.
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Figure 15. Prediction of the price of live pigs .

Then, we have

P(t + τ2) =
eC
S (t)

− a1 =
eC

S (0) − 10000 × I(t)
− a1. (6.1)

The effect of I(t) on the price at time P(t + τ2) can be see Figure 16, and they are non-linear related.
It shows that when there is 2,000 pigs to be infected, the subsequent price will be about 16.5 yuan/kg. If
the number of the infected arrives 10000, the price will be 23.5 yuan/kg. If the number of the infected
arrives 20,000, the price will be more than 40 yuan/kg.
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Figure 16. I-P, where S (0) = 4 × 108.

From above analysis, it can be seen that the model we establish not only can be used to excavate
inner relationship between the epidemic and the price of live pigs, but also can predict their
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development trend. By fitting history data to confirm the reasonability of model, we can predict the
trend of pig stock and price in the future, and propose macroscopic suggestions on the forecast of pig
market. In addition, the model we establish can be used to simulate similar situations of other animal
infectious disease: After the outbreak of an animal disease, the model can predict the price trend of
the animal product based on the number of animal stocks, the price of the animal product, and the
scale of the disease outbreak (the number of the infected or the positive rate). In this way, the impact
of the epidemic on the economy can be assessed.

This article studies the impact of African swine fever on the price of live pigs and the stock of live
pigs. Regarding the prevention of African swine fever, Benoit et al. studied the trade of live pigs on
the network, and believed that they were more likely to be infected with African swine fever during
the transportation of live pigs [25]. Lisa and Tomasz et al. concluded that wild boar activities have
a great influence on the spread of African swine fever virus [26, 27]. From the above assumptions,
is the African swine fever disease in China caused by the African swine fever virus carried by wild
boar? Breeding farms are mostly built in remote suburbs away from the city center. Can reducing the
number of wild boars around the farms reduce the infection rate of African swine fever? What kind of
bio-epidemic prevention and road supervision should be implemented during the transportation of live
pigs to reduce the exposure rate of live pigs to the African swine fever virus. These are all valuable
tasks that can be investigated in future.
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